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1 Introduction

1.1 Background

The National Marine Fisheries Service (NMFS) has responsibility for administering the US Endangered
Species Act (ESA) for anadromous fish and shared responsibility for managing ocean salmon fisheries.
Because of this dual responsibility, NMFS has a need to evaluate the constraints of ESA considerations on
harvest management, and the impacts of harvest and habitat management on the recovery of depleted
stocks. These evaluations need to be made on a coastwide basis and should be internally consistent and
consistent with models used in other management arenas.

In 1997 NMFS contracted with the University of Washington School of Fisheriesto begin developing a
single broad modeling framework that will assist NMFS in meeting its salmon management
responsibilities. A Model Committee, composed of State, Tribal, and Federal salmon biologists and
modelers, was formed to help develop model specifications, identify research priorities, ensure consistency
with existing models, and certify research models for management use. Initial meetings with the Review
Committee resulted in the following overall objectives for this modeling project:

1. Provide a common framework for both conservation risk assessment and harvest management
analysis,

2. Expand the geographic scope of current harvest models;
3. Link coho and chinook salmon models;

4. Incorporate life cycle (production) models for both speciesto evaluate long-term harvest and
conservation strategies;

5. Allow flexibility to accommodate new methods and model designs;

6. Provide an interface with alarge subset of ocean and freshwater databases maintained by the
Pacific States Marine Fisheries Commission.

Objective six was postponed because it was deemed beyond the scope of this project. During 1999 the
Pacific Salmon Commission contracted with ESSA Technologies Ltd (Vancouver, BC) and UW to develop
several enhancements to its Chinook Model, including an interface to databases.

1.2 CodeFramework Overview

The Coast Model isnot asingle “ modd,” but instead is a code framework that can be configured to
represent many different models depending upon the specific process algorithms and data specified in the
input files. At the present time (December 1999) the Coast Model only contains algorithms used by the
Pacific Salmon Commission (PSC) chinook model. Section 1.5 gives an overview of the PSC chinook
model; Section 2 describesits algorithmsin detail. To configure the Coast Model to represent other salmon
harvest models, such as the Fishery Regulation Analysis Model (FRAM) or the Proportional Migration
(PM) model, new algorithms must be added to the processes. The general ideaisto build up alibrary of
algorithms for each process so the same code framework can be configured to represent awide variety of
models.

A key feature of the code is the clear separation of the fishing mortality and migration processes. All
current salmon harvest models simulate changes in regulations by scaling fishery harvest rates up or down
compared to some base period. Thus, it is difficult to simulate harvest regimes that differ significantly from
the base period, especially in terms of changing the timing and location of individual fisheries. In contrast,
the Coast Model performs three basic functions:
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1. Dividestime and space into any number of timesteps and regions;

2. Createsabiological system composed of any number and types of stocks that suffer natural
mortality, mature, spawn, and migrate discretely through the time/space grid;

3. Superimposes a harvesting process over the biological system.

The Coast Model code framework is flexible because it uses an object-oriented programming language
(C++) that encapsulates algorithms representing model processes (e.g., natural mortality, fishing mortality,
maturation, migration, spawning) and associated data into single code objects. Thus, the new framework
removes the need to require that all stocks use the same algorithms and data types, or the need for
complicated branching code to treat stocks differently (e.g., if Stock A, do it thisway; if Stock B, do it
another way; if Stock C, do it athird way; etc.).

1.3 Specific Code Features

1.3.1 Discrete Time Chronology

The Coast Model is a discrete time model that loops over years and timesteps within each year. The user
can specify any number of years and timesteps. The following processes occur within each timestep (in this
order):

Cohort Ageing
Natural Mortality
Fishing Mortality
Maturation

Spawning
Migration

The above processes were needed to simulate the PSC Chinook Model. Additional processes could be
added as more complicated algorithms are developed. For example, processes to update the physical
characteristics of each geographic region (e.g., average sea surface temperature, average surface current
direction and speed) and/or the biological characteristics (e.g., average abundance of prey species, average
abundance of predator species) could be included at the start of each timestep. All following processes
could have algorithms that use these region characteristics (e.g., natural mortality could depend on sea
surface temperature and predator abundance; migration could depend on surface current direction and
speed).

1.3.2 Cohort Based

The fundamental biological unit in the model is a cohort (i.e., a group of fish having the same biological
characteristics). Cohorts can be defined by species, brood year, sex, growth group, maturation status, mark
status, or tag status. Note the inclusion of maturation status. |mmature and mature fish from the same brood
year have different migration patterns and thus are treated as separate cohorts. As described later, the
Maturation Process creates new mature cohorts.

1.3.3 Processes and Data Controlled by “ Managers’

A “Manager” controls each process within a timestep. Each manager storesindividual process objects and
controls computation flow, but does not dictate specific process algorithms. For example, the
SpawningManager stores a spawning process for each stock in each year and knows at which timestep(s)
and region(s) to activate the processes. When it is time to perform spawning, the SpawningManager loops
through all the stocks, passes the stock its correct spawning process, and directs the stock to implement the
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process. Each spawning process contains all the data and algorithms necessary for a stock to perform
spawning (i.e., generate one or more new cohorts of fish). Thus, some stocks might use a Ricker function,
others might use a Beverton-Holt function, and still others might use a truncated linear function
representing hatchery production.

1.3.4 DataAccessby Generic Array

One of the greatest limitations of conventional model code is the fixed dimensionality of parameters. For
example, a natural mortality rate might be indexed by age; or stock and age; or by stock, age, and location.
Whenever the dimensionality changes, considerable re-coding is required. In the Coast Model, parameters
are dimensioned at run time via“generic arrays.” Thefirst line of each data input file specifies the
dimensionality of the parameter.

1.3.5 DataRequest Manager

Process algorithms often require intermediate variables (e.g., sum of catches by fishery over a base period).
To facilitate computing and storing intermediate variables, the Coast Model uses a Data Request Manager.
At the end of each process, the manager checksto seeif there are any data requests that require some
action. If yes, the data are gathered and stored.

1.3.6 Input/Output Using Existing Tools

The Coast Model uses a“token-based” data input system. Each datafile contains key words, or tokens, that
specify the type of data expected next. When duplicating the PSC chinook model, a utility program

trand ates data from existing files into the token-based format. Output from the Coast Model is formatted
into a single stream of Standardized Data Sentences (e.g., cohort abundance sentence, natural mortality
sentence). Instead of creating formatted reports directly from the program, utility programs must be written
to generate reports from the standard data sentences. Section 4 Output Language describes the output
sentencesin detail.

1.3.7 Multi-Timestep Iteration Capability

An “Iteration Manager” allows the code to:

stop at the end of atimestep to evaluate certain conditions (e.g., the total catch in afishery over
several previous timesteps compared to catch quota);

restart the model at a previous timestep using different values for control variables (e.g.,
fishing effort levels);

repeat the above steps until the condition is satisfied.

1.4 CodelLimitations

At the present time (December 1999), the Coast Model code has the following limitations:

all processes are deterministic (i.e., there is no stochastic capability);
current algorithms are limited to those used in the PSC Chinook Modél;

parameter estimation techniques have not been perfected (especially for the migration process
and region specific harvest rates).
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1.5 Pacific Salmon Commission Chinook M odel

151 General Description of the PSC Chinook Model

The PSC Chinook Model was developed by the PSC Chinook Technical Committee to examine alternative
management approaches to implement the PSC chinook rebuilding program (the next section contains a
brief history of the model). The model is capable of simulating a large number of years, stocks (hatchery
and natural), and fisheries (troll, net, and sport). (See Table 1 and Table 2.) A key feature of the model is
the interaction between stocks through annual catch ceilings imposed upon fisheries that harvest multiple
stocks. As stocks rebuild or decline at different rates over time, relative harvest ratesin ceilinged fisheries
also change. Single stock models cannot simulate this type of interaction.

Simulations are divided into two time periods: (1) a calibration period; and (2) a management simulation,
or projection, period. The calibration period runs from 1979 through the last year for which model
parameters can be estimated (usually one year earlier than the current year). The simulation period runs
from the current year to any future year (usually about 10-15 yearsin the future). The PSC Chinook Model
produces information to help evaluate the effects of changesin brood year survival rates and several
management actions:

pre-recruitment (i.e., age one) survival projections

pre-spawning survival (i.e., inter-dam losses)

enhancement activities

catch ceilings (catch quotas)

harvest rate strategies

size limits.
Production parameters for both hatchery and natural stocks are estimated from historical data. Ocean
survival rates for ages one through five are assumed fixed (at 0.5, 0.6, 0.7, 0.8, and 0.9, respectively) for all
stocks. Survival rates to age one (also called Environmental Variability, or “EV,” scalars) are estimated
during the calibration process. Other parameters are estimated by a technique known as “ cohort analysis’
or “virtual population analysis.” Thistype of analysis involves reconstructing an annual series of
abundance estimates using catch and escapement data and making assumptions about natural and incidental
mortalities. Once each cohort has been reconstructed, the following parameters are estimated:

Cohort size for each age class at the beginning of each year

Age specific harvest rates for each fishery

Maturity schedule for all ages

Estimates of incidental fishing mortalities.

The PSC chinook model is calibrated by finding a suite of stock and year-specific smolt to age one survival
rates (EV scalars) that resultsin model outputs that most closely match user specific terminal run sizes,
escapements, or catches for individual stocks during the base period. The user specifiesthe EV scalars for
the simulation period, often taken to be the average of the base period values. The model results are known
to be sensitive to the selection of the EV scalars for the simulation period.

Management changes are evaluated by changing key parameters, such as future catch ceilings or harvest
rates, and rerunning the model.
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Tablel Fisheriesincluded in PSC Chinook M odel

Number Fisheries Abbreviation
1 AlaskaTroll AlaskaT
2 Northern B.C. Troll North T
3 Central B.C. Troll Centr T
4 West Coast Vancouver Island Troll WCVIT
5 Washington/Oregon Troll WA/ORT
6 Strait of Georgia Troll GeoStT
7 Alaska Net AlaskaN
8 Northern B.C. Net North N
9 Central B.C. Net Centr N
10 West Coast Vancouver Island Net WCVI N
11 Juan de Fuca Net JDeFN
12 North Puget Sound Net PgtNth N
13 South Puget Sound Net PgtSth N
14 Washington Coast Net Wash Cst N
15 Columbia River Net Col RN
16 Johnstone Strait Net John St N
17 Fraser River Net Fraser N
18 Alaska Sport Alaska S
19 North/Central B.C. Sport Nor/Cen S
20 West Coast Vancouver Island Sport WCVI S
21 Washington Ocean Sport Wash Ocn S
22 North Puget Sound Sport PgtNth S
23 South Puget Sound Sport PgtSth S
24 Strait of Georgia Sport Geo St S
25 Columbia River Sport Co RS
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Table?2 Stocksincluded in CRiSP Har vest M odel

Number Stocks Abbreviation
1 Alaska South SE AKS
2 Northern/Central B.C. NTH
3 Fraser River Early FRE
4 Fraser River Late FRL
5 West Coast Vancouver Island Hatchery RBH
6 West Coast Vancouver Island Natural RBT
7 Upper Strait of Georgia GSQ
8 Lower Strait of Georgia Natural GST
9 Lower Strait of Georgia Hatchery GSH
10 Nooksack River Fall NKF
11 Puget Sound Fingerling PSF
12 Puget Sound Natural Fingerling PSN
13 Puget Sound Yearling PSY
14 Nooksack River Spring NKS
15 Skagit River Wild SKG
16 Stillaguamish River Wild STL
17 Snohomish River Wild SNO
18 Washington Coastal Hatchery WCH
19 Columbia River Upriver Brights URB
20 Spring Creek Hatchery SPR
21 Lower Bonneville Hatchery BON
22 Fall Cowlitz River Hatchery CWF
23 Lewis River Wild LRW
24 Willamette River WSH
25 Spring Cowlitz Hatchery CWSs
26 Columbia River Summers SUM
27 Oregon Coastal ORC
28 Washington Coastal Wild WCN
29 Snake River Wild Fall LYF

30 Mid Columbia River Brights MCB

152 - Brief History of the PSC Chinook M odel

During the negotiations which led to the Pacific Salmon Treaty in 1985, efforts to reach agreement on
chinook management focused on strategies which would rebuild depressed natural stocks within an agreed-
upon time period. At the technical level, several microcomputer models were developed to provide a
method of consistently and objectively analyzing alternative options under consideration during the
negotiations.

The computer models were designed to analyze how various combinations of fisheries management actions

would affect rebuilding. Prior to the development of the models, information on the production levels for
natural chinook stocks was often limited to measurements of catch and escapement in or near the
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corresponding river of origin. Direct estimates of a significant component of overall production (i.e.,
harvest levelsin ocean and near-shore mixed stock fisheries) were often not available for the natural stocks
of interest. By integrating chinook life history assumptions with coded-wire-tag (CWT) recovery data, the
models permitted the simulation of ocean and terminal harvest and escapement patterns.

The models simulated the process of rebuilding under hypothetical fishery policies that reduced harvest
rates over time. As spawning escapements of depressed stocks increased to optimum levels, production
increased. By maintaining fishery regimes, such as harvest ceilings, as run sizes progressively increased,
rebuilding accelerated.

The models were initially designed to evaluate alternative fishery management regimes with respect to their
implications for successfully rebuilding depressed chinook stocks by 1998. They progressed from simple
cohort analyses designed to evaluate overall harvest rates and patterns of exploitation for single stocks or
groups of stocks, to a“ Multiple Stock Model” which incorporated multiple fisheries, stocks and brood
years as well as stock- recruitment production functions. Intermediate steps included a ssmple “Forward
Cohort Analysis’ and a*“ Single Stock” multiple brood and fishery model (also including the stock-
recruitment function).

While the “Single Stock” model achieved the goal of providing a set of mutually acceptable rules for
evaluating proposals under consideration when the Pacific Salmon Treaty was being negotiated, it did not
adequately represent results expected when several stocks were involved. Under the single stock approach,
the progressive reductions in harvest rates in fisheries with ceilings resulting from increasing stock size
over the course of the rebuilding cycle are transferred entirely to the single stock in the Model. In redlity,
the harvest rate changes in pre-terminal fisheries would be influenced by the abundance of the aggregate of
stocks available. However, while the abundance of depressed components of the aggregate would be
expected to increase as aresult of increased escapement, the abundance of many components would remain
relatively stable. As aresult, the single stock approach would tend to underestimate the time required for
rebuilding; it would present an overly optimistic picture of the effects of future reductionsin harvest rates
resulting from increased production.

Application of the Model to describe these mechanisms requires the assumption that proportional changes
in total model fishery catch are represented by the actual changesin the real world catch. It aso assumes
that the stock composition in the Model catch reflects the relative contribution of these stocks to the actual
catch (the abundance of unrepresented stocks is assumed to be constant).

If these assumptions are not met, the ceiling or quota mechanism on rebuilding will produce incorrect
rebuilding schedules. The quota or ceiling mechanism will take effect at different harvest levels for each
particular stock depending on the abundance of other stocks in the catch. For example, the rate at which a
particular stock rebuilds may be accelerated by the presence of other stocksin the ceiling fisheries. If these
other stocks respond to management measures at a faster rate, their abundance isincreased and the relative
contribution of the stock of interest to the fishery is reduced. This effect is similar to that resulting from
enhancement where the increased abundance of hatchery fish will “saturate” the fishery under afixed
harvest ceiling and dilute the impact on wild stocks resulting in increased savings of wild fish to
escapement.

More detailed stratification of fisheries was required to respond to a number of policy questions that were
raised over time. The resolution needed for modeling may vary from issue to issue, depending upon the
guestions to be addressed and the availability of necessary data. The final Model used for the Pacific
Salmon Treaty negotiations in 1984 incorporated four stocks and nine fisheries. The Model was modified

in 1987 to enable it to simulate up to 25 fisheries and 26 stocks. In 1993 and 1994 the number of stocks was
increased to 29 and 30, respectively.

By 1987, the effects of incidental mortality losses to the chinook rebuilding program had increasingly

become a matter of concern as management agencies implemented various changes to fishing regulations to
increase benefits under the fishery regimes established through the Pacific Salmon Commission. The
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Model has been modified to more realistically reflect incidental mortality losses and permit the evaluation
of regulations such as non-retention restrictions and size limit changes.

The Model was recoded into Microsoft QuickBasica language beginning in 1986 and was revised in a
number of important ways to better meet needs under implementation of the Pacific Salmon Treaty.

The listing of the Snake River Fall Chinook stock as “endangered” under the US Endangered Species Act
generated interest in harvest management decisions from stakeholders outside the normal harvest
management “family.” In 1993 the University of Washington School of Fisheries, with funding from the
Bonneville Power Administration, began creating a user-friendly version of the PSC Chinook Model. The
goa wasto create atool that both scientists and the general public could use to explore the effects of
various harvest management regulations on chinook stock rebuilding.

The new user-friendly model, called CRiSP Harvest, was initially created in C++ under the UNIX
operating system and was completed in 1995. In 1996 a PC version was devel oped to make the model more
accessible to the general public. At the April 1996 Sustainable Fisheries Conference held in Victoria,
British Columbia, Canada a new modeling approach was presented in which the harvest and migration
processes were separated by using a State Space Model (Newman 1998). Discussions at that conference
lead to the project to develop the Coast Model.
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2 Coast Model Processes

2.1 Computation Flow

The text of Chapter 2 which follows discusses a number of Coast Model objects. The actual names of the
objects as they appear in the source code are reflected here in bold type, asin I terationM anager or
FisheryQuotaPolicy. Asagenera rule the name of the object (or class) is the same as the base portion of
both the .cpp file and .h file containing the code which implements that class, asin
“IterationManager.cpp” . The text below references actual methods from the Coast Model in bold type
followed by parenthesis, asin maxAge() (from the Stock class). See Section 5.2 for more information
about the Coast Model source code naming conventions.

2.1.1 Overview

The Coast Model is a discrete time model that loops over years and timesteps within each year (see Section
5.6.2 for a description of main computation engine). Any number of years and timesteps can be specified
by the user, but each year has the same number of timesteps. Any number of regions can be specified, but
the number of regions must be the same in all years and timesteps. The following code segment from the
“config.data” input file illustrates how time and space are controlled by the user.

# Configuration data for the NMFS Coast Model .

Configuration

Start Year 1979
EndYear 1999
Ti meSt eps 4
Regi ons 4

The following processes occur within each timestep (in this order):

Cohort Ageing

Natural Mortality

Fishing Mortality

Maturation

Spawning

Migration
Process algorithms loop over regions, stocks, ages, and fisheries, but not always in that order. Some process
algorithms, such as fishing mortalities, may span multiple timesteps and require some iteration (i.e., making
computations over the same timesteps multiple times with different values for some control variables). For
example, prototype 10 in Appendix Section B.3.3 has three fisheries that have catch quotas over different
time steps. An IterationM anager is activated at the beginning and end of each timestep to control

computation flow during iteration routines. See Section 5.5.2.5.2 (IterationContral), Section 5.5.2.5.3
(IterationM anager), and Section 5.6.2 (The Engine) for more details.

2.1.2 PSC Chinook Model Implementation

Life cycle computations in the PSC chinook model are performed on an annual basis. There are no
timesteps within years. The sequence of computations reverses the procedures employed in the cohort
analysis used to generate the stock-specific input data. The annual computational sequence is outlined
below:
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Population ageing

Natural ocean mortality

Preterminal (ocean) fishing mortality

Maturation

Terminal (nearshore and river) fishing mortality

Pre-spawning mortality (inter-dam losses) for some stocks

Production of progeny in the next year.
A modified version of the PSC chinook model (CRiSP Harvest) divided the terminal fishing mortality
phase into separate nearshore and river harvest periods, thus giving three harvesting periods. Thus, within
each timestep the PSC chinook model and its derivative have two instances of natural mortality (ocean and

pre-spawning) and three instances of fishing mortality, whereas the Coast Model only has one natural
mortality and fishing process per timestep.

The maturation process effectively creates a new mature cohort from each stock/age cohort, called the
“Terminal Run.” There is no specific migration algorithm in the PSC chinook model. Instead, thereis an
implied migration of mature fish from the ocean to the spawning region, because the terminal fishing
mortality, pre-spawning mortality, and production processes only affect the terminal runs.

To cast the PSC chinook model in the Coast Model framework we used four timesteps and four regions
(ocean, nearshore, river, and spawning). The table below shows which processes were activated in each of
the four timesteps (indicated by an X).

Coast Process T1 T2 T3 T4
Ageing X

Natural Mortality X X (IDLs)
Fishing Mortality X (ocean) X (nearshore) X (river)

Maturation X

Spawning X
Migration X X X X

Migration is the only process activated in all timesteps and is used to move mature fish from the ocean to
the nearshore, river, and spawning regions (see Section 2.7.2 for more details).

2.1.3 FutureProcesses

During the design stage for the Coast Model we envisioned three additional processes. The first would
update the physical environment of each region (e.g., sea surface temperature, surface currents); the second
would update the non-salmonid biological environment of each region (e.g., prey abundance, predator
abundance). These two processes would be the first to occur within each timestep. These regional
environmental parameters would then be available for other processes. The third additional process would
be a growth process to update the average length of fish within a cohort. This process would occur after
ageing and before natural mortality.
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2.2 Cohort Ageing

2.2.1 Overview

Each cohort maintains an Age property (see Section 5.5.2.1 for more details about Cohort objects). Cohort
agein yearsis defined to be the current year minus the brood year (i.e., the year in which spawning
occurred). The* config.data” filelists al cohorts needed to seed the model (sample code below). New
cohorts created by the spawning process are assigned age 0 (see Section 5.5.3.2.2 for more details about
generating new Cohort objects). The ageing process occurs first during each timestep, and is currently
activated only during the first timestep of each year.

It is not necessary that each cohort have the same number of age classes. In fact, each Stock has three
additional age-related properties. maxAge(), FirstHarvestAge, and AdultAge.

2.2.2 PSC Chinook Model Implementation

In the PSC chinook model configuration of the Coast Model spring stocks have six age classes, whereas
fall stocks have five age classes (see Appendix Section C.2 for a complete discussion about spring and fall
stock ageing in the PSC chinook model). Here is a sample from the “config.data” file for simulating the
9812 version of the PSC chinook model:

# Stock nanes and abbreviations.

St ockNane "Al aska South SE'
St ockNunber 1
St ockAbbr evi ati on AKS
Run Spri ng
Producti onType Wild
MaxAge 6
Fi r st Har vest Age 3
Adul t Age 4
end Stock
St ockName "Fraser Early"
St ockNunber 3
St ockAbbr evi ati on FRE
Run Fal |
Producti onType Wild
MaxAge 5
Fi r st Har vest Age 2
Adul t Age 3
end Stock

Below is an example from the Val98.coh input file that initializes cohorts for the 9812 version of the PSC
chinook model (see Section 3.10 for further code input language details). Each record lists the brood year,
starting abundance, and the region in which to place the abundance. In this case, all abundances are placed
in the ocean region (1). Note that six cohorts are initialized for spring stocks and five for fall stocks.

# Initial cohorts by stock and brood year.
# Brood year, initial abundance, initial region.

Cohorts
Stock "Alaska South SE'" # Initial cohorts for stock nunber: 1
Cohort 1973 3345.02050867604 1
end Cohort
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Cohort 1974 20295.0016210456 1
end Cohort
Cohort 1975 44085. 8599317261 1
end Cohort
Cohort 1976 99300. 8052578326 1
end Cohort
Cohort 1977 296962.592912911 1
end Cohort
Cohort 1978 379046.727021314 1
end Cohort
end Stock

Stock "Fraser Early" # Initial cohorts for stock number: 3
Cohort 1974 31588.8350783806 1
end Cohort
Cohort 1975 152651. 339455101 1
end Cohort
Cohort 1976 205339. 159233051 1
end Cohort
Cohort 1977 324139.988558743 1
end Cohort
Cohort 1978 697510. 038476283 1
end Cohort

end Stock

2.2.3 Future Ageing Processes
Future versions of the Coast Model could maintain age at higher resolution (e.g., 4.3 years) by having

ageing algorithms that update age at every timestep. Higher resolution ages may then be used for other
processes (e.g., harvest algorithm that require fish size as afunction of age).

2.3 Natural Mortality

231 Overview
The Coast Model has only one natural mortality process:
NatMort = N >r

where N = the cohort abundance at the start of the natural mortality processand r is the natural mortality
rate. Thisisdefined inthe Coast Mode codein NaturalM ortalityM anager ::takeNaturalMortality().

2.3.2 PSC Chinook Model Implementation

The PSC chinook model has two types of natural mortality:

Natural mortality for all stocksin the ocean
Natural mortality for stocks migrating up the Columbia and Snake Rivers

Natural mortality in the ocean is age specific and occurs only during the first timestep. Hereis a code
segment from the Val98.nat input datafile. Note that age 1 cohorts from spring stocks do not suffer any
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natural mortality whilein the river. The basic idea of this model isthat all stocks suffer the same natural
ocean mortality based on their “ocean age” (i.e., number of years spent in the ocean).

Nat Mort Rat eDat a St ockXyear XageXt i meXr egi on

TimeStep 1
Region 1
Stock 1 # Alaska South SE // Run type = Spring
Age 1 Natural Mortality 0.0
Age 2 Natural Mortality 0.5
Age 3 Natural Mortality 0.4
Age 4 Natural Mortality 0.3
Age 5 Natural Mortality 0.2
Age 6 Natural Mortality 0.1
end Stock
Stock 3 # Fraser Early // Run type = Fall
Age 1 Natural Mortality 0.5
Age 2 Natural Mortality 0.4
Age 3 Natural Mortality 0.3
Age 4 Natural Mortality 0.2
0.1

Age 5 Natural Mortality
end Stock

Three stocks suffer mortality while migrating up the Columbia and Snake Rivers. The mortality rates are
stock, year, and age specific. The PSC chinook model refers to these mortalities as “Inter-Dam Losses’ or
IDLs. These are ssimulated in the Coast Model by assigning natural mortalitiesin the last timestep (4) and
region (4). Below is a code segment from the Val98.nat input data file assigning mortalities to the upriver
bright (URB) stock.

TimeStep 4
Regi on 4
Stock URB # Fall stock.
Age 1 Natural Mortality 0.0
Ages 2:5

Year 1979 Natural Mortality 0.0774
Year 1980 Natural Mortality 0.4479
Year 1981 Natural Mortality 0.5152
Year 1982 Natural Mortality 0.4627
Year 1983 Natural Mortality 0.1098
Year 1984 Natural Mortality 0.0352

..etc

2.3.3 FutureNatural Mortality Processes

The current framework allows natural mortalities to be stock, age, year, timestep, and region specific.
While this allows considerable flexibility in assigning natural mortalities, future users may wish to use
more complicated algorithms. For example, the natural mortality rate could be a function of predator and/or
prey abundance within aregion, or it might depend on river temperatures and flow. The code framework

23



can be modified to accommodate these more complicated algorithm by defining new natural mortality
methods.

The current Coast Model framework does not support using instantaneous total mortality rates (i.e., natural
plus fishing). See Appendix Section C.3 for a discussion of how natural and fishing mortality rates can be
combined into a single “ mortality process.”

2.4 Fishing Mortality

241 Overview

Computing fishing mortalities is the most complex portion of the Coast Model (see Section 5.5.3.1 for
complete details). Our goal wasto create a flexible code framework that would allow scientists and
model ers to add new algorithms with a minimum of coding effort. The specific algorithms currently
supported in the Coast Model are based on those from the PSC chinook model. The actions taken during
the harvest process are the following:

1. Generate temporary data storage for the harvest mortality data. (Thisresultsin the creation of
FisheryUnit and HvMort objects.)

Instruct the PolicyContr olM anager to perform preHarvestM anagement().

w N

For each Fishery:
Compute legal catches.
Compute shaker incidental mortality.
Compute CNR incidental mortality.
4. Instruct the PolicyControlManager to perform postHar vestM anagement().
5. Update all cohort abundances by applying the computed harvest mortalities from each Fishery.

Note that the organization of the harvest process presumes that within a timestep harvests for individual
fisheries may be computed independently. It also presumes that legal catches and incidental mortalities
within the same fishery/region/timestep can be computed independently. The only way to achieve
interactive effects across fisheries is by using the Iteration feature of the model (see Section 5.5.2.5).
Similarly, it isfurther assumed that harvest in a specific fishery and region (in a particular timestep) may be
computed independently from other fisheries and/or regions. It is possible that this last requirement may be
loosened at some point in the future, but for the moment the code structure adopts this as an invariant.

The discrete nature of the Coast Model harvest process may be a significant limitation. Appendix Section
C.3 provides a detailed discussion of the harvest process limitations in the Coast Model and discusses
possible code changes to remove these limitations. With a moderate amount of re-coding the Coast Model
harvest process could be expanded to use instantaneous mortality rate equations which would allow full
interaction between fisheries operating within the same region and timestep. This would require combining
the natural mortality and fishing mortality processes into a single mortality process.

24.2 Legal Catches

24.21 SingleCohort
In the Coast Model, the Har vestPr ocess object contains the information necessary to compute catches by a

single fishery of legal sized fish from a cohort within a given year, timestep, and region. Only one
algorithm is currently supported, as follows:
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LegalCatch = N > PV >HR: FP > EffortScalar

where N isthe regional cohort abundance (at the start of the fishing mortality process), PV isthe proportion
of the regional abundance that is vulnerable to the gear (e.g., dueto size limits), HRis the “base period”
harvest rate, FP isa“fishery policy” input scalar to adjust the base period harvest rate for the current year,
timestep, and region, and EffortScalar is an additional policy control variable that can be adjusted during
iteration routines. PVs, HRs, and FPs are defined via separate input data files and can have aimost any
dimensionality using the generic array data storage system. Thus, this simple linear harvest equation
combined with flexible parameter dimensionality provides an extremely robust tool for computing legal
catches. Thisequationisactually in the Linear Har vestProcess.:computeCatch() method, which
(contrary to the usual naming convention) isfound in file “ HarvestProcess.cpp”.

2.4.2.2 Multiple Cohorts (Safe-Guarded Secant Algorithm)

Some harvest policies require that the catch of all cohorts within a single year, timestep, and fishery are
equal to a given number. If the single cohort algorithm described above is used for all Har vestPr ocesses,
then the EffortScalars for each process can al be adjusted by the same amount such that the total catch of
all cohorts equals the desired amount. The catch ceiling algorithm of the PSC chinook model operatesin
this fashion. If any Har vestProcesses are non-linear, then this methodology will not work.

The safe-guarded secant algorithm solves for the effort level in afishery during a given timestep and region
such that the total catch in that fishery hits a specific catch quota (ceiling), regardless of the types of
equations used to compute the cohort specific catches. One nice feature of this algorithm is that when all
the catch equations are linear (as is the case for the PSC Chinook Model), then the safe-guarded secant
method solvesin asingleiteration, just as the PSC Chinook Model algorithm does. The following brief
description of the safe-guarded secant algorithm is from Jan 19, 1999 minutes.

Since each Har vestProcess object can have a different type of algorithm to compute legal catch at the
cohort level, a FisheryPolicy object that has a catch quota objective requires a general algorithm that will
adjust the effort level in afishery to meet the quota. Mathematically, we have the following problem:

Find E such that
C=FKE) =K
where

C =total catchin afishery;

E =relativeeffort level in the fishery;
K = desired catch quota;

F(E) = unknown function.

The unknown function F(E) is the sum of all the unknown Har vestProcess functions for each cohort. The
problem can be restated as follows:

Find E such that
G(E)=FE)-K=0.

The code used in the Coast Model is similar to the secant method used in Function RTSEC in Numerical
Recipes. For further algorithm details see the code and comments in the Coast Model. The
MultiCeilinglterationConr ol class implements this functionality. Also see section 5.5.2.5 for a
description of the code implementing the harvest iteration system.
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2.4.3 Incidental Mortalities

Virtually al “real world” fishing processes kill more fish than are landed legally. Some fish encounter the
fishing gear and suffer mortality, but are never brought on board the vessel. For example, in salmon
fisheries some fish hooked by commercial troll and sport fishermen or gilled by net fishermen escape the
gear beforeit isretrieved. A portion of these fish may die from their encounter with the gear. These types
of mortalities are referred to as “drop off” mortalities. Since these fish are never even seen by scientific
observers on board the vessel, drop off mortalities are difficult to study and estimate.

Fish brought on board the vessel but not landed are generally referred to as “bycatch.” For example, many
fisheries have size limits. Any captured fish whose length is below the size limit must be released. In
salmon hook and line fisheries, these undersized fish are referred to as “shakers’ because they are “shaken”
off the gear. Some of the shakers survive, but others die due to the stress of being captured and released.
The shaker mortality rate (i.e., the fraction of shakersthat di€) is gear dependent. Troll and sport gears
cause relatively low shaker mortality, since the fish are captured individually and in many cases can be
released without serious injury. Net fisheries cause higher shaker mortalities, because the capture processis
more stressful.

Another type of salmon bycatch occurswhenitisillegal to keep some species of salmon. For example, it
may be legal to keep all species of salmon except chinook. Incidental mortalities caused by releasing
prohibited species are called “non-retention” mortalities. Note that non-retention mortalities include both
legal and sub-legal sized fish. The Coast Model supports several PSC chinook model algorithms for
computing “chinook non-retention,” or “CNR,” mortdlities.

In the Coast Model the HarvestM anager maintains a generic array of Shaker and CNR objects. Each of
these objects contains all the data and algorithms for computing incidental mortalities and is specified by
the user viathe *.shk and *.cnr input files. If the user does not want the model to compute incidental
mortalities, these two files can be omitted. The following sections briefly describe the algorithms.

2431 Shakers

As noted above, the legal catches are computed first and stored by fishery, stock, and age during each
timestep and region. Legal catches are computed for each fishery independently. Thus, during one loop
through the fisheries, the catches of one fishery in atimestep and region are not affected by catches of other
fisheries operating in that same timestep and region.

Shakers must be computed before the CNRs. In the 1995 version of PSC chinook model the only mortality
rate parameter required was a“ ShakerMortRate” that was gear specific (Troll = 0.30; Net = 0.90; Sport =
0.30). In the 1998 version there are three fishery specific incidental mortality rates:

Sublegal Shaker MortRate;
Legal ShakerMortRate;
DropOffRate.
Shakers are fish that are killed incidentally while harvesting legal size fish. These include “ DropOffs’

(sublegal and legal size fish that drop off the gear before being brought to the boat) and “Releases”
(sublegal size fish that are brought to the boat, but are released because they are below the legal size limit).

The PSC Chinook Model shaker algorithm was difficult to implement in the Coast Model becauseit relied
upon a subjective concept (preterminal vs terminal; ocean net fishery) of which stocks were considered
vulnerable to each fishery during atimestep. The new Coast Model shaker algorithm resolves this dilemma
by including a“vulnerability” table in each Shaker object for which not all stocks are vulnerable. Since
shakers are computed for each fishery independently, each fishery/region/timestep has a Shaker object.
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Appendix Section C.3.2 contains a detailed discussion (including examples) of the shaker algorithm and
how vulnerability tables are created for various situations in the PSC chinook model. The following
sections describe how shaker mortalities are computed for the stocks that are considered vulnerable to a
fishery. Thus, keep in mind that all references to stocksin the following equations refer only to stocks that
are vulnerable to the referenced fishery.

The shaker equations shown below are implemented in the classes derived from the base Shaker class.

PSCShaker contains most of the code while other subclasses contain further specializations. See Section
5.5.3.1.6.1 for alist of the various Shaker subclasses.

24.3.1.1 Computethe" StockWts’

The relative contribution of each stock in each fishery (called the “stock weight”) is computed by:

FP, ><E°i Catch, ,

Sk t =9 )
WOt a FP,, a Catch,,

Note that the numerator is the catch of stock s by fishery f and denominator is the total catch by fishery f.
Note also that if all catches by fishery f are multiplied by a common scaling factor, the stock weight termis
unchanged.

24.3.1.2 Computethe“TotalPNV” and “ TotalPV”

These variables represent the total number of sublegal and legal fish recruited to the gear in fishery f.

TotPNV, =8 & N,, xPNV, , xSkt ,
TotPV, =& & N, xPV, , x3kWat. ,

24.3.1.3 Computethe"“EncounterRate’

The encounter rate for each fishery is computed by

TOtPNV,

S Y,
f

24.3.1.4 Computethe“FracNV”

SkWgt, , >N, > PNV,
TOtPNV,

FracNVs’a’f =

24.3.15 Compute"“ TotalShakers’
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Total shakersin fishery f isthe product of the total catch by fishery f times the encounter rate times the
shaker mortality rate. Note that if all the catchesin a given fishery are multiplied by a common scaling
factor, total shakersisalso multiplied by that factor.

TotShak, = ShakMortRte, xEncRte, xa FP, xQ Catch, ,
f a

where

ShakMortRte, = SublegalShakMortRte,; + DropOffRate,

24.3.1.6 Distribute”TotalShakers’ by stock and age using the FracNVs

Total shakers are distributed by stock and age to get sublegal shakers. These sublegal shakers are stored
separately (from the legal drop offs) for possible use in subsequent CNR computations.

SublegalShak, , = TotShak > FracNF,

f,sa
Legal DropOffs are added to the sublegal shakersto get total shakers:

TotShak, ., = SublegalShak, ., + LegalDropOffs; .,

f,sa f.sa

where

LegalDropOffs; ., = LegalCatch, ., > DropOffRate,

f,sa

Since the Legal ShakerMortRate parameter is not used to calcul ate shakers, the Coast model does not
include that parameter with the input specifications for shakers.

[Programming Note: The PSC chinook model QuickBasic code computes the encounter rate and the
FracNVsin Sub CalcEncRte (this sub appears to be identical in CTC95, CTC98, and CTC99). Sub
CalcShaker iscalled at the end of Sub CalcEncRte to compute the total shakers and distribute them
among the cohorts. Sub CalcShaker also computes the CNR mortalities.]

2.4.3.2 Chinook Non-Retention Mortalities

Chinook Non-Retention (CNR) mortalities are sublegal and legal size fish killed in fisheries targeting on
other salmon species. In CTC98 the computation of these mortalities proceeds in three steps:

Compute CNR ratios (e.g., legal CNR mortsto legal catch);

Compute CNR mortalities without considering multiple encounters (e.g., apply CNR ratio to
legal catch);

Adjust CNR mortalities for multiple encounters (e.g., multiply CNR morts by a multiple
encounter adjustment scalar).

24.3.21 Computetheratiosrelating legal CNR mortalitiesto thelegal catch and sublegal CNR
mortalitiesto the shakers.

Thisisthe sameideaasin CTC95; the only difference is the mortality rate used. Three methods can be
used to compute these ratios. The naming of the methods shown below reflects the naming of the
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subclasses deriving from CNR which implement each of the equations. See also Section 5.5.3.1.6.2 for a
full list of the CNR subclasses.

CNR_HarvestRatio Method

If the current year relative effort level is between zero and one (i.e., 0 < RelHR < 1), then compute the
ratios as follows:

CNRSublegal Rati CNRSublegal Sef - RERR
= %
egalRatio, egalSal f
1- RelHR;

CNRLegalRatio, = CNRLegalSel, xLegal CNRMortRate, XReIT
f

where
Legal CNRMortRate; = Legal ShakerMortRate, + DropOffRate,

CNR_SeasonL ength Method

This method is similar to the ratio method, except the relative effort level is determined by the season
lengths. Note that the DropOffRate is not used in this method.

CNRSeasonLength,
Legal SeasonLength,

CNRSublegalRatio; = CNRSublegal Sel

CNRSeasonLength,
Legal SeasonLength;,

CNRLegalRatio, = CNRLegalSel; xLegal ShakerMortRate;

Possible QB Program Bug. Thereis an inconsistency in the 1998 QuickBasic code that needs to be
resolved. The inconsistency isin the 1999 code as well. For fisheries that do not have incidental mortality
rate changes, the above formula for cal culating the CNRLegal Ratio uses only the Legal ShakerMortRate.
On the other hand, fisheries that do have incidental mortality rate changes use the sum of the

Legal Shaker MortRate and the DropOffRate. Adding the DropOffRate would be consistent with the
HarvestRatio method. The QuickBasic code is below, with the important linesin bold:

CASE 0 "....RT
IFRT >0 ANDRT < 1

TpR = (1 - RT) /

Tnp4 = CNRSel ect (0, CNRI ndx% * TnpR B
R CNRSel ect is the selectivity factors

"conmpute |legal | M- dropoff and check for changes 2/9/98
TnpSM = Shaker Mort Rt e(Fi sh% 2) + ShakerMrtRte(Fish% 3)

FOR | Check% = 1 TO Numl MChange%
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Test Fi sh% = | MChange! (I Check% 1)

Test Yr % = | MChange! (1 Check% 2)

| F TestFish% = Fi sh% AND Yr% >= TestYr% - 79 THEN
TmpSM = | MChange! (| Check% 4) + | MChange! (| Check% 5)

END I F

NEXT | Check%

Tp5 = CNRSel ect (1, CNRIndx% * TnmpSM * TnpR oL Legal s
END I F
CASE 1 '....Season Length
Trp6 = CNRData(Yr% CNRIndx% 1) / CNRData(Yr% OCNRIndx% 0) ‘'..... CNR/ Regul ar
Season
Tnp4 = CNRSel ect (0, CNRI ndx% * Tnp6 .. SubLegal

TnpSM = Shaker Mort Rt e(Fi sh% 2)

[?? TnpSM = ShakerMort Rt e(Fi sh% 2) + ShakerMrtRte(Fish% 3) ??]

B Now check for changes in IMrates and substitute if needed 2/9/98
FOR | Check% = 1 TO Num MChange%
Test Fi sh% = | MChange! (I Check% 1)
Test Yr % = | MChange! (| Check% 2)
I F TestFish% = Fi sh% AND Yr% >= TestYr% - 79 THEN
TnpSM = | MChange! (1 Check% 4) + | MChange! (I Check% 5)
END | F

NEXT | Check%

Thus, it appears that the equation above should be:

CNRSeasonLength,

CNRLegalRatio, = CNRLegalSel; xLegal CNRMortRate, Legal SeasonLength
f
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where
Legal CNRMortRate; = Legal ShakerMortRate, + DropOffRate,

CNR_ReportedEncounter Method

This method uses reported encounters to determine the relative effort levels.

1 RptSublegal Encounters,
EncRate, " RotLegal Catch,

CNRQublegalRatio; = CNRMortRate, x

[Programming Note: The QuickBasic code does not use 1/EncRate. Instead it effectively back-cal culates
the encounter rate from Total Catch and Sublegal Shakers (before DropOffs are added).]

RptLegal Encounters;
RptLegal Catch;,

CNRLegalRatio, = CNRMortRate,

where

CNRMortRate, = Sublegal ShakerMortRate, + DropOffRate,

[Question: Should the CNRMortRate be the same for both the sublegals and legals? Seems like the rate use
for the legal CNRs should be the sum of the Legal ShakerMortRate plus the DropOffRate.]

2.4.3.2.2 Computelegal and sublegal CNR mortalities without considering multiple encounters

Note that for the sublegals, the ratio is applied only to the sublegal shakers, not the sublegal shakers plus
the drop offs.

Sublegal CNRMorts; ., = CNRSublegalRatio, > Sublegal Shakers;

Legal CNRMorts; ., = CNRLegalRatio, > LegalCatch

f,sa
If the Reported Encounter method was used in Step 1, then no further adjustments are necessary and the

CNR computations are finished. The CNR_Har vestRatioM ultipleEncounter and
CNR_SeasonL engthM ultipleEncounter methods require an adjustment for multiple encounters.

24.3.2.3 Adjust CNR mortalitiesfor multiple encounters
If appropriate, adjust the CNR mortalities by computing a CNRScalar adjustment factor (“appropriateness’

is explained later). All methods start by computing the number of potential encounter periods during the
base period, as follows:
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BasePeriodSeason;,
Recapturelnterval

BaseEncounterPeriods, =

[Programming Note: We can compute this with the utility and passit in as data from the cnr file.]

The following computations are done for each cohort (i.e., fishery, stock, age).

CNR_HarvestRatioM ultiple Encounter Method

This method is applied only if two conditions are satisfied. First, the base period exploitation rate for this
cohort must be greater than zero (i.e., this cohort must be harvested by this fishery). Second, the scalar used
to adjust the cohort specific catches by this fishery to meet its ceiling (RelHR) is between zero and one
(i.e., the CNR season must have increased relative to the base period).

First, convert the discrete-time base period exploitation rate to an instantaneous rate (scaled to the number
of base period encounter periods).

_ - In(1- BaseHR; ,)
fsa BaseEncounter Peri0de

InstBaseHR

This base period instantaneous rate is then adjusted to reflect the new amount of effort or season length.
Thisfactor is then used to compute the scalar. The adjustment factor is computed by

Adjust = (1- RelHR, ) > BaseEncounterPeriods;

A new temporary instantaneous rate is given by

TempRate = Adjust > InstBaseHR

f,sa

Use thistemporary rate is used to back-calculate a new discrete exploitation rate:

- TempRate

ER, ., =1-¢€

f.,sa
If thisvalueis> 1, the sublegal and legal CNR scalars are both given by:

ERf ,s,a
x1- ReHR,)

CNRScalar, , = BasoHR

f,sa

The sublegal and legal CNR mortalities computed in step 2 are multiplied by this scalar value to get the
final CNR mortalities.

CNR_SeasonL engthMultipleEncounter Method

Computations are slightly different for sublegal and legal size fish. Both methods use an adjustment factor
to reflect changes in season length.
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CNRSeasonLength,

Adjust = CNRSeasonLength, + Legal SeasonLength,

Note that Adjust is always less than zero.
Sublegal Computations

An adjusted base harvest rate is computed by

AdjBaseHR; ., = Adjust>BaseHR, ., *Sublegal Sal

f,sa f,sa
If this adjusted base harvest rate is zero, then the sublegal scalar is set to zero. If it is greater than zero, a
new instantaneous rate is computed as

TempRate = - In(1- AdjBaseHR; ., ) > Legal ShakerMortRate® Adjust

f,sa

Thistemporary rate is used to back-calculate a new discrete exploitation rate;

ER, ,, =1- e ™™™
The sublegal CNR scalar is
Sublegal CNRScal s
ar =—
€g t=2  AdjBaseHR, ., *xLegalShakerMortRate

The sublegal CNR mortalities computed in Step 2 are multiplied by this scalar to get the final sublegal
CNR mortalities.

Legal Computations

An adjusted base harvest rate is computed by

AdjBaseHR; ., = Adjust > BaseHR; ., > LegalSdl,

f,sa f,sa
If this adjusted base harvest rate is zero, then the legal CNR scalar is set to zero. If it is greater than zero
(but not = 1), a new instantaneous rate is computed as

TempRate = - In(1- AdjBaseHR; ., ) > Legal ShakerMortRate® Adjust

f,sa

Thistemporary rate is used to back-calculate a new discrete exploitation rate:

- TempRate

ER, ., =1-¢€

f,s,a

Thelegal CNR scdlar is
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ERf s.a
AdjBaseHR; ., xLegal ShakerMortRate

LegalCNRScalar, , =

The legal CNR mortalities computed in Step 2 are multiplied by this scalar to get the final legal CNR
mortalities.

Possible Program Bug. Once the legal and sublegal CNR scalars are computed, the program only applies
the scalarsif the Adjust term is greater than one. However, as noted above, thistermis always less than
one. Thus, the scalars are never applied. The ultimate effect is that multiple encounters are never actually
accounted for whenever the season length method is used. To verify this, we inserted debugging code
within the program to print out the maximum values for the Adjust term and the two scalars (sublegal and
legal) whenever the season length method is used. The code and results are listed below.

so if adjust >1 then did multiple encounters
I F Adjust > 1 THEN

.. Estimate CNR nortality | osses

CNRShakCat (LocF, CNRI ndx% Stk% Age% = Tnp * Tnp4 * SSub

CNRLegal (LocF, CNRIndx% Stk% Age% = MDLCatch!(LocF, Fish% Stk% Age% * Tnmp5 * SlLeg
ELSE

R Estimate CNR nortality | osses

recall that Tnp has Tot Shak (hence IMrate) already in it
CNRShakCat (LocF, CNRI ndx% Stk% Age% = Tnp * Tnp4
CNRLegal (LocF, CNRIndx% Stk% Age% = MDLCatch!(LocF, Fish% Stk% Age% * Tnp5

END | F

Norris CNR debugger.
I F CNRMet h% Yr % CNRIndx% = 1 THEN
PRINT #20, Yr% Fish% Stk% Age% Adjust, SSub, SlLeg
END | F

End debugger.

END I F
END | F
NEXT Age%
NEXT St k%

EXIT SUB
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2.5 Maturation

251 Overview

The Coast Model supports only one maturation algorithm—a simple rate model. When the
MaturationM anager invokes the maturateCohorts() method, the following steps occur:

Loop through al cohorts;
If the cohort isimmature, loop through all regional abundances for that cohort;
Apply the appropriate maturation rate and decrement the regional abundance;

MatureFish= N r

N = N - MatureFish

where N isthe starting (i.e., pre-maturation process) regional abundance, N' is the ending (i.e., post-
maturation process) regional abundance, and r is the maturation rate.

If a corresponding mature cohort (i.e., same Cohortl D (see “ Cohort.cpp”) except for
maturation status) already exists within this region, add the new mature fish to the existing
mature cohort.

If a corresponding mature cohort does not exist within this region, create one and add the new
mature fish to the new mature cohort.

25.2 PSC Chinook Model Implementation

In the PSC chinook model maturation only occurs during the first timestep and the ocean region (1). All
stocks have age specific maturation rates, and some stocks have the same maturation rates every year.
Below is a code sample from the Val98.mrt input file assigning fixed maturation rates. Note that the oldest
age cohorts always have a 1.0 maturation rate (age 6 for spring stocks and age 5 for fall stocks).

Mat ur at i onDat a St ockXyear XageXt i neXr egi on

# No maturation occurs during tinesteps 2:4.
TimeSteps 2:4 MatRate 0.0

# Maturation only occurs at the end of the first tinmestep.
TimeStep 1
Regions 2:4 MatRate 0.0
Region 1 # Preterninal region.
Age 1 MatRate 0.0

# Data for stocks with fixed maturation rates for all years.
# Years 1979: 1999

Stock NTH # Al years; run type = Spring
Age 2 MatRate 0.0
Age 3 MatRate 0.051396523
Age 4 MatRate 0.14471728
Age 5 Mat Rate 0.69004977
Age 6 Mat Rate 0.99999988
end Stock
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Stock FRE # Al years; run type = Fall
Age 2 Mat Rate 0.026498009
Age 3 MatRate 0.1446432
Age 4 Mat Rate 0.68596339
Age 5 MatRate 1

Below is a code sample from the Val98.mrt input file assigning maturation rates that vary by year.

# Data for stocks with variable maturation rates.
St ock AKS

Year 1979 # Stock AKS; run type = Spring
Age 2 MatRate 0.0
Age 3 MatRate 0.0576
Age 4 MatRate 0.1212
Age 5 MatRate 0.6487
Age 6 Mat Rate 0.99999994

end Year

Year 1980 # Stock AKS; run type = Spring
Age 2 MatRate 0.0
Age 3 MatRate 0. 0576
Age 4 MatRate 0.1212
Age 5 Mat Rate 0.6487
Age 6 Mat Rate 0.99999994

end Year

Year 1981 # Stock AKS; run type = Spring
Age 2 MatRate 0.0
Age 3 MatRate 0.0045
Age 4 MatRate 0.1212
Age 5 Mat Rate 0.6487
Age 6 Mat Rate 0.99999994

end Year

25.3 Future Maturation Processes

Future versions of the Coast Model could have more complicated maturation algorithms. For example, the
maturation rate could be dependent on the physical characteristics of the region (e.g., water temperature) or
the average individual size of the cohort (e.g., larger fish could have a higher maturation rate).

2.6 Spawning

2.6.1 Overview

The SpawningM anager controls when spawning will occur by maintaining a ProductionTable (generic
array) of Production objects (see “ SpawningManager.h” and Section 5.5.3.2 for more details). A
Production object contains all the information necessary to compute the number of new age 0 fish
produced by the mature adult spawners from a given stock. At each timestep, every stock and region are
examined. If thereisaProductionTable entry for that stock and region in the current timestep, then
production will occur. The total adult mature regional abundance for that stock and region (regional
escapement) is calculated, and the spawn() method of the appropriate Production object isinvoked. The
output is the new abundance of age O fish for that stock and region.

Note that the above code structure gives the Coast Model the flexibility to allow spawning in any region or
timestep. Thisis accomplished by assigning Production objects to regions and timesteps via the *.prd
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input file. The CohortGenerator always places the new age 0 cohortsin the region in which they spawn
(see Section 5.5.3.2.2 for more details). Users are cautioned that they must properly assign age-specific
transition matricesin the *.tm input file to move age O cohorts from their spawning region at the desired
time.

Each Production object maintains alist of ProductionFunctions (see Section 5.5.3.2.1), each of which
describes the relationship between a number of mature adult spawners from a given stock and the new age
0 fish they will produce. Note the use of the indefinite article “a” instead of the definite article “the” before
the phrase “number of adult spawners.” Thisisto emphasize that a ProductionFunction does not
necessarily describe the relationship between the total adult spawners and their progeny. We do this
because many salmon production algorithms involve several functions.

Consider the case of a hatchery stock for which the hatchery has alimited capacity, say 5,000 adult
spawners, and any excess escapement is allowed to spawn in the wild. If the total escapement is 7,500 in a
given year, production from the first 5,000 spawners would use one function (e.g., alinear function) and
the remaining 2,500 spawners would use a different function (e.g., a Ricker function).

All ProductionFunctions have minimum and maximum spawner values to define which portion of the
total escapement isto be used for each function (input as the first and second parametersin the input file;
see Section 3 for complete input code specifications). The age 0 fish produced by each function are added
together to get total production. In the above example, the linear function would use 5,000 spawners and
the Ricker function would use 2,500 spawners. Mathematically, the rule for determining the number of
adult spawners passed to a ProductionFunction (as afunction of total adult escapement) is given by:

1 0 TotAdItEsc < min
| . :

AdultSpawners = | TotAdItEsC- min min £ TotAdItEsC < max
1 max max £ TotAdItEsc

All ProductionFunctions also have a parameter called the Environmental Variability (EV) Scalar (input as
the third parameter in the input file; see Section 3 for complete input code specifications). This parameter is
used to account for known or predicted deviations around the deterministic functions.

The following code segment from the Val98.prd input file illustrates how ProductionFunctions are linked
to create a Production object. Note that the minimum and maximum spawner values for each function
occur in sequence and do not overlap. For example, in 1983 the first 5,318 spawners use the first linear
function, the next 244 spawners (= 5,562 - 5,318) use the second linear function, the next 5,000 spawners
(= 10, 318 — 5,318) use the Ricker function, and any additional escapement isignored. Also note that the
EVScalar valuesfor al functions within the same year are equal, but between years they are different.

St ockNum 9 #Production functions for stock: GSH
Year 1979 #For stock: GSH
Production Linear 0 5318 0.576309919 101.088866871763

Production Ricker 5318 10318 0.576309919 2.813 72371.2428651556
0.181012304888616

end Year
Year 1980 #For stock: GSH
Production Linear 0O 5318 0.338252485 101.088866871763

Production Ricker 5318 10318 0.338252485 2.813 72371.2428651556
0.181012304888616

end Year
Year 1981 #For stock: GSH
Production Linear 0 5318 1.36516976 101.088866871763

Production R cker 5318 10318 1.36516976 2.813 72371.2428651556
0.181012304888616
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end Year
Year 1982 #For stock: GSH
Production Linear 0 5054.47415595914 1.3196733 101.088866871763
end Year
Year 1983 #For stock: GSH
Production Linear 0 5318 0.560896635 101.088866871763
Production Linear 5318 5562.0650328853 0.560896635 17.5666110352434

Production Ricker 5562.0650328853 10562.0650328853 0.560896635 2.813
72371. 2428651556 0.181012304888616

2.6.1.1 LinearProduction

A linear function istypically used for hatchery production and requires the following parameters:

min (minimum number of adult spawners)
max (maximum number of adult spawners)
EVScalar

Sope

The specific formulais a straight line through the origin (with the effective dope of the line equal to the
product of the Sope and EVScalar parameters):

AgeZeroFish = AdultSpawners> Sope> EVScalar

If the hatchery production isless efficient beyond a given level of spawners, more than one
ProductionFunction can be assigned to a Production object. Consider the example below for the RBH
stock from the PSC chinook model (sample code from the Val98.prd input file). In 1979-1981 thereisa
single linear ProductionFunction with a maximum of 6,472 adult spawners, a slope of 250.6 (i.e., each
spawner produces 250.6 age O fish deterministically), and EV Scalar values of 1.04, 0.77, and 0.44,
respectively. In 1982 a second linear function is added. This second function isinvoked only for adult
escapement in excess of 6,472 up to amaximum of 8,971. Thisindicates that the hatchery capacity has
increased to 8,971 adult spawners, but note that the slope is reduced from 250.6 to 94.1 signifying less
efficient production. The table below shows the number of age O fish produced by 7,500 spawners given
the example ProductionFunctions for the RBH stock.

Year TotAdItEsc AdultSpawners EffectiveSlope Age0 Fish
1979 7,500 6,472 260.1 1,689,049
1980 7,500 6,472 192.8 1,247,22
1981 7,500 6,472 109.6 709,313
1982 7,500 6,472 (first function) 100.0 647,177
1,028 (second function) 375 38,581

Total 1982 685,758

Producti onFuncti ons StockXyear Xti meXregi on #Production functions by stock and
year.

TimeStep 4
Regi on 4

St ockNum 5 #Producti on functions for stock: RBH
Year 1979 #For stock: RBH
Production Linear 0 6472 1.04126465 250.635577084189
end Year
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Year 1980 #For stock: RBH
Production Linear 0 6472 0.769133806 250.635577084189

end Year
Year 1981 #For stock: RBH
Production Linear 0 6472 0.4372769 250.635577084189
end Year
Year 1982 #For stock: RBH

near 0 6472 0.398971677 250.635577084189
near 6472 8970.96933755731 0.398971677 94.0663138467215

Production Li

Production L
end Year
Year 1983 #For stock: RBH

Production Linear 0 6472 0.0862767845 250.635577084189

Production Linear 6472 9973.86853326432 0.0862767845 94.0663138467215
end Year

2.6.1.2 RickerProduction

Thisfunction isthe familiar Ricker spawner/recruit function multiplied by the EVScalar parameter (to
account for annual variability) and a parameter to convert predicted adult recruitment to age 1 fish
(RectAtAgeOne). The required parameters are

min (minimum number of adult spawners)

max (maximum number of adult spawners)

EVScalar

a (Ricker A parameter)

b (Ricker B parameter)

RectAtAgeOne

The specific formulais:

AdultSpawners

X1- b

AgeZeroFish = EVScalar xRectAtAgeOne xAdultSpawners ><ea

2.6.1.3 EnhancedRickerProduction

This function was developed to implement an algorithm in the PSC chinook model. It alows for
enhancement of natural stocks (also called supplementation) in which a portion of the natural spawners are
removed for hatchery production. The following parameters are required for this function:

min (minimum number of adult spawners)

max (maximum number of adult spawners)

EVScalar

a (Ricker A parameter)

b (Ricker B parameter)

RectAtAgeOne

Density dependence flag

HatchProd (hatchery productivity parameter)

SmoltSurvRt (smolt survival rate to age one)

EnhProp (maximum proportion of the wild stock that can be removed for hatchery production)

39



Smolts (smolt production change over some base period)

Thefirst step isto determine number of wild spawners that must be removed to meet the smolt production
goa (Smolts). These are called enhancement spawners (EnhSpawners) and are computed as follows:

_ Smolts> SmoltSurvRt
EnhQJaWHerS - e HatchProd

The number of enhancement spawners removed may not exceed a maximum allowable percentage of the
adult spawners, called the MaxBrood:

MaxBrood = EnhProp: AdultSpawners

EnhSpawnersistruncated to MaxBrood, if necessary.

Smolts from hatchery production are returned back to the river of origin. If no competition between wild
and hatchery smoltsis assumed (i.e., density dependence flag is false), then natural and hatchery production
are computed independently and added together. The naturally produced smolts are computed from the
remaining natural spawners using the Ricker function

1 \Mldaaawners)

AgeZeroFish = EVScalar xRectAtAgeOne AMIdSpawner s>e b

where WildSpawners = AdultSpawners — EnhSpawners. The hatchery produced smolts are computed using
alinear function, asfollows:

AgeZeroFish = AdultSpawners>e™"™* xEVScalar

When density dependence is assumed (i.e., density dependence flag istrue), AgeZeroFish is computed
using a Ricker curve, but the “effective” size of the spawning stock isincreased to reflect the fact that eggs
from some of the spawners are reared in a hatchery. The enhancement efficiency of the hatchery is given by

EnhProd

EnhEff =

a

In general, HatchProd is greater than a so EnhEff is usually greater than one. The effective number of
spawnersis given by

EnhEff
EffectiveSpawners = EnhSpawnersxT + (AdItEsc- EnhSpawners)

Age 0 fish are then computed with the Ricker function using effective spawners.
a 1_V\Md5pawners
AgeZeroFish = EVScalar xRectAtAgeOne xEffSpawnersxe b
2.6.1.4 VariableTruncationRickerProduction
This function was created to implement an algorithm from the PSC chinook model. However, it appears

that there is a bug in this algorithm and we anticipate that it will be removed. For a complete discussion of
this production function see Appendix Section C.5.2.
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2.6.2 PSC Chinook Model Implementation

Production functionsin the PSC chinook model use data from several files. For example, the 9812 version
of the model uses the following files (production related parameters are in parens):

9812v.0p6 (density dependence flag)

Cal9807.bse (natural ocean mortality rates, a, optimum escapement, truncation flag)

Enhanc98.enh (HatchProd, SmoltSurvRt, EnhProp, Smolts)

Mat98.msc (stock and year specific maturation rate parameters)

9801.idl (natural pre-spawning mortality rates)

9812p.evo (EVScalar)

Our goal with the Coast Model was to consolidate al data required for Production objectsinto asingle
file. We wrote a utility program that converts data from CTC chinook model input files to a single Coast
Model production file (*.prd). The following CTC chinook model parameters were used in Coast M odel
ProductionFunctions without modification:

Density dependence flag

a

HatchProd

SmoltSurvRt

EnhProp

Smolts

EVScalar

The utility program computer code used to convert PSC chinook model input files to Coast Model input
files contains comment statements describing the algorithms. The methods are briefly described here.

The min and max spawners used in al Coast Model ProductionFunctions were computed from the natural
ocean and pre-spawning mortality rates, maturation rates, optimum escapements, and truncation flags.
These natural mortality and maturation rates also were used to compute the RectAtAgeOne Coast M odel

parameter. The Sope parameter in the Coast Model Linear Production functionsis given by € for

hatchery stocks without enhancement and by €™ for the second linear function used by hatchery
stocks with enhancement. In the Ricker functions, the b parameter was computed as follows (Hilborn’s
approximation):

_ OptimumEscapement

b 05- 007»a

2.6.3 Future Spawning Processes

A limiting feature of the Coast Model is that the SpawningM anager passes total adult escapement to all
ProductionFunctions. Thus, the Coast Model spawning process tacitly assumes that spawners from all
adult ages are equally productive. Each stock has a property called AdultAge which defines the youngest
ageto include in adult spawners. The SpawningM anager computes the total adult spawners before passing
that argument to the Production object. Thus, in its current form, the Coast Model cannot support any
production function that requires age specific data. More generally, it cannot support any production
function that requires partitioning total adult escapement into age, sex, size, or other components. Any
future spawning processes that require such partitioning will require some code changesto the

SpawningM anager in addition to writing new ProductionFunctions.
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2.7 Migration

2.7.1 Overview

The Coast Model migration process currently has only one algorithm, which is based on the transition
matrix algorithm used in Ken Newman's State Space Model (SSM) (Newman 1997). All commonly used
migration algorithms can be modeled using the SSM approach (see Appendix Section C.5 for a complete
report on using the SSM approach to model other salmon model migration algorithms).

In matrix notation, the deterministic SSM consists of two equations:
n,=M.,Sn., (state process)
c, =Hn, (observation process)

The abundance vectors N and N,_, are composed of R elements (one abundance for each region). Each
migration matrix M isan Rx R square matrix of M ; elements (M ; = the fraction of the abundance in
region j moving to region I). The elementsin each column must sum to one. Each survival matrix S, and

each harvest matrix H isadiagonal matrix with Relements (e.g., S, N, ;). In expanded form the state
process equation looks like this:

e-u—-e- - le ) Su
qu,tu gﬂm mR,R@ SR,ttﬁqR,t-la

In terms of the Coast Model processes, the product of the survival matrix S, and the abundance vector
Nn,_,issimply an updated abundance vector after the natural mortality, fishing mortality, maturation, and
spawning processes have occurred. Thus, we can define a new updated abundance vector by

n,., =S,N,_,. Thus, the migration matrix can be thought of as being applied to the updated cohort
abundance vector. Each element of the abundance vector after migration can be written

>
1
Qo

rnr,jnr,t—l'

r,t

j=1

The migration processis controlled in the Coast Model by the MigrationM anager and implemented in the
TransitionMatrix.

2.7.2 PSC Chinook Model Application

The migration matrices used to simulate the 9812 version of the PSC chinook model are given below. Note
the following:
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Separate matrices are given for fall and spring stocks to reflect the fact that spring stocks
remain in the river for their first year of life (see Appendix Section C.2 for a complete
discussion about spring and fall stock ageing in the PSC chinook model).

Immature fall stocks of all ages do not migrate during timesteps 1 — 3. However, during the
last timestep (4), the new cohorts produced by the spawning process (which precedes the
migration process) are moved from the river region (4) to the ocean region (1).

The spawning process places new cohorts into the river region. Thus, immature age 0 spring
cohorts have the identity migration matrix to keep these cohortsin the river. At age 1 they are
moved from the river to the ocean.

Mature fall and spring stocks of all ages follow a“boxcar” style migration (i.e., moving from
one region to the next at the end of each timestep until reaching the river region). During the
last timestep (4), the fish located in the river region do not migrate anywhere to simulate
killing the fish that have spawned.

TransitionMatrix RunXageXmaturityXtime

Run Fal |

Imature # | mmture cohorts.
Ti meSteps 1:3

Dat a

1.0 O

0.0 1

0.0 O.

0

4

oooo
ok oo
oooo
rooo
oooo

0.0

Ti meSt ep
Dat a
1.0 O
0.0 1
0.0 O.
0

y

oooo
ocr oo
oooo
ccor
oooo

0.0
end maturit

Mature # Mature cohorts.
Ti meSteps 1:3
Dat a
0.0 O
1.0 O
0.0 1.
0
4

oooo
Pooo
oocoo
Pooo
oooo

0.0

Ti meSt ep
Dat a
0.0 O
1.0 O
0.0 1.
0

y

oooo
Pooo
oooo
cocoo
oooo

0.0
end Maturit
end Run
Run Spring
Immature # |mmture cohorts.
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Age O

Dat a

1.0 0.0 0.0 0.0
0.0 1.0 0.0 0.0

0.0 0.0

1.0 0.0

0.0 0.0 0.0 1.0

Age 1

Dat a

1.0 0.0 0.0 1.0
0.0 1.0 0.0 0.0

0.0 0.0

1.0 0.0

0.0 0.0 0.0 0.0

Ages 2:6

1.0 0.0 0.0 0.0
0.0 1.0 0.0 0.0

0.0 0.0

Dat a

1.0 0.0

0.0 0.0 0.0 1.0

end Maturity

# Mature cohorts.

Ti meSteps 1:3

Mat ur e

Dat a

0.0 0.0 0.0 0.0
1.0 0.0 0.0 0.0

0.0 1.0 0.0 0.0

0.0 0.0

TimeStep 4

1.0 1.0

Dat a

0.0 0.0 0.0 0.0
1.0 0.0 0.0 0.0

0.0 1.0 0.0 0.0

0.0 0.0

end Maturity

end Run

1.0 0.0

end transition matrix



3 Input Language

3.1 Introduction

The Coast model employs a hierarchical token-based language to processinput data. The basic formis:
[token] [data]

All tokens and data are case sensitive. Whitespace isignored, allowing tokensto span as many or as few
lines as desired. Strings consisting of more than one word (such as fishery names or stock names) may be
specified in quotation marks (* ).

For the purposes of this document [int] is used to represent a single data item which should be an integer value,
and [float] is used to represent a single floating point value (either single or double precision is acceptable). In

general, brackets|[ ] are used in this document to denote some type of data item whose literal value is dependent
upon the data. The brackets themselves do not appear in the input datafiles.

3.2 Token Types

Tokensfall into the general categories described below.

3.21 SimpleTokens
Simple tokens consist of a[token] [data] pair.

Example:
St art Year 1979

This sets the value of the StartY ear variable to 1979.

3.2.2 Command Block Tokens

Command block tokens are those where data is another series of token/data units. A command block defines a
new nested context wherein only selected tokens specific to that command block are recognized. The context is
exited upon reading an “end” token, at which time the previous context is reactivated. The basic form for a
command block tokenis

[token] [data] end

Example:
Configuration
Start Year 1979
EndYear 1999
end

In this example, “ Configuration” is a command block token. “StartYear” and “EndY ear” are simple tokens
within the “ Configuration” context. Thus, they may also be described as “Configuration” subtokens (see
section 3.2.4).
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3.2.3 Generic Array Tokens

Generic array tokens are a special subset of command block tokens. All generic array tokens share a common
set of tokens used to specify dices of the array data, as well as any tokens specific to the array used to specify
the final parameter data. Generic array tokens are described further below.

3.2.4 Subtokens

Subtokens are tokens valid only in a particular context defined by a command block. As such, thisis not really
a special type of token. Simple tokens, command blocks, and generic array tokens may all be considered
subtokensiif they are specific to a particular containing command block.

3.25 Special Tokens

include [filename] Thistokenisvalid in all contexts, and specifies that subsequent token/data pail
will be read from the given filename until that file is exhausted, after which
processing will continue with the next line in the current file. A typical top-lev
datafile will exist exclusively of “include” specifications, with each reference
file containing a subset of the model data.

end [optional comment]  Specifies the end of acommand block. Thistoken has no [data] component.
The remainder of the line following the “end” command isignored, and may b
used for comments.

End Same as“end.”
# This symbol denotes acomment. The remainder of the lineisignored.
Example:

The current top-level file for the Coast model, “coast.data” consists of the following:

ncl ude Val 98. bhr
ncl ude Val 98. cei
ncl ude Val 98. cnr
ncl ude Val 98. coh
ncl ude Val 98.fp
ncl ude Val 98. f sh
ncl ude Val 98. nrt
ncl ude Val 98. nat
ncl ude Val 98. pnv
ncl ude Val 98. prd
ncl ude Val 98. shk
ncl ude Val 98.tm

3.3 GenericArrays

Generic array tokens are command block tokens used to provide parameter data for a generic array. They take
the following form:

[generic array token] [generic array dimension specifier] [data] end

where the data typically consists of a number of token/data pairs, including both generic array subtokens
(described below) and simple tokens. The generic array dimension specifier describes the dimensionality of the
array data about to be provided. Any of the available dimension specifiers may be used with any generic array
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token, providing the user the flexibility of defining the dimensionality of the given parameter data at runtime.
All available dimension specifiers and generic array subtokens are described below.

The [data] portion of a generic array command block appliesto al the datain the array, unless specific dices
are referenced through the use of generic array subtokens, which are special types of command block tokens.

Example:

Mat ur at i onDat a St ockXyear XageXt i neXr egi on

# No maturation occurs during tinesteps 2:4.
TimeSteps 2:4 MatRate 0.0
end MaturationDat a

In this example, “ MaturationData’ is the generic array token specifying a new context, which will contain
maturation rate data. “StockXyearXageXtimeXregion” isthe generic array dimension specifier, which
defines 5 dimensional array to hold the maturation rate data, to be indexed by stock, year, age, time, and
region. “TimeSteps’ isageneric array subtoken specifying that upcoming data will be applied to the slice
of the array corresponding to the time dimension. “2:4” isthe data for the “TimeSteps’ token, specifying
the particular group of timesteps for the upcoming data. “ MatRate” is a simple token and “0.0” isthe data
for that token. This datawill be applied to al elements of the array specified by the current slice (in this
case timesteps 2, 3, and 4). “end” isthe end token for the “ MaturationData” command block. The
remainder of the line after the “end” token isignored, so the final “ MaturationData’ is simply a comment
for the reader.

The effect in this example is to set the maturation rate for all stocks, years, ages, and regionsin timesteps 2, 3,
and 4 to the value 0.0. Maturation rates for al other timesteps are left at the default value.

Datafor ageneric array istypicaly specified by nesting several layers of generic array subtokens. In this way
the set of all the parameter data is successively narrowed until only the group of desired elements are being
referenced, after which a simple token is provided to specify the data for those elements.

Example:

Mat ur at i onDat a St ockXyear XageXt i neXr egi on

# No maturation occurs during tinesteps 2:4.
TimeSteps 2:4 MatRate 0.0

# Maturation only occurs at the end of the first tinestep.
TimeStep 1
Regions 2:4 MatRate 0.0
Region 1 # Preterninal region.
Age 1 MatRate 0.0

# Data for stocks with fixed nmaturation rates for all years.
Stock NTH # Al years; run type = Spring
Age 2 MatRate 0.0
Age 3 MatRate 0.051396523
Age 4 MatRate 0.14471728
Age 5 Mat Rate 0.69004977
Age 6 Mat Rate 0.99999988
end Stock
end Region 1
end TineStep 1
end MaturationDat a
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This example builds upon the previous one by specifying further maturation rate data for timestep 1. Generic
array subtokens shown here are “TimeSteps,” “TimeStep,” “Regions,” “Region,” “Stock,” and “ Age.” Each
describes a particular dimension of the generic array for which datais about to be provided. Starting at the top,
the exampl e specifies maturation rates as follows:

0.0 for timesteps 2-4 (all regions, stocks, ages, €tc.);

0.0 for regions 2-4 in timestepl (all stocks, ages, etc.);

0.0 for agel, region 1, timestepl;

specific rates for ages 2-6, stock NTH, region 1, timestep 1.

Since the years are not specified, all of the data appliesto al years.

3.3.1 Generic Array Subtokens

Generic array subtokens are command block tokens valid within the context of any generic array token
command block. However, generic array subtokens behave differently than normal command block tokensin
one respect. The “end” token, which normally closes a command block, is used at all levelsin a generic array
specification except for the innermost. The simple token which finally specifies data for some portion of the
array subsumes the “end” token for the innermost block and renders it unnecessary. It isasyntax error to use an
“end” token immediately following a simple token/data pair in a generic array specification.

Look again at the previous example. After the first maturation rate of 0.0 is given, no “end” is supplied for the
enclosing “TimeSteps 2:4” block. That “end” is subsumed by the “ MatRate” simple token, and the context
reverts to the enclosing one, which references all elements of the array. Next the context is refined to timestep
1, then to regions 2-4. Another simple token is given specifying arate of 0.0. This subsumesthe “end” for the
enclosing “ Regions’ block, and the context reverts to the most recent “TimeStep 1.” Thisisthen refined to
region 1, then again to age 1, at which another final simple token appears, providing a maturation rate for that
context (0.0 for al age 1, region 1, timestepl entries). No “end” is supplied for that “ Age 1" context, and the
most recent context is again reverted to. At this point the context isregion 1, timestep 1 (all stocks, ages, and
years are implicit, since they have not been refined in the current context). A stock refinement is given,
followed by a number of age refinements. For each age, asimple “ MatRate” token subsumes the “end” which
would normally appear with acommand block. After the“ MatRate” specification for “ Age 6" the context
revertsto the enclosing level, which is“Stock NTH.” The writer wished to close that level without specifying
any further maturation rates. Thus, the “end” token appearsto close out that level of refinement (the word
“Stock” after the token “end” isjust acomment for the reader). Similarly, the enclosing refinements of Region
and TimeStep are closed before finally supplying the “end” token for the entire generic array command block.
Note that the contexts created by the generic array subtoken command blocks are nested, and thus represent an
ordering. The successive “end” tokens each exit the most recent enclosing block. All “end” tokens for al
nesting levels are required, with the exception of the innermost level, which includes the final simple token
specifying actual parameter data, as discussed here.
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Thefollowingisalist of al generic array subtokens, valid in the context of any generic array token. Note that
data of the form X:y represents a range of values where x<=y.

Token Data Meaning

Year [int] new year context

Years [int:int] new year range context
TimeStep [int] new timestep context
TimeSteps [int:int] new timestep range context
Region [int] new region context
Regions [int:int] new region range context
Stock [stockname] new stock context

Stock [stockabbrev] new stock context

Stock [int] new stock context

Stocks [int:int] new stock range context
Fishery [fisheryname] new fishery context
Fishery [fisheryabbrev] new fishery context
Fishery [int] new fishery context
Fisheries [int:int] new fishery range context
Age [int] new age context

Ages [int:int] new age range context

Run [runtype] new run type context. Valid run types are “ Spring” and “Fall”

3.3.2 Generic Array Dimension Specifiers

Thefollowingisalist of al generic array dimension specifiers. Each isused to specify the dimension of a
generic array as shown in Section 3.3. Any generic array dimension specifier may be used with any generic
array token. Thislist will be expanded as needs require.

StockX ageXtime

StockXyear

StockXyearXtimeXregion

StockXyearX ageXtime

StockXyearXageXtimeXregion

StockX yearX ageX timeX maturity

XFishery

FisheryXyear

FisheryXregionXtimeXstockXage

FisheryXregionXtimeXstockX ageX mark

FisheryXyearXage

FisheryXyearX stock

FisheryXyearX stockXage

FisheryXyearXrunXage

MaturityXtime

RunXageXmaturityXtime
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3.4 Top Level Tokens

The following tokens are valid at the top level of the hierarchy. Theterm “gen array dim spec” isused asan

abbreviation for “generic array dimension specifier.”

Token

Data

M eaning

Configuration
HarvestRateData
CeilingScalars
MultiTimeStepCeilingScalars
CeilingData
CNRData

Cohorts

FPData
FisherySchedule
MaturationData
NatMortRateData
PnvData
ProductionFunctions
ShakerData
TransitionMatrix

[command block data] end
[gen array dim spec] [data] end
[command block data] end
[command block data] end
[command block data] end
[gen array dim spec] [data] end
[command block data] end
[gen array dim spec] [data] end
[command block data] end
[gen array dim spec] [data] end
[gen array dim spec] [data] end
[gen array dim spec] [data] end
[gen array dim spec] [data] end
[gen array dim spec] [data] end
[gen array dim spec] [data] end

new configuration context
harvest rate data

new ceiling scalar context
new multiceiling context
new ceiling context
chinook non-retention
new cohort context

fp (fishery policy) data
new fishery schedule context
maturation rate data
natural mortality data
percent non-vulnerable
production data

shaker data

transition matrices

3.5 Configuration Tokens

The “Configuration” command block token opens a context where all global configuration information for the

model simulation is specified. The following tokens are valid within that context:

Token Data Meaning
StartYear [int] calendar year of simulation start
EndYear [int] calendar year of simulation end
TimeSteps [int] simulation timesteps per year
Regions [int] number of regions
FisheryName [fishery name]

[command block data] end new fishery configuration context
StockName [stock name]

[command block data] end

new stock configuration context

3.5.1 Fishery Configuration Tokens

The “FisheryName” token opens a new fishery configuration context for the specification of basic fishery
information. The following tokens are valid within that context:

Token Data M eaning

FisheryNumber [int] integer reference number

GearType [gear type] valid gear types are “troll,” “net,” and “sport”
FisheryAbbreviation [abbrv] abbreviation for fishery
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3.6 Stock Configuration Tokens

The “StockName” token opens a new stock configuration context for the specification of basic stock
information. The following tokens are valid within that context:

Token Data M eaning
StockNumber [int] integer reference number
Run [run type] valid run types are “Fall” and “ Spring”
ProductionType [prod type] valid prod types are “ Wild" and “ Hatchery”
StockAbbreviation [abbrv] abbreviation for this stock
MaxAge [int] maximum stock age
FirstHarvestAge [int] youngest age harvested for this stock
AdultAge [int] adult age for this stock
Example:
Configuration
Start Year 1979
EndYear 1999
Ti meSt eps 4
Regi ons 4

# Fi shery names and gear types.

Fi sher yName "Al aska T"
Fi sheryNumber 1
Gear Type troll

end Fishery

# Stock nanes and abbreviations.

St ockNane "Al aska South SE"
St ockNunber 1
St ockAbbr evi ati on AKS
Run Spring
Pr oducti onType Wld
MaxAge 6
Fi r st Har vest Age 3
Adul t Age 4
end Stock

end Configuration

3.7 Harvest Rate Tokens

The token “ HarvestRateData’ is a generic array token which enters a new context for providing harvest rate
data. In addition to all generic array subtokens, the following tokens are valid in this context:

Token Data M eaning
BaseHR [float] base harvest rate
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3.8 Caelling Tokens

There are three ways to enter ceiling data. The “CeilingScalars,” “MultiTimeStepCeilingScalars,” and
“ CeilingData’ command block token each open new contexts.

3.8.1 CaellingScalars

The“CeilingScalars’ token opens a context for the input of fishery ceiling scalar data. The scalar
parameters given are used to scale average catches over the base period to set a quota for the desired fishery
in each region and timestep for the specified year. Valid tokensin this context are:

Token Data M eaning
Fishery [fishery name]

[command block data] end new fishery context
BasePeriodStart [int] calendar year of start of base period
BasePeriodEnd [int] calendar year of end of base period

Within the context opened by the “Fishery” command block the following tokens are valid:

Token Data Meaning

Year [int] [forceflag] [float] these fields specify the ceiling year, force flag, and scalar
value, respectively. Valid values for forceflag are “forc
and “unforced.”

Example:

CeilingScal ars
BasePeri odStart 1979
BasePeri odEnd 1984
Fi shery "Al aska T" # Fishery nunber 1
Year 1985 forced 0.7787260906481610 #catch
Year 1986 forced 0.8500192082294420 #catch
Year 1999 unforced 0.7135184337829930 #ceiling contro

end Fishery

Fi shery "North T" # Fishery nunber 2
Year 1985 forced 1.1421682619914400 #catch

end Fishery

end CeilingScal ars
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3.8.2 MultiTimeStepCellingScalars

The* MultiTimeStepCeilingScalars’ token opens a context for the input of fishery ceiling scalar data that
enforces constant effort scalars over multiple timesteps. The scalar parameters given are used to scale
average catches over the base period to set a quota for the desired fishery in the specified year. Valid tokens
in this context are:

Token Data Meaning
Fishery [fishery name]

[command block data] end new fishery context
BasePeriodStart [int] calendar year of start of base period
BasePeriodEnd [int] calendar year of end of base period
FirstTimeStep [int] first time step of ceiling management each year
LastTimeStep [int] last time step of ceiling management each year

Within the context opened by the “Fishery” command block the following tokens are valid:

Token Data M eaning
Year [int] [forceflag] [float] these fields specify the ceiling year, force flag, and scalar valt
respectively. Valid valuesfor forceflag are “forced” and
“unforced.”
Example:

Mul ti Ti neSt epCei | i ngScal ars
BasePeriodStart 1979
BasePeri odEnd 1984
FirstTi neStep 1
Last Ti neSt ep 2
Fi shery "Al aska N' # Fi shery nunber 7
Year 1985 forced 1.2161450300168500 #catch
Year 1986 forced 0.7290534608357260 #catch
end Fishery
end Multi Ti meSt epCeil i ngScal ars

3.8.3 CaellingData

Ceiling data may also be entered directly, without the use of base period scalars. The “CeilingData’ token
isused to enter this context. It functions as a generic array token, except that no generic array dimension
specifier is used, and valid tokens are restricted to only certain generic array subtokens.
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Valid tokensin this context are:

Token Data M eaning

Year [int] new year context

Years [int:int] new year range context
TimeStep [int] new timestep context
TimeSteps [int:int] new timestep range context
Region [int] new region context
Regions [int:int] new region range context
Fishery [fisheryname] new fishery context
Fishery [fisheryabbrev] new fishery context
Fishery [int] new fishery context
Fisheries [int:int] new fishery range context
Ceiling [forceflag] [float] these fields specify the force flag and quota, respectively

Valid values for forceflag are “forced” and “unforced.”

Note that the “ Ceiling” token is the only simple token valid in this context. Since this context isavariation
on ageneric array command block, the “end” token for any innermost block will be subsumed by the
“ Ceiling” token, just asin any other generic array.

3.9 CNRData Tokens

Thetoken “ CNRData’ is a generic array token that enters a new context for providing Chinook non-
retention (CNR) data. In addition to all generic array subtokens, the following tokens are valid in this
context:

Token Data Meaning

CNR_Method [enr method specifier] new CNR method context
[command block data] end

Since there are no simple tokens associated with this generic array (only the CNR_Method command block
token), “end” tokens are required for al levels of the generic array.

3.9.1 CNR Methods

The“CNR_Method” token enters a new context depending on the accompanying cnr method specifier.
Each CNR_Method command block causes the creation of a CNR object of the corresponding type, which
will be assigned to all applicable locationsin the generic array. Valid cnr method specifiers and the
subtokens valid within each context are:

cnr method specifier: HarvestRatio

Token Data Meaning
CNRL egal Selectivity [float] legal selectivity value
CNRSubL egal Selectivity [float] sublegal selectivity value
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cnr method specifier: SeasonLength

Token Data M eaning
CNRL egal Selectivity [float] legal selectivity value
CNRSubL egal Selectivity [float] sublegal selectivity value

cnr method specifier: ReportedEncounter

Token Data M eaning
CNRL egal Selectivity [float] legal selectivity value
CNRSubL egal Selectivity [float] sublegal selectivity value
LegalEncounters [float] legal encounters
SubL egal Encounters [float] sublegal encounters
LandedCatch [float] landed catch

cnr method specifier: HarvestRatioM ultipleEncounter
Token Data Meaning
CNRLegal Selectivity [float] legal selectivity value
CNRSubL egal Selectivity [float] sublegal selectivity value
BaseSeason [float] base season length
Recapturel nterval [float] recapture interval
LegalRel easeM ortRate [float] legal release mortality rate

cnr method specifier:  SeasonL engthMultipleEncounter

Token Data M eaning
CNRL egal Selectivity [float] legal selectivity value
CNRSubL egal Selectivity [float] sublegal selectivity value
BaseSeason [float] base season length
Recapturel nterval [float] recapture interval
LegalReleaseM ortRate [float] legal release mortality rate
Legal Season [float] legal season length
CNRSeason [float] cnr season length
Example:

CNRDat a Fi sheryXyear

Fishery 1 # Alaska T
Year 1981
CNR_Met hod

CNRLegal Sel ectivity

Report edEncount er

0.34

CNRSubLegal Sel ectivity 1

Legal Encount ers
SubLegal Encount ers

LandedCat ch
end CNR_Met hod

18225
18578
248791
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end Year
end Fishery
end CNRDat a

3.10 Cohorts

The “Cohorts” token enters a new context for the specification of initial model cohorts. There is one token
valid at thislevel:

Token Data M eaning
Stock [stock name] new context for specifying initial cohorts of
[command block data] end the specified stock

Within the “Stock” context there is one valid token:

Token Data M eaning
Cohort [int] [float] [int] brood year, initial abundance, initial region;
[command block data] end new context for specifying characteristics o

thisinitial cohort

Within the “ Cohort” context the following tokens are valid. Note that these simple tokens are unusual in
that they have no datafields. They are al optional, and the cohort will assume the given default values if
not specified. In cases where more that one token share the same meaning, they are mutually exclusive,
and the token encountered last will be the value assigned to the cohort.

Token Data Default Meaning
wild [non€] stock value production type
Hatchery [non€] stock value production type
Immature [non€] Immature maturation status
Mature [non€] Immature maturation status
Marked [non€] Unknown mark status
Unmarked [non€] Unknown mark status
Tagged [non€] Unknown tag status
Untagged [non€] Unknown tag status
Male [non€] Unknown sex
Female [non€] Unknown sex
Gl [non€] Unknown growth group
G2 [non€] Unknown growth group
G3 [non€] Unknown growth group
G4 [non€] Unknown growth group
G5 [non€] Unknown growth group
Example:
Cohorts
Stock "Alaska South SE* # Initial cohorts for stock nunber: 1
Cohort 1973 3345. 02050867604 1
end Cohort
end Stock
end Cohorts

56



3.11 FPData Tokens

The token “FPData’ is ageneric array token which enters a new context for providing “fp” (fishery policy)
data. In addition to all generic array subtokens, the following tokens are valid in this context:

Token Data M eaning
FP [float] fp value
Example:

FPDat a Fi sheryXyear Xst ockXage
Fi shery 1 # Alaska T

Year 1979
Stock AKS # Al aska South SE
Age 3 FP 1
Age 4 FP 1
Age 5 FP 1
Age 6 FP 1
end Stock
end Year
end Fishery
end FPDat a

3.12 FisherySchedule Tokens

# For fishery: Alaska T

The “FisherySchedule” token begins a new context used for specifying information as to when fisheries are
active. It functions as a generic array token, except that no generic array dimension specifier is used, and valid
tokens are restricted to only certain generic array subtokens. Valid tokensin this context are:

Token Data M eaning

Year [int] new year context

Years [int:int] new year range context
TimeStep [int] new timestep context
TimeSteps [int:int] new timestep range context
Region [int] new region context
Regions [int:int] new region range context
Fishery [fisheryname] new fishery context
Fishery [fisheryabbrev] new fishery context
Fishery [int] new fishery context
Fisheries [int:int] new fishery range context
Active [non€] fishery is active in this time and region

Note that the “ Active’ token is the only simple token valid in this context. Since this context isavariation on a
generic array command block, the “end” token for any innermost block will be subsumed by the “ Active’

token, just asin any other generic array.



Example:
Fi sherySchedul e

Fi shery 1 # Alaska T
TimeStep 1 # PreTerm nal timestep
Region 1 # PreTerm nal region
Active
end Ti neStep
end Fishery

end Fi sherySchedul e

3.13 MaturationData Tokens

The token “ MaturationData” is a generic array token which enters a new context for providing maturation rate
data. In addition to all generic array subtokens, the following tokens are valid in this context:

Token Data M eaning
MatRate [float] maturation rate
Example:

Mat ur at i onDat a St ockXyear XageXt i neXr egi on

# No maturation occurs during tinesteps 2:4.
TimeSteps 2:4 MatRate 0.0

# Maturation only occurs at the end of the first tinestep.
TimeStep 1
Regions 2:4 MatRate 0.0
Region 1 # Preterninal region.
Age 1 MatRate 0.0

# Data for stocks with fixed nmaturation rates for all years.
# Years 1979:1999

Stock NTH # Al years; run type = Spring
Age 2 MatRate 0.0
Age 3 Mat Rate 0.051396523
Age 4 MatRate 0.14471728
Age 5 Mat Rate 0.69004977
Age 6 Mat Rate 0.99999988
end Stock
end Region 1
end TineStep 1
end Mat urati onbDat a
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3.14 NatMortRateData Tokens

The token “ NatMortRateData’ is a generic array token which enters a new context for providing natural
mortality rate data. In addition to all generic array subtokens, the following tokens are valid in this
context:

Token Data M eaning
NaturalMortality [float] natural mortality rate
Example:

Nat Mort Rat eDat a St ockXyear XageXt i meXr egi on

TimeStep 1
Region 1
Stock 1 # Alaska South SE // Run type = Spring

Age 1 Natural Mortality 0.0

Age 2 Natural Mortality 0.5

Age 3 Natural Mortality 0.4

Age 4 Natural Mortality 0.3

Age 5 Natural Mortality 0.2

Age 6 Natural Mortality 0.1

end Stock
end Region 1
end Ti nestepl
end Nat Mort Rat eDat a

3.15 PnvData Tokens

The token “PnvData” is a generic array token which enters a new context for percent non-vulnerable data. In
addition to all generic array subtokens, the following tokens are valid in this context:

Token Data Meaning
PNV [float] percent non-vulnerable
Example:

PnvDat a Fi sheryXyear XrunXage
# Data for fisheries that have constant PNvs for all years.

Fi shery 2 # Variable PNV fishery: North T
Years 1979: 1986

Run Fal |
Age 2 PNV 0. 5938
Age 3 PNV 0. 3868
Age 4 PNV 0. 0332
Age 5 PNV 0. 0049

end Run

Run Spring
Age 3 PNV 0. 5938
Age 4 PNV 0. 3868
Age 5 PNV 0. 0332
Age 6 PNV 0. 0049
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end Run

end Years
end Fishery
end PnvDat a

3.16 ProductionFunctions Tokens

The token “ProductionFunctions’ is a generic array token which enters a new context for providing production
function data. In addition to all generic array subtokens, the following tokens are valid in this context:

Token Data M eaning
Production [production function type] production function selection
[production function data] production data

The nature of the production function data varies depending on the particular production function specified.
The “Production” token is a special type of token that does not subsume the “end” token for the enclosing level
of the generic array. Thus, “end” tokens are required for all levels of the generic array. Multiple “Production”
functions may be specified simultaneously at a given level.

3.16.1 Production Function Types

The following are the valid production function types and the associated production function data for each.
Please note that for a given production function, all of the specified data fields are required and must appear in
the proper order.

Production Function Type Token Data M eaning
Linear [float] minimum number of spawners
[float] maximum number of spawners
[float] ev value
[float] slope
Ricker [float] minimum number of spawners
[float] maximum number of spawners
[float] ev value
[float] Ricker A value
[float] Ricker B value
[float] recruitsto age 1 ratio
EnhancedRicker [float] minimum number of spawners
[float] maximum number of spawners
[float] ev value
[float] Ricker A value
[float] Ricker B value
[float] recruitsto age 1 ratio
[int] density dependence flag (O=fal se;1=true)
[float] productivity parameter
[float] smolt at age 1
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Production Function Type Token Data M eaning

EnhancedRicker (continued) [float] max brood proportion
[float] smolt production change
VariableTruncationRicker [float] minimum number of spawners
[float] maximum number of spawners
[float] ev value
[float] Ricker A value
[float] Ricker B value
[float] recruitsto age 1 ratio
Example

Pr oducti onFuncti ons StockXyear Xti meXregi on #Production functions by
#st ock and year.

TimeStep 4

Regi on 4

St ockNum 9 #Production functions for stock: GSH
Year 1979 #For stock: GSH

Production Linear 0 5318 0.576309919 101.088866871763
Production Ricker 5318 10318 0.576309919 2.813
72371. 2428651556 0.181012304888616
end Year
Year 1980 #For stock: GSH
Production Linear 0 5318 0.338252485 101.088866871763
Production Ricker 5318 10318 0.338252485 2.813
72371. 2428651556 0.181012304888616
end Year
Year 1981 #For stock: GSH
Production Linear 0 5318 1.36516976 101.088866871763
Production Ricker 5318 10318 1.36516976 2.813
72371. 2428651556 0.181012304888616

end Year
Year 1982 #For stock: GSH
Production Linear 0 5054.47415595914 1.3196733 101.088866871763
end Year
Year 1983 #For stock: GSH

Production Linear 0 5318 0.560896635 101.088866871763
Production Linear 5318 5562.0650328853 0.560896635

17. 5666110352434
Production Ricker 5562.0650328853 10562.0650328853 0.560896635

2.813 72371.2428651556 0.181012304888616

end Year

end Stock

end Regi on

end Ti neStep

end Production
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3.17 Shaker Data Tokens

The token “ ShakerData” is a generic array token which enters a new context for shaker mortality data. In
addition to all generic array subtokens, the following tokens are valid in this context:

Token Data Meaning
Method [shaker method specifier]
[command block data] end new shaker method context

Since there are no simple tokens associated with this generic array (only the Method command block token),
“end” tokens are required for all levels of the generic array.

3.17.1 Shaker Methods

The* Method” token enters a new context depending on the accompanying shaker method specifier. Each
Method command block causes the creation of a shaker object of the corresponding type, which will be
assigned to all applicable locations in the generic array. Valid shaker method specifiers and the subtokens valid
within each context are:

shaker method specifier: Simple

Token Data M eaning
SubL egal Rel easeM ortRate [float] sublegal release mortality rate

cnr method specifier: SimpleDrop

Token Data M eaning
SubL egal Rel easeM ortRate [float] sublegal release mortality rate
DropOffRate [float] drop-off mortality rate

shaker method specifier: Custom

Token Data M eaning
SubL egal Rel easeM ortRate [float] sublegal release mortality rate
VulnerabilityTable [generic array dim spec] vulnerability table data

[data] end

cnr method specifier: CustomDrop

Token Data M eaning
SubL egal Rel easeM ortRate [float] sublegal release mortality rate
DropOffRate [float] drop-off mortality rate
VulnerabilityTable [generic array dim spec] vulnerability table data

[data] end
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3.17.2 VulnerabilityTable Tokens

The token “ VulnerabilityTable” is ageneric array token which enters a new context for entering shaker
vulnerability data. In addition to all generic array subtokens, the following tokens are valid in this context:

Token Data Meaning

Vulnerable [none] cohort is vulnerable to the given fishery

Invulnerable [noneg] cohort is not vulnerable to the given fishery
Example:

Shaker Dat a Fi sheryXyear

Fi shery 6 # Go St T
Met hod Si npl eDr op

SublL egalRel easeM ortRate 0.255
DropOi f Rat e 0.017
end Met hod
end Fishery

Fi shery 7 # Al aska N
Met hod Cust onDr op
SubLegal Rel easeMort Rate 0.9
Dr opOf f Rat e 0
Vul nerabi | i tyTabl e St ockXageXti me
TimeStep 1 # Preternm nal
Ages 3:4 # Spring stocks.
Stock 1 Vul nerable # Al aska South SE
Stock 2 Vul nerable # North/Centr
Stock 14 Vul nerabl e # Nooksack Spring
Stock 24 Vulnerable # WIlanette R
Stock 25 Vulnerable # Spr Cow itz Hat
end Ages
end Ti neStep
end Vul nerabilityTabl e
end Met hod
end Fishery
end Shaker Dat a

3.18 TransitionM atrix Tokens

The token “ TransitionMatrix” is a generic array token which enters a new context for entering transition matrix
data. In addition to all generic array subtokens, the following tokens are valid in this context:

Token Data M eaning
Data [transition matrix data] cohort transition matrix

3.18.1 Transition Matrix Data

The transition matrix datais a sequence of n X n [float] entries, where n is the number of regions specified in
the “Configuration” context. Altogether the matrix is taken as a simple token, and thus subsumes the “end” for
the innermost generic array level.
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Example:

TransitionMatri x RunXageXmaturityXtime

Run Spring
| mmat ur e
Age O

Dat

1
0
0
0

coero coero

coero

O O o o O O O o

O O O o

ocr oo
oooo

ockroo

O O oo

ocr oo
oooo

end TransitionMatri xQut put

Pooo
o ooo

eccor

o oo
o ooo

# | mmture cohorts.

O O O o

Language
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4 Output Language

4.1 Overview

Pacific salmon researchers and managers use many computer programs and models. Thereis a need to
communicate information between programs and from individual programsto users. Three general data
communication methods are;

1. Raw datafrom one program is used by other programs for further analysis (e.g., FRAM to
TAMM communication);

2. Raw datafrom one program is used by auxiliary programs to create formatted reports (e.g.,
PSC Chinook Model raw data dump); or

3. Each program creates model specific formatted reports (e.g., PSC Chinook Model and FRAM
formatted reports).

PSC Chinook Model users have found Method 2 to be effective in creating reports and analyzing output
data. As the program moves through a simulation, raw data are output to an ASCI| text file in a specific
format. Any auxiliary programs must know the format of the output file in order to use the data. The intent
of the Coast Model isto adopt a standardized output format to improve data communication within and
between programs.

The basic ideais to stream standardized data sentences from a model to atext file. Then anyone who knows
the formats can write a program using any type of software and hardware to read the data stream, extract
the data of interest, and use that data as desired (e.g., further analysis or formatted report). The advantage of
using standardized data sentencesis that users can export any datain any order and at any interval. The
disadvantage of this system is that there may be considerable duplication of information in each sentence,
thus making for alarge output file.

The following sections define the standardized data sentences used by the Coast Model. Additional
sentences can be defined as necessary. We envision that one agency (e.g., NMFS or the Pacific States
Marine Fisheries Commission) will supervise and maintain alist of standardized data sentences.

4.2 CohortlD

Each cohort has a 14 digit unique identifier code composed of the parent stock abbreviation, the brood year
(using all four digitsfor Y 2K compatibility), and a string of single character codes representing each
remaining cohort property in afixed order (see table below). For example, the cohort identifier code
URB1985FWIXX XX isa cohort from the URB stock, brood year 1985, wild production type, immature,
and unknown mark, tag, sex, and growth group status.

Digit(s) Permitted Values Meaning

1-3 Stock Abbreviations Stock identifier

4-7 Any 4 digit year

8 SF Spring (S) or Fall (F) stock

9 W,H Wild (W) or Hatchery (H) stock

10 I,M Immature (1) or Mature (M)

11 M,U,X Mark status: Marked (M), Unmarked (U), Unknown (X)
12 T,U,X Tag status: Tagged (T), Untagged (T), Unknown (X)

13 M,EX Sex: Male (M), Female (F), Unknown (X)

14 1,2,3,4,5,X Growth Group: 1-5 or Unknown (X)
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4.3 Output Sentences Supported by Coast M odel

4.3.1 CABN sentencefor cohort abundance

Field Data Sample
1 Sentence ID = CABN CABN
2 Year 1985
3 TimeStep 3 (or TimeStep abbreviation)
4 Region 4 (or Region abbreviation)
5 CohortID URB1986FWIXXXX
6 StartAbn 378947.1438 (adouble)
Example:
CABN, 1979, 1, 1, STL1974FW XXXX, 105. 468
CABN, 1979, 1, 1, STL1975FW XXXX, 1616.72
CABN, 1979, 1, 1, STL1976FW XXXX, 4267.45
CABN, 1979, 1, 1, STL1977FW XXXX, 6578. 15
CABN, 1979, 1, 1, STL1978FW XXXX, 13283.2
CABN, 1979, 1, 1, VGI1976FH XXXX, 6815. 32
CABN, 1979, 1, 1, VGI1977FH XXXX, 72867.8
CABN, 1979, 1, 1, VGI1978FH XXXX, 164354
CABN, 1979, 2, 2, STL1974FW XXXX, 31.6403
CABN, 1979, 2, 2, STL1975FW XXXX, 485.017
CABN, 1979, 2, 2, STL1976FW XXXX, 1280. 24
CABN, 1979, 2, 2, STL1977FW XXXX, 1973. 44
CABN, 1979, 2, 2, STL1978FW XXXX, 3984.95
CABN, 1979, 2, 2, VGI1976FH XXXX, 681.532

4.3.2 NMRT sentencefor natural mortality

Field Data Sample
1 Sentence ID = NMRT NMRT
2 Year 1985
3 TimeStep 3 (or TimeStep abbreviation)
4 Region 4 (or region abbreviation)
5 CohortID URB1986FWIXXXX
6 Mortality 25.283949 (adouble)
Example:
NVRT, 1979, 2, 2, STL1974FW XXXX, 0.2766
NVRT, 1979, 2, 2, STL1975FW XXXX, 8.93546
NVRT, 1979, 2, 2, STL1976FW XXXX, 37.493
NVRT, 1979, 2, 2, STL1977FW XXXX, 82.2433
NVRT, 1979, 2, 2, STL1978FW XXXX, 223. 659
NVRT, 1979, 2, 2, VGI1976FH XXXX, 19.9594
NVRT, 1979, 2, 2, VGI1977FH XXXX, 303.677
NVRT, 1979, 2, 2, VGI1978FH XXXX, 922.452
NVRT, 1979, 2, 3, STL1974FW XXXX, 0.3688
NVRT, 1979, 2, 3, STL1975FW XXXX, 11.914
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4.3.3 FMRT sentencefor fishing mortality

Field Data Sample

1 Sentence ID FMRT

2 Year 1985

3 TimeStep 3 (or TimeStep abbreviation)

4 Region 4 (or region abbreviation)

5 Fishery 2 (or fishery abbreviation)

6 CohortID URB1986FWIXXXX

7 LegalCatch 345.192837 (adouble)

8 ShakerMort 43.1288393 (a double)

9 DropOffMort 5.68459 (a double)

10 CNRSubLegaMort 15.7398 (adouble)

11 CNRMort 21.1093994 (a double)

12 EffortScalar 0.95 (adouble)
Example:
FMRT, 1983, 7, 5, 13, STL1978FWMXXXX, 1.33668, 0, 0, 0, 0, 1
FMRT, 1983, 7, 5, 13, STL1979FWWMXXXX, 17.7754, 0, 0, O, 0O, 1
FMRT, 1983, 7, 5, 13, STL1980FWWXXXX, 3.80355, 0, 0, 0, O, 1
FMRT, 1983, 7, 5, 13, STL1981FWWXXXX, 0.0863695, 0, 0, 0, 0, 1
FMRT, 1983, 7, 6, 13, STL1978FWMXXXX, 0.765205, 0, 0, 0, O, 1
FMRT, 1983, 7, 6, 13, STL1979FWMXXXX, 10.8742, 0, O, 0, O, 1
FMRT, 1983, 7, 6, 13, STL1980FWWMXXXX, 2.22352, 0, 0, O, O, 1
FMRT, 1983, 7, 6, 13, STL1981FWWXXXX, 0.0494872, 0, 0, O, O, 1
FMRT, 1983, 7, 7, 13, STL1978FWWMXXXX, 0.222199, 0, 0, 0, O, 1
FMRT, 1983, 7, 7, 13, STL1979FWMXXXX, 3.65069, 0, 0, 0, O, 1

4.4 Proposed Output Sentences For Future Use

44.1 CMIG sentencefor cohort migration

Field Data Sample
1 Sentence ID = CMIG CMIG
2 Year 1985
3 TimeStep 3 (or TimeStep abbreviation)
4 FromRegion 4 (or region abbreviation)
5 ToRegion 6 (or region abbreviation)
6 NumMigrants 25.49304958 (a double)
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4.4.2 SABN sentencefor stock abundancein aregion

Field Data Sample
1 Sentence ID SABN
2 Year 1985
3 TimeStep 3 (or TimeStep abbreviation)
4 Region 4 (or region abbreviation)
5 StockiD URB
6 StartAbn 378947.1438 (adouble)

443 CLHD sentencefor cohort life history data

Field Data Sample

1 Sentence ID = CLHD CLHD
2 Year 1985
3 TimeStep 3 (or TimeStep abbreviation)
4 Region 4 (or region abbreviation)
5 CohortID URB1986FWIXXXX
6 StartAbn 28394.1928 (a double)

7 NatMort 28.3941928 (a double)

8 TotCat 3564.19283 (a double)

9 TotShakers 32.9238287 (adouble)
10 TotCNR 27.3984749 (adouble)
11 TotOutMig 283.193993 (a double)
12 TotInMig 11.9384773 (adouble)
13 EndAbn 23392.1958 (a double)

4.5 Generatingthe Output Data File

At the end of each process during a timestep the DataRequestM anager has the opportunity to stream datato
adatafile (named coast_output.txt). To save space, null data (e.g., zero catches, zero natural mortalities,
zero migrations) are not be streamed. Currently, the type and frequency of data streaming to the datafileis
fixed (i.e., not configurable by the user). Future versions of the model should allow the user to configure
the output data streaming. See Section 5.5.3.3 for further details.

68



5 CodeDescription

5.1 Introduction

This document provides a general overview of the primary modules, classes, and structures used in the Coast
model. It isnot intended to provide a detailed listing of al classes, variables, and routines, as such information
can best be digtilled by using any software browsing tool designed for that purpose. Class-level documentation
is provided as inline comments, usually in the .h file declaring the class.

It is assumed that the reader of this document is familiar with the overall function and approach of the
simulation engine, as described in Section 2 Coast Model Processes. This section focuses on issues relevant to
the design and implementation of the code itself.

5.2 Naming Conventions

In accordance with common C++ practice, class names typically consist of sequences of words run together and
capitalized, e.g. FisheryQuotaPolicy. Class declarations appear in .h files corresponding to the class name, and
definitions are in .cpp files of the same name. Exceptions occasionally occur for classes that operate very

closely together, in which case more than one related class declaration or definition may appear in the samefile.

Class methods are named with sequences of words run together with all except the first word capitalized, asin
makeHarvestList(). Class member variables typically are also sequences of words with all but the first word
capitalized, and with an underscore appended, asin legalReleaseM ortRate .

Global variables and routines with external linkage are capitalized.

There are exceptions to these rules, particularly in some of the older sections of code written before these
particular naming conventions became common in the C++ community.

5.3 ClassOverview

Many classes and objects participate in the Coast Model application. The more important and pervasive ones
are listed here and described in more detail in subsequent sections.

5.3.1 Monostatesand Managers

A monostate is a pattern that describes a class where all methods and members are static. It isavariation on the
Singleton pattern® and is used to provide the effect of a globally accessible object. The predominant paradigm
of input parameter organization in the Coast model isto have a number of monostates that control the main
Simulation Processes and house most of the parameter datain tables. For clarity of usage, methods and
members of monostates are typically accessed directly through the use of the scope operator (*::"), without
creating alocal object. The most common form of monostate in the Coast model isthe “ manager”, of which
there are a number, correspondingly roughly to the simulation processes. The followingisalist of the
managers in the Coast model: IterationM anager, CohortM anager, DataRequestM anager,

NaturalM ortalityM anager, FisheryM anager, HarvestM anager, PolicyControlM anager,

Matur ationM anager, SpawningM anager, MigrationM anager, and Standar dDataOutputM anager .

! Gamma, Helm, Johnson, Vlissides, “ Design Patterns’, pp. 127-134
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Other monostates providing important functions are Geographer and Historian.

These classes are described in more detail elsewhere in this document.

5.3.2 Globals

Three classes are currently implemented as global objects. Fisheries and Stocks are anachronistic, and itis
expected that eventually these objects would be moved into the FisheryM anager and StockM anager (not yet
extant), respectively. SystemClock isaglobal object of type Chronograph that keeps track of time during the
simulation.

5.3.3 Other Important Classes

Other classes that carry out fundamental tasks in the model include: Parser, GenericArray,
GenericArraylndex, Cohort, CohortID, Fishery, Stock, DataRequest, IterationControl, and State.
Additionally, each of the Simulation Processes utilizes a number of classesto performitstask. The harvest
processis particularly complex and warrants specia attention. Important classes in that module include:
FisheryUnit, FisheryPoalicy, HvMort, and Har vestProcess. These classes are examined in more detail below.

5.4 Process Overview

The entry points for the model code are found in file c2main.cpp. These consist of main() for a Windows
console application, or activeXentry() for an ActiveX component. In very brief (and with some details elided),
the process level overview of asingle simulation run is as shown below. Filenames appear in braces.

main() { c2main.cpp }
M odel Config() { init.cpp}
RunTheM odel() { engine.cpp }

SimulationWrapup() { init.cpp}
M odelCleanup() { init.cpp }

Other sections of this document will examine each of the above core processesin more detail.

5.4.1 Simulation Processes

As described in Section 2, the simulation engine consists of a nested looping of years and timesteps, within
which each of the Simulation Processes is executed in turn. These Simulation Processes presently consist of the
following calls (from “engine.cpp”):
CohortManager ::ageCohorts();

NaturalMortalityM anager ::takeNaturalM ortality();

FisheryM anager ::takeHarvests();

Matur ationM anager ::matur ateCohorts();

SpawningM anager ::spawnCohorts();

MigrationM anager ::migr ateCohorts();
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5.5 Classand Object Detail

This section provides further information on some of the major classes and objects used in the Coast Model.

55.1 Managersand Other Globals

The following table describes the basic duties of each of the Managers.

Table3

Manager s and other global classes and objects

CohortManager

Creation and ageing of cohorts.

NaturalM ortalityM anager

Cohort natural mortality processes and data.

FisheryM anager

Entry point for harvest process and storage of FisheryPolicy data.

HarvestM anager

Harvest rate data storage and calculation of harvest sub-processes (shak|
CNR, etc.).

M atur ationM anager

Cohorts maturation processes and data.

PolicyControlM anager

Manages PolicyControl objects used for some types of harvest
management.

SpawningM anager

Cohort spawning processes and data.

MigrationM anager

Cohort migration processes and data.

Fisheries

Fishery object storage.

Stocks

Stock object storage.

IterationM anager

Handles iteration across timesteps.

DataRequestM anager

Summary and output data calculation and storage.

Standar dDataOutputM anager

Outputs Standard Data Sentencesto file.

SystemClock Manages system time (timesteps and years).
Geogr apher Manages information about geographic regions.
Historian Makes certain common summary data available to all processes.

5.5.2 Common Fundamental Objects

The following sections describe some of the common objects used throughout the model.
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5.5.2.1 Cohort and CohortID

Cohort isone of the most basic classesin the model. One object of this classis created for every cohort in the
system. The purpose of this object istwofold: to store identification information about a particular cohort in the
simulation, and to store and manage information about that cohort’ s regional abundance as the simulation
progresses.

Cohort identification information is handled by the Cohortl D class (because of its close association with
Cohort, it isaso declared in Cohort.h.) Every Cohort object contains a constant CohortlD. Thisvery simple
class contains all the identifying information concerning a cohort, with each characteristic typically being
implemented as an instance of an enumerated type. The Cohort class duplicates the interface of the CohortlD
class and thus serves as an “envelope”? for it. Existing cohort characteristics include stock_, broodYear
age , run_, prodType , maturity , mark_, tag , sex_, and growthGroup_. Of these, run_ refersto therun
timing (spring or fall) and prodType _refers to the production type (wild or hatchery). Otherwise, the
meanings of these identifiers should be self-evident (refer to the code for more details). See below for an
example of how to add a new type of cohort characteristic to the model.

The Cohort class maintains the regional abundances for a cohort in a simple contained vector of type
AbundanceVector. For active cohorts, this represents the current abundance distribution for that cohort across
all the regions at any given moment during the simulation. Methods for accessing and manipulating these
abundances are also provided. The temporal granularity for abundance calculationsis the “ Simulation Process’
(Section 5.4.1), meaning that it is required that all cohort abundances be current and correct before entering and
after exiting each Simulation Process. Note that since cohort abundances are accurate at this moment between
Simulation Processes, but will be updated during the subsequent Simulation Process, the

DataRequestM anager is called at each of these timesto record (if configured to do so) cohort abundances for
the purposes of data output.

The Cohort class also contains an AbundanceVector for the purpose of storing mortalities calculated during
the natural mortality Simulation Process. Thisis an anachronistic implementation maintained for convenience.
In the long run this data would be better handled by new structures in the NaturalM ortalityM anager .

Cohort objects are created and managed by the CohortM anager, which serves (among other things) asa
factory (i.e. implements a modified Factory Pattern®) for Cohort objects. The CohortM anager also provides
accessto all Cohort objects. At configuration time, theinitial set of Cohort objectsis created according to
specifications given by the user in the input data files. These cohorts maintained by the CohortM anager on a
pending list. At the start of each timestep, the CohortManager determines which pending cohorts should be
activated based on the brood year of the cohort, and activates the cohort if appropriate. New cohorts created
during the course of the simulation (due to maturation or spawning, for example) are typically activated
immediately. The CohortManager also conceptually maintains the list of active cohorts. However, the current
implementation has the contents of thislist distributed over the Stock objects. All handles to cohorts should be
acquired through the CohortM anager, although in older sections of code there are till a small number of
anachronistic references to active cohorts obtained directly from the Stock objects.

5.5.2.2 GenericArray and GenericArraylndex

The Generic Array system used in the Coast Model is fundamental to the storage of input parameter data. This
system is employed to achieve maximum flexibility in the specification of parameter dimensionality at runtime,
while till providing rapid data access during the simulation. The basic concept is that there are a fixed number
of possible dimensions for parameters, and that indices for all known dimensions are provided during lookup.

2 Coplien, “ Advanced C++”, pp. 133-140

3 Gamma, Helm, Johnson, Vlissides, “ Design Patterns’, pp. 107-116
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However, the dimensionality for a given parameter isfixed at initialization time (based on input file data), and
the parameter tables configure themselves appropriately, making use only of the correct indices when accessing
data elements. The GenericArray abstract base class provides the interface for data parameter tables exhibiting
this functionality, and the GenericArraylndex concrete class encapsul ates the indices for al known
dimensions for the purpose of indexing a particular element in the array.

Possible dimensions dereferenced by a GenericArray are:

Cohort characteristics: stock, brood year, run type (fall or spring), production type (wild or
hatchery), maturity, mark status, tag status, sex, growth group, age;

Process parameters: fishery, region;
Clock parameters:. year, timestep.

All possible dimensions are contained in the GenericArrayl ndex, which provides a number of constructors.
The most basic GenericArraylndex constructor is (from GenericArray.h):

Generi cArrayl ndex(const Cohort* c, unsigned fishery=0,
unsi gned regi on=0, unsigned year=0, unsigned tinme=0);

All of the cohort related indices are initialized from the cohort object, while indices into the global lists of
fisheries and regions may also be supplied, as well as year and timestep references.

Since the purpose of the Generic Array system isto allow parameter tables to change dimensionality at runtime,
it isimportant to always supply information about every possible dimension during table lookup. Followingis
an example table lookup from the Har vestM anager .

Example:

/1 base harvest rate * fp

doubl e Harvest Manager : :

hvRat e(const HvMort* hvnort)

{

Generi cArrayl ndex id(& hvmort->cohort()),

hvnort - >fishery().index(),
hvnort - >regi on() . i ndex(),
. Syst enCl ock->current Year | ndex(),
. Syst enCl ock->current Ti nel ndex());

return ((*hvRateTable_ )[id] * (*fpTable_)[id]);
}

In this example, hvRateTable and fpTable are GenericArray objects representing tables of base harvest
rates and FP values respectively. Inthelast line, each is dereferenced (using operator[]) with thelocal
GenericArraylndex object id. The constructor shown above is used to create id, utilizing information from the
passed in HvM ort pointer to obtain the proper cohort, fishery, and region. Note that Fishery and Region
objects are each able to supply the proper index for usein Generic Array lookups. The global SystemClock is
used to obtain the current simulation year and timestep. Thus, regardless of what the actual dimensionalities of
the harvest rate and FP tables are (as defined by the user in configuration files) the proper data will be extracted,
because indices for all possible dimensions are supplied.
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Classes that derive from GenericArray are straightforward. FisheryYearArray isan example of atwo
dimensional generic array that uses the fishery and year dimensions for indexing. The definitions of the
inherited lookup methods and private member data are (from FisheryYear Array.h):

tenpl ate <class T>
cl ass FisheryYearArray : public GenericArray<T> {
/...
/1 generic interface
virtual const T& operator[](const GenericArraylndex& id) const
{ return array_[id.fisherylndex][id.yearlndex]; }

virtual T& operator[](const CenericArrayl ndex& id)
{ return array_[id.fisherylndex][id.yearlndex]; }
/...

private:
size_t nFisheries_;
size_t nYears_;

Array2D<T> array_;
s

Inthisexample, array_isamember variable of type Array2D<T> which provides a smple two dimensional
array with the expected operator[] interface. The FisheryYearArray class also provides constructors(not
shown above) to create the underlying array in the proper size and possibly initialize it with default values, as
well asthe required definition for the inherited abstract virtual method newGenericlndexList(). Thislast
method is required in every concrete GenericArray derived class. Its purpose is to create one
GenericArraylndex on the heap for every possible element in the array and add each to the supplied list. This
can be used by the caller to iterate over the entire array. For FisheryY ear Array the definition of this method is:

/1 append to a list of GenericArraylndex one new entry (on the heap) for
each index in the array.

tenpl ate <class T>
voi d Fi sheryYear Array<T>::
newCGeneri cl ndexLi st (RMPt r Or der edVect or <Generi cArrayl ndex>& i ndexLi st) const

{
for (int f=0; f<nFisheries_; ++f) {
for (int y=0; y<nYears_; ++y) {
Generi cArrayl ndex* id = new GenericArrayl ndex(0, f, 0, y, 0);
i ndexLi st. append(id);
}
}
}

In this example, nFisheries_and nYears_are class member variables initialized in the constructor to values
corresponding to the proper sizes of the two dimensions.
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5.5.2.3 GenericArrayFactory

Generic Arrays are created at runtime upon user request (from specifications in data input files) by using the
GenericArrayFactory class. The class contains an enumerated type listing all GenericArray derived concrete
classes currently available. More Generic Arrays may be added to thislist as they are developed without
disrupting the operation of existing ones. At present this enumeration consists of:

/1 all types of generic arrays

enum Ceneri cArrayType

{ TinmeStep,
St ockAgeTi ne,
St ockYear, StockYear Ti neRegi on,
St ockYear AgeTi me, StockYear AgeTi meRegi on, StockYear AgeTi neMaturity,
Fi sher yRegi onTi meSt ockAge, Fi sheryRegi onTi neSt ockAgeMar k,
Fi sheryYear Age, Fi sheryYear Stock, FisheryYear St ockAge,

Fi sheryYear, FisheryYearRunAge, Fishery,

RunAgeMat uri tyTi ne,
Mat urityTi ne,
NTypes

b

Note that the final value, NTypesis not an array, but rather an indicator of the end of the list. New Generic
Arrays are obtained by calling one of the four factory methods made available by this class, shown below.
These methods differ only in whether maximum dimension sizes are explicitly specified (by using a
GenericArraylndex parameter) and whether a default value for the elements of the array is specified. Function
overloading was not used in the naming of these methods simply because at the time of coding the Microsoft
compiler could not handle this language construct for template classes.

/1 build a new array of a particular dynam c type. dinension
/1 sizes maxima by default, or are passed in the appropriate
/1 fields of the GenericArraylndex paraneter. the caller is
/1 responsible for deleting this array.

Generi CArray<T>*

newGeneri cArrayFn0O( Generi cArrayFact ory<T>:: Ceneri cArrayType);

Generi CArray<T>*
newCGeneri cArrayFnl( Generi cArrayFact ory<T>:: Generi cArrayType,
const T& dfltVal);

Generi CArray<T>*
newCGeneri cArrayFn2( Generi cArrayFact or y<T>:: Generi cArrayType,
const Generi cArrayl ndex&);

Generi CArray<T>*
newCGeneri cArrayFn3( Generi cArrayFact or y<T>:: Generi cArrayType,

const GenericArrayl ndex& const T& dfltVal);

Whenever a new concrete GenericArray derived classis created which is to be made available to the user, the
GenericArrayFactory class must be updated. The new array should be added to the GenericArrayType
enumeration, and the constructor and the newGenericArrayFn2() and newGenericArrayFn3() methods
updated.
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The constructor for GenericArrayFactory creates the mapping between available array types and the actual
strings that appear in user data files to request a particular type. Note also that in the constructor thereisa
special check that is activated in debug compilations to provide increased assurance that all isin order:

#i f def DEBUG
/1 make sure all the types are accounted for
assert(MaturityTinme == 16 & MaturityTime == NTypes-1);
#endi f // DEBUG

This check must be also be updated. The convention isto always keep MaturityTime asthe last array in the
enumeration, and update its index accordingly here.

See the HarvestPar ser example below for an illustration of how to use GenericArrayFactory.

5.5.24 Example: Adding a New Cohort Characteristic

Although highly configurable during runtime, there are obviously some Coast model modifications which
would need to occur at the code level. One example is adding a new cohort characteristic. This section shows
all the steps necessary to implement a change of this sort.

Let’s assume a new cohort characteristic, “color” isto be added. First, the characteristic is added to the
CohortlD class found in Cohort.h, asin:
enum Col or { C_UNKNOWN, REDFI SH, BLUEFI SH, N_COLCRS };

A new member variable, color_ would be added to the private sections of CohortlD and the initiaizer listsin
all of the constructorsin the Cohortl D class would be updated. The operator==() method and the idString()
methods for this class would also be updated. A new accessor method would also be added:

Col or color() const { return color_; }
Next, asimilar accessor method would be added to the Cohort class:

CohortID::Color color() const { returnid_.color_; }

Since Generic Arrays work closely with cohort characteristics, the GenericArraylndex classin GenericArray.h
must also be updated. A new member variable for indexing on color would be added:

unsi gned col or;

Theinitiaizer listsin al GenericArraylndex constructors would be updated to reflect the new field. The
method oper ator ==() would also be updated. The member method reset T 0Sizes() would be updated by adding
the following new line:

color = Cohortl D : N COLORS;

This completes the basic modifications necessary in order to use the new cohort characteristic in new
algorithms. However, it is also necessary to make modifications to allow the user to specify this characteristic
as part of the cohort definitionsin the input files. To achieve this, new methods are added for each of the
possible new characteristic values in the CohortPar ser class (see the Harvest Parser example in Section
5.5.3.4.1 for amore general explanation of the operation of the Parser and its derived classes):

voi d redfish();
voi d bl uefish();

The definitions for these methods in CohortParser.cpp are straightforward:
voi d Cohort Parser::redfish()
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{ cohortID_.color_ = CohortlD:: REDFI SH;, }
voi d Cohort Parser:: bl uefish()
{ cohortID_.color_ = CohortlD::BLUEFI SH, }

Additionally, new tokens to specify these values are declared in CohortTokens.h and defined in
CohortTokens.cpp, and included in CohortPar ser::initk eymap(), e.g.:

keymap_. i nsert (Cohort Tokens: : REDFl SH, redfish);
keymap_. i nsert (Cohort Tokens: : BLUEFI SH, bl uefish);

Finally, the user needs the ability to specify these characteristic values as possible dimensions in input files that
handle Generic Arrays (on the assumption that eventually a concrete Generic Array will be built which offers
this dimension). This is done by modifying the GenArrayPar ser class. New methods are added for each of the
new cohort characteristic values:

voi d GenArrayParser::redfish()
voi d GenArrayParser:: bl uefish()

A new method to push state for the color dimension is also added:

voi d pushSt at eCol or (const Range<i nt> col ors);

The definitions for similar methods in GenArrayParser.cpp should be examined for examples on how to
implement these methods. Member method

tenpl at e<cl ass T> voi d initGenArrayKeymap(Keywor dProcessor <T>& keymap)

is modified by adding code to connect the new characteristic value methods with the proper tokens (this method
isfound in GenArrayParser.h):

keymap. i nsert (Cohort Tokens: : REDFI SH, &T::redfish);
keymap. i nsert (Cohort Tokens: : BLUEFI SH, &T: : bl uefish);

This completes the implementation of the new cohort characteristic.

55.25 lteration

The Coast Model can handle iteration over timesteps (and years) during the course of simulation. This feature
istypically used to achieve particularly complex harvest management objectives. In the Coast Model, an
iterative algorithm begins operating in a fixed and predetermined first timestep, and completesin afixed last
timestep. The process of iteration is straightforward: when the first timestep is reached the state of the systemis
recorded. When the last timestep isreached, an analysisis carried out to determine whether or not iteration is
required. If iteration isrequired, then the system clock is reset to the first timestep, iteration control variables
are modified with new data, and the previously recorded stateisrestored. If iteration is not required, then the
simulation proceedsin anormal manner. A number of classes work together to implement this type of
simulation iteration, including I terationM anager, IterationControl, and State. The reader should examine
comments in the code for these classes and derived classes for detail concerning the working of this system
beyond the brief overview provided below.

55251 State

The concept of state is fundamental to the working of the iteration system. All data parameters in the system
are divided into one of three categories:

Static state: data parameters whose value does not change over the lifetime of the simulation.
Variable state: non-control data parameters that may change value during the simulation.
Control variables. data parameters modified by iterative algorithms to achieve end conditions.
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All FisheryPoalicy objects, as kept in the policyTable maintained by the FisheryManager, are considered
control variables. These are the only control variablesin the system, and thus are the only permissible datato
be overwritten by IterationControl objects when making adjustments in order to meet end conditions. Most
other input data parameters are part of the static state of the system. Variable state information includes all of
the Cohort objects (which includes current abundances) and al of the DataRequest objectsin the system (each
of which may maintain local data.)

At the start of an iteration algorithm, the state of the system is saved. At some later point in time, if the end
condition for that algorithm is not met, then the clock will be reset to the start time of the algorithm, the system
state will be restored, and control variables will be modified so that the end condition might possibly be met on
the upcoming iteration. The State classis the abstract class used for saving state information. The SystemState
class records the state of the entire system for the purpose of later restoration as part of an iterative algorithm.
Since static state information never changes, it is not saved as part of the SystemState. Since the control
variables are modified in order to meet end conditions during iteration, and since multiple iterative algorithms
may be operating simultaneously all modifying different subsets of the available control variables, none of the
control variables are saved as part of the SystemState. Therefore, only variable state information is saved.

552511 SystemState

The SystemState class is derived from the State abstract base class. As described above, it records all of the
variable state information in the system. It employs the Composite® pattern in itsimplementation. Thus, it
maintains alist of other State objects, which together encapsulate the entire variable state of the system. Since
each State derived object maintains whatever local datais necessary and responds to messages to saveState()
and restoreState() it is straightforward to carry out those operations for the entire system.

The SystemState class also implements an internal reference counting® system as a space optimization (see files
RCObject.h and RCPtr.h.)

5.5.25.2 IterationControl

The basic abstract classinvolved in simulation iteration is IterationControl. It provides member datato track
the first and last timestamps of the desired iterative algorithm (a timestamp includes both the year and the
timestep). A handle for recording the SystemState at the start of iteration is also provided, along with some
utility routines for manipulating this state. Three methods form the primary interface for this class.
iterationRequired(), tests whether or not iteration is required given the current state of the system. A default
definition for this method is provided which calls the pure virtual method endConditionSatisfied(), where the
actual work of evaluating the end condition is performed in the derived class. resetControlVariables() is used
to calculate new values for the iteration control variables at the start of each new iterative loop.

At present the only IterationControl derived class available is MultiCeilinglterationControl. An object of
this classis used to implement the harvest management policy in which a single fishery harvests a fixed quota
over multiple timesteps while maintaining a constant harvest rate over those timesteps. Many different objects
of this class may all operate simultaneously in order to achieve this management objective for several fisheries
in the same time period.

* Gamma, Helm, Johnson, Vlissides, “ Design Patterns’, pp. 163-173

® Meyers, “ More Effective C++”, pp. 183-213
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5.5.25.3 IterationManager

The iteration system is controlled by the monostate IterationM anager. This class organizes all of the
IterationControl derived class objects. It ensures that for each,

the system state is recorded and stored (in the IterationControl object) upon entry into the
first timestep of interest for that control;

that each IterationContr ol object evaluatesits end condition at the completion of the last
timestep of interest; and

that iteration actually occurs when necessary, including resetting the system clock and causing
IterationControl objectsto reset their control variables when appropriate.

Thereisan implied ordering of IterationControl objects in which those with more recent “first” timesteps
iterate to completion before those with earlier “first” steps. The IterationM anager enforces this ordering by
using a somewhat complicated internal ordered list implementation to contain the registered IterationControl
objects.

In order to accomplish its tasks, the I ter ationM anager must receive two messages at particular points during
the simulation. At the start of each timestep, beginTimeStep() must be called, while endTimeStep() must be
called at the end of each timestep. These calls are found in RunTheM odel() in engine.cpp.

5.5.2.6 DataRequest

During the course of the simulation various data may be tracked, cumulated, or analyzed. For maximum
flexibility, thisis performed through the use of DataRequest objects. This abstract base class provides four
methods as the primary portion of itsinterface: config(), collect(), output(), and clear (). The canonical usage
isto register (or, more accurately, schedule()) any desired DataRequest objects with the

DataRequestM anager. This monostate ensures that the collect() methods are called for each DataRequest
after every Simulation Process. Similarly, each of the output() methodsis called after the smulation is
complete.

Although the primary purpose of DataRequest objectsisto collect output data, they may be used for other
purposes aswell. For example, the Historian monostate schedules a TrackDetailedFisheryCatches object
(derived from DataRequest) with the DataRequestM anager in order to efficiently collect a specific type of
harvest data and make it available to any object during the course of the simulation. Certain harvest
management algorithms make use of this summary data to analyze and implement management actions.

5527 LogMsg

Warning and error messages are output to the user via the static function LogM sg(). This alows the
programmer to output a printf style message to the screen (when the model is compiled as a console
application.) Messages at various different “levels’ may be created. Eventually this would allow the user to
filter messages based on log level, although that functionality is not currently available. Additionaly, all
logged messages are copied to file coast_log.txt. The code for this module may be found in log.h and log.cpp.
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5.5.3 Special Purpose Classes and Objects

The following sections describe afew of the classes and objects that participate in some of the more
complicated operations in the model.

5.5.3.1 Harvest Classes

The most complex Simulation Processis harvest. The entry point for this processis

FisheryManager ::takeHarvests() (this call isfound in engine.cpp), which is called to invoke the harvest
processin each timestep. The workings of this method also provide an overview of the entire harvest process.
The actions taken are:

1. Generate temporary data storage for the harvest mortality data. (Thisresultsin the creation of
FisheryUnit and HvMort objects.)

2. Instruct the PolicyControlManager to perform preHarvestM anagement().
3. For each Fishery:
Compute legal catches.
Compute shaker incidental mortality.
Compute CNR incidental mortality.
Instruct the PolicyControlManager to perform postHarvestM anagement().

5. Update al cohort abundances by applying the computed harvest mortalities from each
Fishery.

It is worthwhile to note that the organization of the harvest process presumes that within a timestep harvests for
individual fisheries may be computed independently. The only way to achieve interactive effects across
fisheriesis by using the Iteration feature of the model (described above). Similarly, it isfurther assumed that
harvest in a specific fishery and region (in a particular timestep) may be computed independently from other
fisheries and/or regions. It is possible that this last requirement may be loosened at some point in the future, but
for the moment the code structure adopts this as an invariant.

These sub-processes and the classes that implement them are described in further detail in subsequent sections.

55.3.1.1 FisheryUnit

Harvest actions occur independently in each region for each fishery. The FisheryUnit class encapsul ates this
intersection. At the start of the harvest processin each timestep, each fishery constructs alist of FisheryUnit
objects representative of the regions in which harvest will occur for each fishery. Thisisaccomplished viathe
method Fishery::makeHarvestList(). Each fishery is configured (from runtime data) with “schedule”
information that specifies the times and regionsin which it isto be active. Thisinformation is used to construct
the proper FisheryUnit listsin each timestep.

Fisheries perform harvesting by sending a message instructing the FisheryUnit to do so. Each FisheryUnit
contains alist of HvM ort aobjects to contain the harvest mortality data. The HvMort class represents the
intersection of afishery, region, and cohort, and is responsible for the harvest calculation. A FisheryUnit will
contain one HvM ort object for each cohort to be harvested by the fishery in a particular region. Since cohorts
are created and destroyed during the course of the simulation, thislist of HvMort objects is also reconstructed
at the start of each harvest process in each timestep, at the same time that the FisheryUnit lists are created. The
actual work of creating the HvM ort objectsis performed by Har vestM anager ::cr eateHarvestM orts() (called
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by the FisheryUnit). The FisheryUnit retains ownership of these objects, and references are also handed to the
fishery to ease certain accounting tasks. The HarvestM anager considers whether the cohort is of harvestable
age and has non-zero abundance in the region when deciding whether to create a corresponding HvM ort object.

5.5.3.1.2 FisheryPolicy

FisheryPoalicy is an abstract base class for conducting harvest under particular management policies. The
interface includes two public methods: harvest() for performing all harvest in asingle Fishery and Region; and
effortScalar () to access the effort scalar used by that policy inits harvest computation. There are currently two
concrete FisheryPolicy classes, FixedHar vestRatePolicy and FixedQuotaPolicy.

The FixedHar vestRatePolicy class performs harvest using afixed harvest rate provided by input data (i.e. the
effort scalar and base harvest rate do not change while executing this policy in a particular timestep).

The FixedQuotaPolicy enforces a quota upon the harvest for asingle fishery in asingle region in the current
timestep. The quota may either be “forced” or not as specified by input data. An unforced quota means that
harvest for afishery will be truncated to the level of the quota, but harvest initially computed to be below the
level of the quotaisalso allowed. A forced quota ensures that the final harvest of the fishery will meet the
guota nearly exactly (within a certain tolerance, currently set at 0.001% of the quota). The FixedQuotaPolicy
will select anew effort scalar and recompute harvest as necessary in order to meet the quota. This ability to
search for the proper effort scalar is especially important if the harvest function itself isnon-linear. The search
is conducted using Sear ch class object, which employs a guarded secant method (see inline commentsin
Search.h and Search.cpp for details).

It isrequired that there exist a FisheryPolicy object for every combination of Fishery, Region, and timestep in
which harvest occurs. The FisheryManager maintains a PolicyTable for thisdata. At configuration time this
tableisinitialized with default FixedHar vestRatePolicy objects with an effort scalar of 1.0 in each element.
Input parameter data then overrides selected elements where other harvest management policies are desired.

5.5.3.1.3 PalicyControl

Some harvest management policies may span multiple timesteps. For example, the current PSC configuration
of the model requires that fishery harvests be tracked over a base period before generating FisheryQuotaPolicy
objects for the remainder of the simulation, using the base period average harvest as well as other scalars
supplied asinput data. The PolicyControl abstract class supports this type of functionality.

CeilingScalar PolicyControal isthe only derived PolicyControl class currently available. The interface of the
PolicyControl class includes simply the preHarvestM anagementAction() and

postHar vestM anagementAction() methods, called at the start and finish of the harvest processin each
timestep, as described above. The PolicyControlM anager monostate manages all the PolicyControl objects
active in the system and ensures that each is called at the appropriate times.

5.5.3.1.4 HvMort and HarvestProcess

As described above, the HvMort class represents the intersection of afishery, region, and cohort, and actsas a

repository for the harvest mortality data (both legal and incidental) for that grouping. Itsinterface containsthe

harvest() method which takes the policy-determined effort scalar as a parameter in order to perform the harvest
calculation.

Each HvM ort object is configured with a Har vestPr ocess object used to finally calculate harvest mortality.
The abstract Har vestPr ocess class contains a single method, computeCatch(). Thereis currently one
HarvestProcess derived class, Linear Har vestPr ocess, which implements the simple formula:

catch = cohort_abundance * (base_harvest _rate * (1 - pnv) * fp *
policy_effort_scal ar)
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The various parameters are obtained by instructing the HarvestM anager to perform lookups into the data
parameter generic array tables it maintains.

The HvMort class contains the following member variables, which serve as the repository for harvest mortality
data: legalCatch_, shakers , dropOffs_, cnrSublegal_, and cnrLegal .

5.5.3.1.5 Legal Catch Process Detail

To summarize, using the classes and objects described in the preceding sections, legal catch is calculated as

follows:

The FisheryManager calls Fishery::takeHarvests() for each Fishery.
The Fishery calls FisheryUnit::harvest() for each FisheryUnit.

The FisheryUnit calls FisheryM anager ::findPolicy(FisheryUnit*) to retrieve the correct
FisheryPolicy object.

The FisheryUnit invokes the har vest(FisheryUnit*) method of the FisheryPolicy in order to
allow the management policy to control the harvesting.

The FisheryPolicy computes the proper effort scalar and invokes the har vest(double
effortScalar) method of the FisheryUnit. The FisheryPolicy may repeat these actions as
necessary until its management objectives are met (e.g. to enforce a quota.)

The FisheryUnit callsthe harvest(double effortScalar) method for each of itsHvM ort
objects.

The HvM ort invokes the computeCatch(const HvM ort& , double policyScalar) method of
its contained Har vest Pr ocess object.

The Har vestProcess computes and returns a catch to the HvMort object, which savesthis
mortality data. This completes the computation of legal catch of asingle cohort by asingle
fishery in asingle region in asingle timestep.
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5.5.3.1.5.1 Harvest Computation Flow (Legal Catch)

PolicyControl

FisheryM anager @ i Fishery
takeHarvests P takeHarvests
findPolicy (FU)
FU
|/ PolicyTable @ |:| @
FisheryPolicy
harvest(FisheryUnit) . .
FisheryUnit
EffortScalar
harvest
harvest(EffortScalar)
fishery
. region
Quota FixedHR @
harvest harvest HVMort
EffortScalar EffortScalar \—|£|
Cohort
abundance (R)
HVMort currentAbd [R]
harvest (E) */'
cohortAbundance @
HarvestM anager cohort
fishery
HVRate (HVM) region
PV (HVM) @ legal Catch
HarvestProcess
HVRateTable @
FPTable
PNVTable
HarvestProcess

computeCatch (HVM, E)

/

¢ = n*hr*fp*pv

\

c = n(1-exp(-gE))
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5.5.3.1.6 Incidental Mortalities

Asdescribed in Section 5.5.3.1, after the FisheryM anager computes legal catch for afishery, it then proceeds
to compute incidental mortalities for shakers and CNRs by invoking the Fishery methods setShaker () and
setCNR(), respectively.

553.1.6.1 Shaker

The Fishery computes shakers for all of its harvests simultaneously. It retrieves from the Har vestM anager the
correct Shaker object. Shaker is an abstract base class which supplies the setShaker s() method as part of its
interface for this purpose. The result of this operation is that the shakers and dropOffs_ data elements of all
the HvM ort objects associated with the fishery will be set to new mortality values.

Concrete classes derived from Shaker that perform the computationsin a variety of different ways
(documented elsewhere) and are currently available are: PSCShaker, PSCCustomShaker, PSCDropShaker,
and PSCCustomDropShaker.

553.16.2 CNR

The Fishery generates CNR mortalities by calling the sst CNR() method of each of its HvMort objects. The
HvM ort then instructs the Har vestM anager to return the correct CNR object. The HvM ort then invokes the
sublegalM ort() and legalM ort() methods of the CNR object, whose return values are used to set the
cnrSublegal _and cnrLegal_ member variables, respectively.

CNR isan abstract base class. The concrete classes derived from CNR that are currently available are:
CNR_HarvestRatio, CNR_HarvestRatioM ultipleEncounter, CNR_ReportedEncounter,

CNR_SeasonL ength, and CNR_SeasonL engthM ultipleEncounter. The function of each of these classesis
described elsewhere. This use of the CNR hierarchy is an implementation of the Strategy® design pattern.

5.5.3.2 Production Classes

The SpawningManager controls the Simulation Process that handles the production of fish. This monostate
provides the process entry point spawnCohorts(). It also maintains a ProductionTable (generic array) of
Production class objects. The basic procedure for spawning isfairly straightforward. Spawning is done at the
stock level (as opposed to the cohort level). At each timestep, every stock and region are examined. If thereis
aProductionTable entry for that stock and region (in the current timestep) then production will occur. The
total adult mature regional abundance for that stock and region (regional escapement) is calculated, and the
spawn() method of the appropriate Production object isinvoked. The output of this method is the new
abundance of age O fish for that stock and region. CohortM anager :: makeNewAgeOCohorts() isthen called to
create new active cohorts for the newly spawned fish. Some of the constituent classes in this process are
described in further detail in the next sections.

5.5.3.2.1 Production and ProductionFunction

The Production class’ primary function isto return a value (from the Spawn() method) representing the
abundance of newly spawned fish from the given regional escapement. Thisisaccomplished by maintaining a
list of ProductionFunctions, and calling the spawn() method on each, supplying the full escapement value as
argument, and totaling the results. ProductionFunction is an abstract base class. A typical
ProductionFunction derived class will calculate the value of a particular production function using some

® Gamma, Helm, Johnson, Vlissides, “ Design Patterns’, pp.
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portion of the total escapement, usually accomplished by enforcing the minimum and maximum escapement
values of interest to that function. It isup to the user to ensure at data input time that the various minimaand
maxima for the group of ProductionFunctionsin agiven Production object combine to cover the full range of
possible escapement values (unless implicit truncation is desired). For example, three functions might be
configured such that the first would operate on the portion of the escapement abundance from 0 to 10,000 fish,
while the next function would handle the portion of the escapement in the 10,000 to 15,000 range, while the last
would handle al the remaining escaped fish above the level of 15,000 (if any).

At present, there are four available ProductionFunction derived classes, although more may be added in the
future. These are described in the following table.

Table4 Available ProductionFunction derived classes

Linear Production Simple linear function

Ricker Production Ricker function

VariableTruncationRicker Production Ricker function with run-time variable truncation

EnhancedRicker Production Ricker function with enhancement and optional density
dependence

5.5.3.2.2 CohortGenerator

After the abundance of new age O fish is calculated, the CohortM anager isinstructed to create new active
cohortsviaacall to CohortManager ::makeNewAgeOCohorts(). Thisin turn invokes newAgeO0Cohorts() on
the stock in question, supplying the abundance, region, and brood year. Each Stock is configured with a
CohortGenerator derived class, which performs the work of creating new age O cohorts. By default, astock is
configured with a DefaultCohortGenerator object. (At present, there is no user interface for selecting any
cohort generator other than this default one.) The DefaultCohortGenerator simply creates a CohortlD using
the given stock and brood year, alowing other cohort characteristics to assume default values. This Cohortl D
is used to search for currently active cohorts matching the id. If oneisfound, then the regional abundance of
that cohort isincremented by the new abundance of age O fish. If a matching active cohort is not found, then a
new one is created with the new regional abundance of age O fish set appropriately. The final effect isto create
new age O fish for the current brood year in the region where they are spawned. It is expected that the age-
specific transition matrices will be used to migrate those fish to the ocean at the appropriate time.

5.5.3.3 Data Output

As described above, data output for the model is handled by scheduling DataRequest objects with the
DataRequestM anager. At present there are three text output files generated in this manner.
OutputFisheryCatches cumulates legal catch by year and fishery and outputs this data to file stndcat.prn.
OutputPSCStock Escapements tracks escapement by stock and year and outputs this data to file stndesc.prn.
Output file coast_output.txt contains Standard Data Sentence format output for the model run. The

Standar dDataOutputM anager manages this file and generates the output data by scheduling DataRequest
derived classes SDS Cabn, SDS Nmrt, and SDS Fmrt with the DataRequestM anager. The Standard Data
Sentence format is described in Section 4. All of these DataRequest file output data objects are scheduled with
the DataRequestM anager during the initialization phase of the model.

5.5.3.4 Datalnput Parser

The parser is atool usable by other applications. In the Coast Model, it is employed by severa of the
initialization routines for the purpose of reading input data from text files. The input language for the Coast
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Model is described Section 3. The fundamental abstract class for processing input file datais Parser. This class
is derived from FreeFor mReader, which processes sequential tokens from afile without formatting, while
handling comments and specia characters. Finally, this class contains a LineBuffer that is used to process afile
aline at atime and extract tokens.

Parameter dataisread by classes that derive from abstract base class Par ser. TopL evelPar ser is one such
class, responsible for processing tokens at the top level of the input hierarchy. Parameter data at other levelsis
handled by deriving from abstract class SubPar ser, which itself is derived from Par ser. The purpose of
SubPar ser isto handle the coordination of nested command block data (see Section 3). Examples of concrete
classes deriving from SubPar ser include ConfigPar ser, CohortPar ser, StockConfigPar ser, and others.

GenArrayParser is another abstract class deriving from SubPar ser. It is used to process any parameter data
which consists of a Generic Array (see Section 3 as well as descriptions of Generic Arraysin Section 5.5.2.2).
Concrete classes deriving from GenArrayPar ser include Har vestPar ser, FpPar ser, ProductionPar ser, and
many others.

Concrete classes deriving from Par ser typically accomplish the work of processing tokens and calling
corresponding class methods by using template class K eywor dPr ocessor .

55.34.1 HarvestParser — An In-depth Example

This section examines the Har vestPar ser classin detail as an example of how to build modules to parse
parameter data. The reader should first examine all the inline comments in the Par ser and derived classes,
including GenArrayPar ser, before attempting to follow this example. The reader should also be familiar with
the GenericArray and GenericArraylndex classes, with the coast model input language (described in Section
3), and in particular with the format for specifying generic array datain the input files.

5.5.3.4.1.1 HarvestParser Declarations

Basic harvest rates reside in a generic array table HvRateT able in the Har vestM anager class. It consists of a
generic array of double. A programmer wishing to write code to process input data for this generic array would
begin by creating the Har vestPar ser class and making it a friend of the HarvestM anager. Examining
HarvestPar ser (the following codeisfound in HarvestParser.h):

/1l the harvest parser is a generic array parser

cl ass HarvestParser : public GenArrayParser {

The purpose of this classisto parse datafor ageneric array. Therefore, it derives from GenArrayParser in
order to parse al of the generic array tokens.

public:
Har vest Par ser (Parser & p, RWCString di nension);

The constructor takes as arguments a parser with a currently open file, and the token that represents the
dimension of the generic array requested by the user in the file.

protect ed:
virtual void processKeyword(const RWCString& token)
{ keymap_. processKeyword(*this, token); }

The only public methods are those specified in the base classes. The virtual method processK eywor d() isthe
canonical way to invoke processing functions on tokens. The member variable keymap_is the mapping
between valid tokens and the corresponding class methods.

private:
friend class KeywordProcessor<Harvest Par ser >;
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Keywor dPr ocessor <Har vest Par ser > keynmap_;

The mapping between tokens and methods is defined using template class
K eywor dPr ocessor <Har vestPar ser >, which must also be given friendship privileges.

const RACString dinension_; // string rep of dinensionality

The dimensionality of the generic array as given in the constructor is retained for future use.

virtual void initKeymap();
virtual void initState();
voi d configHvRate(State* state);

These three initialization methods are all used by the constructor. initK eymap() sets up the token/method
mapping. initState() initializes the state stack in the GenArrayPar ser portion of the class, necessary for
processing nested layers of generic array tokens. configHvRate() sets up the actual generic array used to store
the input data.

voi d hvRate();
s
There isonly one simple token for the harvest rate data processed by this class. hvRate() is the method used to

process the final harvest rate data when specified in the input file. This method is entered in the keymap with
its corresponding token.

55.3.4.1.2 HarvestParser Definitions

This example is continued by examining the method definitions for the Har vestPar ser class, found in file
HarvestParser.cpp.

/1 ctor utility fns
voi d
Har vest Parser: :init Keymap()

{
keymap_. i nsert (Harvest Tokens: : H/RATE, hvRate);

The single simple token for this class isinserted into the keymap along with the address of the appropriate
processing method. The actual string value of HarvestTokens::HVRATE happensto be "BaseHR", and is
found in file HarvestTokens.cpp. This string iswhat appears in the input data file when the user specifiesfinal
base harvest rate values.

i nit GenArrayKeymap(keymap ) ;
}

All of the common tokens for processing generic arrays and their corresponding methods are also inserted into
the keymap by calling this GenArrayPar ser base class method.

voi d

Harvest Parser::initState()

{
/1 configure the initial state with the correct id list.
State* state = new State;

The State classis declared in the GenArrayPar ser base class, and is used to handle the processing of nested
levels of generic array specifications. (Note that thisis a contained classin GenArrayParser for usein that
class and classes derived fromit. Thisis not the same as the system-wide State class described in Section
5.5.2.5.1.) Hereanew state is created for the Har vestPar ser classto do itswork. Thisstate object is deleted in
method GenArrayPar ser::par seEnd() when the final “end” token for this generic array is processed.

stat e->context = "HarvestData";
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A string describing the context of the current state is supplied for user messages.
configHvRat e(state);

This class method is called to create the generic array storage, and to configure the state object with the initial
list of all of the GenericArraylndex objects necessary to reference every possible element of this particular
generic array.

st at eSt ack. push(state);
}

Finally the properly configured state object is pushed onto the stateStack maintained by the GenArrayPar ser
base class portion of this Har vestPar ser.

Har vest Par ser: : Har vest Par ser (Parser & p, RWCString di nensi on)
GenArrayParser (p), dinension_(dimension)

{
initState();
i nitKeymap();
}

The constructor initializes the base class, stores the dimension token, and calls the two initialization methods.
All parsers derived from GenArrayParser will have constructors similar or identical to this one.

/1 create a generic array for harvest rate data of the requested

/1 dimension size and configure the Harvest Manager with it. also add
/1l the list of generic ids to index every elenment of the array to the
/1 current state.

voi d
Har vest Par ser:: confi gHvRat e( St at e* state)
{

Generi cArrayFact or y<doubl e> hvFactory;

GenericArrays are created with GenericArrayFactory.

Generi cArrayFact ory<doubl e>: : Generi cArrayType arraytype =
hvFact ory. generi cArrayType(di nensi on_);

Use the factory to identify the array type requested by the user with the token saved in dimension_.
if (arraytype != hvFactory. NTypes) {
This tests whether the dimension specified by the user isvalid.

HvRat eTabl e* hvRateTable =
hvFact ory. newGeneri cArrayFnl(arraytype,
Har vest Manager : : def aul t HVRate_) ;

Create the actual generic array using the factory and the default harvest rate as retrieved from the
HarvestM anager .

Har vest Manager : : confi gHvRat es(aut o_pt r <HvRat eTabl e>(
hvRat eTabl e)); // hand off harvest storage to the nanager

As the comment indicates, this hands off the new GenericArray to the HarvestM anager, which is where the
final datais stored.

hvRat eTabl e- >newGeneri cl ndexLi st (state->ids); //
create the proper list of generic ids

88



Create alist of GenericArraylndex objects, one to reference every possible element in the generic array, and
insert the itemsinto the list at the top of the State stack.

el se {

/1 unidentified dinension. log an error, but allowthis

/1 parser to continue with an enpty id list in the state, so

/1 as to skip as much data as possible w thout generating

/1 further nessages.

| ogError (pError(ParseError:: BadDat a,
dinension_ + " is not a valid configuration for"
+ state->context + "; discarding data")
.errorMessage());

}

Use the global error logger to generate an error message if the user requested generic array dimension was
invalid.
/1 read in one harvest object and place it in the Harvest Manager
/1 at every generic id region in the current |ist
voi d
Har vest Par ser: : hvRat e()
{
doubl e rate;
parseVar (rate);

This routine has been called through the keymap processor in response to the final “ BaseHR” token. The parent
class parseVar () method reads the actual data from the file, or throws an exception if the datais not of the
proper type.
/1 iterate through the ids in the current state
RWIPt r Or der edVect or <Generi cArrayl ndex>: :iterator iter =
(stateStack.top()->ids).begin();
while (iter !'= (stateStack.top()->ids).end()) {

At this point any number of generic array tokens may have been processed, each of which reduced the list of
GenericArraylndex objects to the subset desired by the user. Now the datajust read is to be assigned to all of
the indices currently being referenced. The list iskept by the top object in the stateStack in the
GenArrayPar ser portion of this class. The above lines of code set up an iterator to visit each of these
GenericArraylndex objects.

Generi cArraylndex* id = *iter;
Dereference the iterator to obtain the GenericArrayl ndex object.

/1 hand off the ptr to the mgration manager
Har vest Manager: :insert HvRate(rate, *id);
++iter;

Insert the harvest rate data item at the index by handing it to the HarvestM anager. Increment the iterator.
}

/1 pop one level of state after processing the data
par seEnd() ;

}

All generic array blocks pop one level of state after parsing the final simple datatoken. This has the effect of
subsuming the “end” token that would normally be required at every generic array level in the datafile. Seethe
coast model input language description in Section 3 for more details.
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5.5.34.1.3 Usingthe HarvestPar ser

All that remainsisto create atoken for the generic array that will be created by the HarvestParser and to use it
in an existing parser. File TopTokens.cpp contains the following definition:

const RWCString TopTokens:: HVRATE = "Harvest Rat eDat a";

Thisisdeclared in TopTokens.h. A new method is created in the TopL evelPar ser class, harvestData(). This
method is connected with the new token in the keymap in the TopL evelPar ser:

TopLevel Parser::
TopLevel Parser (const RWCString& fil eNane)
Parser (fil eName, & :errorLogObject)

/1l ..other tokens are also inserted into the keynmap here
keymap_.insert (TopTokens: : H/RATE, harvestData);
/...

The new harvestData method will be invoked by the keymap when the new token is encountered in the data
file, at which time a HarvestPar ser object will be created to continue processing the file, as shown below.

voi d

TopLevel Parser: : harvest Dat a()

{
RWCSt ri ng di mensi on = next Token();
Har vest Parser hp(*this, dinmension);
hp. parse();

}

The dimension token isread following the “ HarvestRateData’ token and passed to the Har vestPar ser, whose
virtual parse() method isthen called. Upon completion, the Har vestPar ser is discarded and file processing
continuesin the TopL evel Par ser with the next token.

5.6 ProcessDetail

This section provides further information on two fundamental processes in the application which are not
controlled by system monostates or other classes.

5.6.1 Initialization and Cleanup

Initialization code islocated in file init.cpp. Initialization consists of three distinct steps. ::ModelConfig()
executes each of these stepsin turn. First is configuration. In this phase the configuration datafileisread
(config.data), after which the static and global constructs are set up, typically by calling config() methods in
each of the managers. Next the general model datafileis read (coast.data) in routine ::M odel DataRead()
which establishes the parameter data for the model from the user input files. Finaly, ::Modellnit performs per-
simulation initializations as final preparation for the model run. For calibration runs a separate entry point,
.:activeXcalibrationReentry() is provided for iterations subsequent to the first one. Thisisa speed
optimization, in which the full original datafileis not reread. Inthiscase::ModelConfig() isnot called.
Instead, a supplemental datafile (calib.data) isread using ::ModelDataRead(), which allowsthe user to
overwrite only the new calibration input data (typically ev scalars) and retain the remainder of the original data
set. ::Modellnit() isthen called as usual. Some peculiarities may limit the use of this optimization for
configurations other than a PSC calibration run. Please see comments in the code for more details.

There are two phases to cleanup. ::SimulationWrapup() occurs after every simulation run.
::ModelCleanup() isthe final cleanup routine called on exit. Inan ActiveX application, the former is called at
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the end of each simulation run, while the latter is not called until the component itself exits (which occurs when
the calling application exits). Both of these routines are found in init.cpp.

5.6.2 TheEngine

The simulation is controlled by routine RunTheModel () in file engine.cpp. It loops through years and
timesteps, within which each of the Simulation Processes are executed through a call to the appropriate
manager. The IterationM anager isinformed of the beginning and ending of each timestep, and after each
Simulation Process, the DataRequestM anager is afforded the opportunity to store any requested data. The
entire routine is reproduced below.

/* main engine for the nnfs coastal sinulation. */

voi d RunTheMbdel ()

{
for (::SystenC ock->resetC ock(); !(::SystenC ock->yearExpired());
:: Syst en ock->i ncrenent Year ()) {
;:LogMsg(L_Msg, "year %\ n", ::SystenC ock->currentCal endarYear());

for (::SystenC ock->resetTineSteps(); ! (::SystenC ock->timeExpired());
1 SystenCl ock->i ncrenent Ti neStep()) {

/1 the IterationManager could reset the SystenC ock to an earlier tinme
I terati onManager: : begi nTi neSt ep();

/1 aging up to the current year/tine needs to happen before any data
col |l ection

Cohor t Manager : : ageCohorts();
Dat aRequest Manager : : col | ect ( Syst enProcesses: : SP_Bef or eFi r st Process) ;

Nat ural Mortal i t yManager: :takeNatural Mortality();
Dat aRequest Manager : : col | ect (Syst enProcesses: : SP_Natural Mortality);

Fi sheryManager: : t akeHarvest s();
Dat aRequest Manager : : col | ect (Syst enProcesses: : SP_Harvest) ;

Mat ur at i onManager : : mat ur at eCohorts();
Dat aRequest Manager : : col | ect (Syst enProcesses: : SP_Maturation);

Spawni ngManager : : spawnCohorts();
Dat aRequest Manager : : col | ect ( Syst enProcesses: : SP_Spawn) ;

M gr ati onManager: : m gr at eCohorts();
Dat aRequest Manager : : col | ect ( Syst enProcesses: : SP_M gration);

I terationManager: : endTi meStep();
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Appendix A: Glossary

Thefollowing is a partial glossary of terms used in the Coast Model.

Term

Definition

Abundance I ndex

Adult Equivalence Factors

Adult Escapement

Base Period Harvest Rate

Brood Year

Catch Ceilings

Chinook Non-Retention
Mortalities

CNR (mortalities)
Coded-Wire-Tag (CWT)

Cohort

Cohort Analysis
Enhancement
Escapement

EV Scalar

The expected catch given the current year size limits and cohort sizes
but the base period (1979-1981) harvest rates.

Used to adjust fishery catches to a common impact on the spawning
stock. For example, on average athree year old fish harvested by an
ocean fishery has less impact on the spawning stock than a five year old
fish harvested by ariver fishery, because some three year old fish would
normally die of natural causes before they had an opportunity to spawn.
Thus, one three year old fish eliminated from the ocean catch will result
in less than one additional fish in the spawning stock, whereas one five
year old fish eliminated from the river catch will result in one additional
fish in the spawning stock.

Terminal Run fish that survive the terminal fisheries and pre-spawning
mortality. Age two fish returning to the river are not considered
reproductively viable and are not included in the adult escapement for
each stock.

Average stock, age, and fishery specific harvest rate between 1979-
1982. Harvest Rate scalars are relative to this rate.

The year in which a fish was propagated or spawned (i.e., the year in
which the eggs were fertilized). Chinook salmon typically migrate
downstream the following year (most Fall chinook), or the year after
(most Spring chinook).

Maximum catch (numbers of fish) for afishery or group of fisheries for

a specified time period. These are not established for specific stocks.
Thisis the Pacific Salmon Commission’s primary management tool.

Mortalities of legal and sub-legal chinook that are caught and brought
up to the boat in coho fisheries at timeswhen it is not legal to land and
sell any chinook.

See Chinook Non-Retention Mortalities.

Tiny wire tags (1.0 x 0.25 mm) inserted in the nose cartilage of salmon
fingerlings or fry, typically in the hatchery, to identify the origin of an
individual fish. Each tagged fish has the adipose fin clipped to indicate
that it hasa CWT in its snout. Scientists use CWT recoveries to estimate
harvest rates and migration patterns.

A group of fish that have the same demographic characteristics, such as
belonging to the same age class of a given stock.

Same as Virtual Population Analysis.
Production of fish at facilities such as hatcheries.

Fish that are not caught by any fisheries (i.e., they "escape" the
fisheries).
Scalars used to adjust the average production of age one fish by a

spawning stock to account for inter-annual Environmental Variability
(EV).
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Term

Definition

Gillnet

Harvest Rate Scalars

IDL (rate)
Inter-Dam Lossrate

Legal (size)
Maturation Rates

Natural Ocean Mortality
Net Fisheries

Pacific Salmon Commission

Percent Non-Vulnerable

PNV
Pre-Spawning Mortality
Preterminal (catch)

PSC
Purse Seine

Recruitment
Recruitment Age
Ricker Function

Shakers

A harvest method in which fish are trapped in a net stretched across their
migration path. The net may either be set from a drifting boat (drift
gillnetting) or from afixed position (set gillnetting). The fish become
entangled by their gill plates or jaws, and can neither back out nor move
forward.

Scalars used to adjust the harvest rate during a given year compared to
the Base Period.

See Inter-Dam Loss rate.

These are actually survival rates between the last fishery and the
spawning grounds. Also called the Pre-spawning mortality. IDLs are
stock specific, but are not age (or size) specific. This mortality is applied
to Columbia River stocks that spawn upriver from dams and is assessed
after fishing mortality to account for losses between dams.

Above a certain size criteria

The proportion of a stock that is mature and ready to return to the
spawning ground. These are age and stock specific and can vary across
years as well. However the model does not alow for age 6 fish so the
MR for age 5 fish should always be 1. The stock that is mature is
considered the terminal run.

Non-fishing mortality assessed at the beginning of each year in the
model. This mortality is age specific, but not stock specific.

In CRISP Harves, this refers to fisheries using gillnet and purse seine
gears.

International regulatory agency created by the 1985 Pacific Salmon
Treaty between the United States and Canada with responsibility for
management of North American salmon stocks and fisheries.

Fraction of acohort that is below the legal size limit. PNVsvary by
year, age, and fishery, but not by stock.

See Percent Non-Vulnerable.
See Inter-Dam Loss.

Catch that occurs before the mature segment of a cohort begins
migrating back to the spawning grounds. Thus, preterminal catches are
primarily ocean catches.

See Pacific Salmon Commission.

A commercial fishing system in which a school of fish are encircled by a
vertically hanging net and then are trapped by closing the bottom of the
net (pursing).

Fish from a given stock that become available (i.e., recruit) to a fishery.
The age at which fish from a given stock become available to afishery.

A popular type of Spawner/Recruit Relationship (named after Dr.
William Ricker) in which the number of recruits per spawner declines
exponentially. The resulting curve has a descending right hand limb (i.e.,
too many spawners produce fewer recruits).

Sublegal chinook that are caught (i.e., hooked and brought up to the
boat) and released (i.e., “shaken” off the gear) during directed chinook
fisheries.
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Term

Definition

Spawner/Recr uit Relationship

Sub-legal (size)
Supplementation

Terminal Catch

Terminal Run

Total Catch
Troll

True Terminal Run

Virtual Population Analysis

A mathematical relationship between the number of spawnersin agiven
year and the resulting number of progeny that become available (i.e.,
recruit) to the fisheries in some future year. Usually estimated from
historical data and used in simulation models to predict future
recruitment from a given spawning stock.

Below acertain size criteria.

Artificial propagation intended to reestablish or increase the abundance
of natural populations.

Catch of the mature segment of a cohort as it migrates back to the
spawning grounds. Some ocean net catches that occur in nearshore
waters are considered terminal catches.

Mature fish leaving the open ocean and returning to the spawning
grounds. Compareto True Terminal Run.

Sum of the Preterminal and Terminal catches.

A commercial harvest method for chinook and coho salmon, usually in
the open ocean, that captures individual fish on lures or baited hooks
being slowly pulled through the water.

The Terminal Run minus nearshore ocean net catches. Thus, it is the
number of fish entering the natal river (as opposed to the number of
mature fish leaving the ocean feeding areas). Compare to Termina Run.

A technique (sometime referred to as VPA) for reconstructing the
history of a cohort of fish. By counting the number of spawners and the
catches and making estimates of the natural mortalitiesit is possible to
reconstruct the history of a cohort.
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Appendix B: Examples

B.1 Introduction

We have developed several examples of Coast Model configurations to illustrate how the code can be used
to build progressively more complex models. The distribution includes the Coast Model executable
(coast.exe) and separate folders containing the input files for each prototype. However, since the data and
executable must be in the same directory to run the model, you should create a shortcut for coast.exein
each prototype folder that you wish to run. The following steps describe how to create this shortcut:

1. Drag the"coast.exe" icon into one or more prototype folders as desired. This creates the
shortcut.
2. Within each prototype folder, set the executable link to start in the prototype folder, as follows:
Right click on “Shortcut to coast.exe” to bring up amenu list;
- Select Properties;
- Click on the Shortcut tab;
- Typein the complete path to the prototype folder in the Start In text box;
- Click OK.

To run the model, double click on “ Shortcut to coast.exe” within each prototype folder.

When the simulation is complete, the program will generate three files:

coast_output.txt (standard data sentences)
stndcat.prn (catches by fishery and year)
stndesc.prn (escapements by stock and year)

The coast_output.txt file can be quite large. If the distribution is from a floppy disk, do not attempt to run
any of the examples from the floppy disk-the resulting output file will be too large to save on the disk.

The examples which follow demonstrate the flexibility of the Coast Model with respect to the number of
Stocks, Fisheries, Regions and Timesteps. The model itself can handle a wide range configurations for any
of these parameters simply by changing the input data files. Considerations which must be weighed when
changing these parameters are more closely related to the nature of the related data. For example,
Transition Matrices are specified by Region and Timestep. Thus, if the number of Timesteps or Regionsis
increased, al of the TransitionMatrix data (“ .tm" file) must be modified to reflect this change. The same
holds true for Maturation data (“.mat” file). Base harvest rates (“.bhr” file) are specified by Fishery,
Region, Timestep, Stock, and Age, so a change to any of these must be addressed in that data. Some of the
relationships between the various possible GenericArray dimensions and the bulk of the input data are
rather subtle, so care should be taken to understand the nature of al of the data and a gorithms in the model
when making these changes. A careful study of the following examples and a comparison of the data files
which implement them can provide a great deal of insight into thisissue.

B.2 PrototypesWith No Harvest

These prototypes illustrate how to build abiological system (no harvesting) of increasing complexity, or
resolution. Proto 0 shows how the code can be used to plot a stochastic Ricker function. Prototypes 1
through 5 all have a single stock with the same production function, but increasing time/space resol ution.
The Stndesc.prn files for each of these prototypes are identical, even though the biological processes within
each year are smulated differently. Prototypes 6 and 7 include both chinook and coho stocks.
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B.2.1

B.2.2

B.2.3

Proto 0 (One chinook stock over 100 year s)

Stocks: 1 chinook.

Regions: 2 (R1:R2).

Timesteps: 2 (TL:T2).

Natural Mortality: Only in T1, R1.

Harvest: None.

Maturation: Only at end of T1.

Spawning: Only in T2, R2; Ricker production with random EV Scalars for each year.
Migration: All mature fish migrateto R2 at end of T1.

Proto 1 (Like PSC chinook model, but only one stock)

Stocks: 1 chinook.

Regions: 4 (R1:R4).

Timesteps: 4 (T1:T4).

Natural Mortality: Only in T1, R1.
Harvest: None.

Maturation: Only at end of T1.
Spawning: Only in T4, R4.
Migration: PSC style.

Proto l1a (Like PSC chinook model, but simulating one coho stock)

Stocks: 1 coho.

Regions: 4 (R1:R4).

Timesteps: 4 (T1:T4).

Natural Mortality: Only in T1, R1.

Harvest: None.

Maturation: Only at end of T1; all age 3 fish 100% maturation.
Spawning: Only in T4, R4.

Migration: PSC style.
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B.2.4 Proto 2 (Add "estuary" and more ocean regions; stock distribution by ocean
region)

B.2.5

B.2.6

Stocks: 1 chinook.

Regions: 7 (R1 = Estuary; R2:R4 = ocean; R5 = terminal; R6 = river; R7 = spawning).
Timesteps: 5 (T1:T5); T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).
Natural Mortality: Occursonly in T2 in regions R1:R5.

Harvest: None.

Maturation: Only occurs at end of T2 in regions R2:R4.

Spawning: Only in R7, T5.

Migration: Migration at end of first step distributes immature fish from the estuary to the ocean
regions. Mature fish move to R5 after T2, R6 after T3, and R7 after T4.

Proto 3 (Add moreterminal regions; stock distribution by region)

Stocks: 1 chinook.

Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 5 (T1:T5); T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).
Natural Mortality: Only in T2 in al regions R1:R9.

Harvest: None.

Maturation: Only occurs at end of timestep 2 in ocean regions R2:R4.

Spawning: Only in R9, T5.

Migration: Migration at end of first step distributes immature fish from the estuary to the ocean
regions (R2:R4). Mature fish move to terminal regions (R5:R7) after T2, to R8 after T3, and
R9 after T4.

Proto 4 (Increase timestepsto 13; spread natural mortality over timesteps;

migration during most timesteps)

Stocks: 1 chinook.

Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13 (T1:T13); T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).
Natural Mortality: Occurs equally over T2:T6 in all regions R1:R9.

Harvest: None.

Maturation: Only occurs at end of T6 in ocean regions R2:R4.

Spawning: Only in R9, T13.

Migration: Migration at end of first step distributes immature fish from the estuary to the ocean
regions (R2:R4). During timesteps T2:T13 immature fish move around the ocean areas. Mature
fish move to terminal regions (R5:R7) after T6 and then through the terminal and river areas
during T7:T12, winding up in the spawning areain T13.
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B.2.7

B.2.8

B.2.9

Proto 5 (Maturation occursduring timesteps 4 to 7 in all ocean regions)

Stocks: 1 chinook.

Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13 (T1:T13); T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).
Natural Mortality: Occurs equally over timesteps T1:T12 and all regions R1:R9.

Harvest: None.

Maturation: Occurs during T4:T7 in al regions R1:R9.

Spawning: Only in R9, T13.

Migration: Migration at end of first step distributes immature fish from the estuary to the ocean
regions (R2:R4). During timesteps T2:T13 immature fish move around the ocean areas. During
T5:T12 mature fish move systematically from the ocean regions to the spawning region.

Proto 6 (same as Proto 5, but add the coho stock)

Stocks: 2 (1 chinook; 1 coho).

Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13 (T1:T13); T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).
Natural Mortality: Occurs equally over timesteps T1:T12 and all regions R1:R9.

Harvest: None.

Maturation: Occurs during T4:T7 in al regions R1:R9; coho stock has cumulative 100%
maturation rate (over T4:T7) for age 3 fish.

Spawning: Only in R9, T13.

Migration: Migration at end of first step distributes immature fish from the estuary to the ocean
regions (R2:R4). During timesteps T2:T13 immature fish move around the ocean areas. During
T4:T12 mature fish move systematically from the ocean regions to the spawning region.

Proto 7 (each stock different natural mortality, maturation, and migration

process)

Stocks: 1 chinook; 1 coho.
Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13; T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).

Natural Mortality: Occurs equally over timesteps T1:T12 and all regions R1:R9, but different
values for each stock.

Harvest: None.

Maturation: Occurs during T4:T7 in al regions R1:R9; coho stock has cumulative 100%
maturation rate (over T6:T9) for age 3 fish.

Spawning: Only in R9, T13.

Migration: Different parameters for each stock. Migration at end of first step distributes
immature fish from the estuary to the ocean regions (R2:R4). During timesteps T2:T13
immature fish move around the ocean areas. For chinook stock during T4:T12 mature fish
move systematically from the ocean regions to the spawning region. For coho stock during
T7:T12 mature fish move systematically from the ocean regions to the spawning region.
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B.3 PrototypesWith Harvest

These examples superimpose fishing processes over the biological system of Proto 7. Proto 10 illustrates
how the model can handle catch ceilings for fisheries operating in different regions and during different
timesteps.

B.3.1 Proto 8 (SameasProto 7, but add an ocean fishery)

Stocks: 1 chinook; 1 coho.
Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13; T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).

Natural Mortality: Occurs equally over timesteps T1:T12 and all regions R1:R9, but different
values for each stock.

Harvest: F4 (WCV1 ocean troll fishery) operatesin regions R2:R4 during timesteps T5:T6.

Maturation: Occurs during T4:T7 in al regions R1:R9; coho stock has cumulative 100%
maturation rate (over T6:T9) for age 3 fish.

Spawning: Only in R9, T13.

Migration: Different parameters for each stock. Migration at end of first step distributes
immature fish from the estuary to the ocean regions (R2:R4). During timesteps T2:T13
immature fish move around the ocean areas. For chinook stock during T4:T12 mature fish
move systematically from the ocean regions to the spawning region. For coho stock during
T7:T12 mature fish move systematically from the ocean regions to the spawning region.

B.3.2 Proto 9 (SameasProto 8, but add an inside fishery that has a multi-phase
catch ceiling that spansthree timesteps)

Stocks: 1 chinook; 1 coho.
Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13; T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).

Natural Mortality: Occurs equally over timesteps T1:T12 and all regions R1:R9, but different
values for each stock.

Harvest: F4 (WCV1 ocean troll fishery) operatesin regions R2:R4 during timesteps T5:T6;
F13 (Puget Sound South Net fishery) operatesin regions R5:R7 during timesteps T7:T9 and
has annual catch ceilings.

Maturation: Occurs during T4:T7 in al regions R1:R9; coho stock has cumulative 100%
maturation rate (over T6:T9) for age 3 fish.

Spawning: Only in R9, T13.

Migration: Different parameters for each stock. Migration at end of first step distributes
immature fish from the estuary to the ocean regions (R2:R4). During timesteps T2:T13
immature fish move around the ocean areas. For chinook stock during T4:T12 mature fish
move systematically from the ocean regions to the spawning region. For coho stock during
T7:T12 mature fish move systematically from the ocean regions to the spawning region.
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B.3.3 Proto 10 (SameasProto 8, but add a third fishery; all fisheries have multi-
phase catch ceilings spanning five timesteps)

Stocks: 1 chinook; 1 coho.
Regions: 9 (R1 = estuary; R2:R4 = ocean; R5:R7 = terminal; R8 = river; R9 = spawning).
Timesteps: 13; T1 used to distribute fish from estuary (R1) to ocean regions (R2:R4).

Natural Mortality: Occurs equally over timesteps T1:T12 and all regions R1:R9, but different
values for each stock.

Harvest: F4 (WCV1 ocean troll fishery) operatesin regions R2:R4 during timesteps T5:T7;
F11 (Juan de Fuca Net fishery) operatesin region 5 during timesteps T6:T9; F13 (Puget Sound
South Net fishery) operates in regions R6:R7 during timesteps T8:T10 (see Proto10.bhr for all
fisheries); al fisheries have annual catch ceilings defined over timesteps T5:T10 (see
Proto10.cei).

Maturation: Occurs during T4:T7 in al regions R1:R9; coho stock has cumulative 100%
maturation rate (over T6:T9) for age 3 fish.

Spawning: Only in R9, T13.

Migration: Different parameters for each stock. Migration at end of first step distributes
immature fish from the estuary to the ocean regions (R2:R4). During timesteps T2:T13
immature fish move around the ocean areas. For chinook stock during T4:T12 mature fish
move systematically from the ocean regions to the spawning region. For coho stock during
T7:T12 mature fish move systematically from the ocean regions to the spawning region.
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Appendix C: Discussion Papers

C.1 Overview

Throughout the course of this project there were many discussions about how best to model each process.
These discussions were documented in the meeting minutes and other discussion papers. To provide
background information about why the Coast Model is designed the way it is, the following sections
summarize these discussions. We hope that future programmers and modelers find these discussions
helpful.

C.2 Ageing Process

C.2.1 Spring Stock Algorithms

Here's the sequence of events for spring stocks. The initial abundances for ages 2:5 are contained in *.stk.
These are read in and then stored in arandom access file. The age 1 initial abundance is computed using the
Scale?2Tol factor asfor the fall stocks. The new wrinkleis that a new abundance called SprAgel
(effectively an age 0 abundance) is created and set equal to the initial Age 1 abundance. Here's the QB code
(in Chinpt8.bas):

R Initial cohort sizes
'xxxxkk /96 save FirstCohort data as random access file ******
' FOR age% = 2 TO NumAges
I NPUT #3, FirstCohort(age% Stk%
' NEXT age%
"FirstCohort(1l, Stk% = FirstCohort(2, Stk% * Scal e2TOL
LI R R R R R l/ 96 SPR' NG STQ]( PRO\/l Sl O\l *kkkkkkk*k
"Spring(Stk% = FirstCohort(1l, Stk%
LR R R R R R S R I T R R
I NPUT #3, CO. CohAge2
I NPUT #3, CO. CohAge3
I NPUT #3, CO CohAge4
I NPUT #3, CO. CohAge5
CO. CohAgel = CO CohAge2 * Scal e2TOL
CO. Spr Agel = CO. CohAgel
PUT #COFile% Stk% CO

L R S ok R kR R Rk kI kS R S b S R R S o S S R

Thus, there are essentially six initial cohort abundances created, with CO.SprAgel being an age zero
abundance. In module Chsim8.bas the Sub |Resetlter retrieves the data from the random accessfile. The
initial abundances are scaled by the EV scalars (called StkSclr in the code). Again, an age zero abundance
is created by setting a variable called Spring(Stk%) equal to the age one abundance. Note that the
CO.SprAgel variable (assigned during data input) is not used. Here's the code:

"rExxkx DJQE6 ***** Get initial cohort sizes fromrandom access file ****

GET #COFi le% Stk% CO

Cohort (1, Stk% = CO CohAgel * StkSclr(-1, Stk%

Cohort (2, Stk% = CO CohAge2 * StkSclr(-2, Stk%

Cohort (3, Stk% = CO CohAge3 * StkSclr(-3, Stk%

Cohort (4, Stk% = CO CohAge4 * StkSclr(-4, Stk%

Cohort (5, Stk% = CO CohAge5 * StkSclr(-5, Stk%

Spring(Stk% = Cohort (1, Stk%
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The Cohort(1,Stk%) and Spring(Stk%) variables are not used again until its time to produce new fish for
the next year. Here's the production code:

. Conpute age 1 cohort size
L I O O 1/ 96 SPR' NG STM PRO/' Sl O\I EE R I O Sk S O O
| F Hat chFl g% St k%9 > 1 THEN
R This is a spring stock, delay recruitnent by a year
Cohort (1, Stk% = Spring(Stk% * StkSclr(Yr% Stk%
Spring(Stk% = AgelFish
ELSE
R This is a fall stock
Cohort (1, Stk% = AgelFish * StkSclr(Yr% Stk%
END | F

L END O_'A’\KE R I O S R R R

Note that when the initial Age O spring stock cohort is finally brought into the model at the end of the first
model year, it gets multiplied by two EV scalars. After algebra, the net effect is:

Cohort (1, Stk% = CO CohAgel * StkSclr(-1, Stk% * StkSclr(Yr% Stk%

Thus, the Age 0 cohorts for spring stocks must be multiplied by two EV Scalars in the Coast Model *.coh
file.

In later years, the variable AgelFish is computed normally using one of the production functions. However,
note that this AgelFish does not include the effects of the EV scalar, but we DO include EV scalarsin our
production function. Thisis not a problem if its afall stock because the CTC code immediately applies the
EV scalar to the AgelFish when assigning the age to a cohort abundance.

If its a spring stock, the AgelFish variable is assigned to the Spring(Stk%) variable (essentially the age 0
abundance) without applying the EV value. The EV valueis applied the following year when the
Spring(Stk%) variable is assigned to age 1 abundance. The net effect is that for spring stocks the EV scalar
from year y+1 is applied to the fish generated in year y (as shown in the above code).

Thus, the Coast Model production functions will still work OK for spring stocks PROVIDED WE GET
THE RIGHT EV APPLIED IN THE RIGHT Y EAR. This can be accomplished by replacing EV (y) with
EV (y+1) in the production function specified in the *.prd file. Algebraically we have

AgelFish(y) = F(spawners(y))
Spring(y) = AgelFish(y)
Cohort1(y) = Spring(y)*EV (y+1) = AgelFish(y)*EV (y+1)

What happensin the last year (y = last year of model run)? It doesn't matter because the new production is
never used. S0000 .... we just set EV(y+1) = 1 for the production function in the last year.

C.3 Mortality Processes

C.3.1 State Space Model Considerations

A critical assumption of this project was that Ken Newman’'s State Space Model (SSM) and Kaman filter
estimation methodology would eventually be used to estimate natural mortality, harvest, and migration
parameters for a new generation of management models. Because this methodology uses instantaneous
mortality rates in the underlying sub-models, there was concern that the Coast Model code frame be
consistent with those equations. The following discussion paper on this subject was posted by Jim Norris
on the web site on July 23, 1998 and was discussed at the July 30, 1998 committee meeting.
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C.311 Background

At the July 2, 1998 meeting Jim Scott asked whether or not harvest parameter estimates from the State
Space Model (SSM) would be compatible with our proposed Harvest Process and Fishing Process
concepts. Before discussing compatibility, | summarize these concepts. Our purpose in rigorously defining
these conceptsisto clearly identify the inputs, outputs, data requirements, and functions of these critical
code objects.

C.312 Harvest Process

Within a given year, timestep, region, and fishery a harvest process defines the interaction between the
amount of fishing effort (i.e., number of people involved) and the number of fish from a given stock and
cohort. In this context we define a "fishery" to include all regulations and properties other than the amount
of fishing effort (e.g., size limits, bag limits, and selective fishery rules). A cohort is defined to be any
group of fish having the same identifying characteristics and demographic features (e.g., parent stock, tag
status, mark status, sex, growth group, and genetic group).

Invirtually al types of fishery simulation models, there isaline of code (occasionally more than one line)
that assigns alegal catch at the year, timestep, region, fishery, stock, and cohort level. In most cases, this
line of code represents what we call a harvest process. Three common types of equations are the following:

1. Simple Linear Rate (used by FRAM & PSC chinook model).
C(c,f) = HR(c,f)*N(c)
where

C(c,f) = catch of cohort cin fishery f
HR(c,f) = harvest rate for cohort c in fishery f
N(c) = abundance of cohort ¢ at start of period.

2. Non-Linear Relationship (similar to PM Modél).
(e, f) = (1 - exp(-q(c, F)*E(f)))*N(c)
where
g(c,f) = catchability coefficient for cohort c in fishery f
E(f) = effort in fishery f during period.
3. Instantaneous Rates (used by SSM).

F(c, f)

clc, f) = ------ * (1 - exp(-Z(c))) * NCc)
Z(c)

where

F(c,f) = instantaneous rate of fishing mort
Z(c) = instantaneous rate of total mortality for cohort ¢, and

Z(c) = M(c) + Sum[F(c,f)] over al f

F(c.f) = q(f)*E(f)
M(c) = instantaneous rate of natural mortality for cohort c.
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C.3.13 Fishing Process

For each year, timestep, region, and fishery a fishing process defines the amount of fishing effort to be
input into the harvest processes for all cohorts residing in the given time and region in order to satisfy some
management objective. Note that under this formulation, afishing process does not compute any fishing
mortalities--it only determines the inputs to the harvest processes. Only harvest processes compute fishing
mortalities. Note also that a fishing process applies only to a single year, timestep, region, and fishery. This
istheissue | think Jim Scott was concerned about.

In the PSC Chinook Model, non-ceilinged fisheries have a fixed harvest rate management objective. Thus,
the FPs are set for each fishery at config time and are passed into each harvest process without
modification. On the other hand, each simple ceilinged fishery adjusts the effort level for al harvest
processes in a given year, region, and timestep by a scalar (called the RT factor) in order to make the sum
of the legal catches meet the management objective.

C314 Code I ssues

Up until now we had not considered implementing instantaneous rate equations. From a code perspective,
instantaneous rate equations for harvest processes are fundamentally different from the linear and non-
linear equations because all the required information is not autonomous within a single fishery.
Specifically, the instantaneous natural mortality rate for each stock is needed, along with the instantaneous
fishing mortality rates for all other fisheries within the same region. Thus, to implement instantaneous rate
equations, a fishery object must have access to this outside information. If two fisheries operating in the
same region at the same time both have quotas, whenever effort in one fishery is adjusted to meet its quota,
the Z value (total instantaneous mortality rate) changes for all stocks. Thus, even simple quota fisheries will
have to be solved together through a common algorithm. At a more fundamental level, the natural mortality
and fishing mortality processes are intertwined and must be computed simultaneously. That is, one cannot
compute natural mortalities and then move on to computing fishing mortalities, unless the fishing effort
levels do not require adjustment to meet some objective. For all of the above reasons, | conclude that our
proposed code structure is not compatible with using instantaneous rate equations.

C.3.15 Code Solution

First, we must combine the Natural Mortality process and the Fishing Mortality processinto asingle
Mortality process during each timestep of amodel run. A model can be configured to use one of two types
of Mortality processes. One type can compute natural mortalities and fishing mortalities independently (as
most models currently do). Or, in a second type, the natural and fishing mortalities can be computed
simultaneously using instantaneous rates. At the start of the mortality process, all instantaneous rates would
have to be determined. For example, the natural mortality rates could be related to the physical
environment of the region and/or the average size (length) of the individual in the cohort. Likewise, the
fishing mortality rates could be determined by fixed effort levels, or the effort levels for some fisheries
could be set dynamically via some algorithm. The key point is that somehow all the rates are established
prior to any computations. Once the rates are established, the natural mortality computations and fishing
mortality computations can be made independently. If there are any constraints within the given timestep
and region (e.g., quotas, escapement goals, alocations), then an algorithm must be written to adjust fishing
effort levels at the start of the total mortality process level.

C.316 Code/Algorithm Problems

Finding effort levels to meet some constraints using instantaneous rate equations can be tricky. The fact
that the total instantaneous mortality rate (Z) is the sum of several individual fishery rates can lead to an
infinite number of acceptable solutions. For example, if there is an allocation goal to equalize the sum of al
Treaty fisherieswith all Non-Treaty fisheries within aregion, there can be many solutions (unless
allocations WITHIN the Treaty and Non-Treaty groups are also specified). | used an Excel spreadsheet
with Solver to model four fisheries, four stocks, and two timesteps (using instantaneous rate equations), and
found that one must be very specific about the constraints in order to have a unique solution. The bottom
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lineisthat it is easy to make the model framework compatible with instantaneous rate equations, provided
thereis never any need to adjust fishing effort levels to meet management constraints. If constraints must
be met, it looks like the algorithms might be tricky.

C.3.17 SSM Parameter Estimation

The SSM uses instantaneous rate equations and provides estimates of catchability coefficients (q) for each
fishery. However, up to this point we do not have aformal description of a SSM that includes multiple
fisheries operating within the same region at the same time. The two fisheries modeled in the prototype
SSM (Canadian Troll, US Troll) operate simultaneously, but in different regions. | think | know what that
formulation will ook like, but we need to formalize it. Once the model is formulated, we need to answer
the following questions:

Q1. If the SSM isfit to data for individual stocks, should the forward simulation model use separate g's for
each fishery and stock? The aternative is to fit the SSM to multiple stocks assuming a common g. Isthis
biologically appropriate (i.e., are all stocks equally vulnerable to a fishing gear)? Is this feasible? How will
it be done?

Q2. Regardless of how Q1 is resolved, the g estimates for each fishery will reflect all regulations associated
with each fishery during the time frame when the data were collected (e.g., size limits, bag limits, selective
fishery rules). If we desire to simulate changes in size limits, bag limits, and selective fishery rules, how
will the SSM be modified to reflect these changes? The Lawson and Sampson (1996) model might be

appropriate.

Q3. Inforward simulation, how will the SSM handle incidental mortalities? The g's estimated by the SSM
reflect legal catches and will not provide information about incidental mortalities related to fishing. |
believe al incidental mortalities will be absorbed by the instantaneous natural mortality parameter (M) in
the SSM, provided it is not assumed to be zero. | suppose we can use auxiliary data to partition M into all
types of non-legal catch mortalities. How will we do this?

Q4. The g's estimated by the SSM will be instantaneous rates based on a daily timestep. If aforward
simulation model is configured to operate on a weekly or monthly basis, must the model use instantaneous
rate equations, or can we convert the g's (and associated effort levels) to what Ricker calls " conditional
rates’ (i.e., the fraction of a cohort that dies within a given time period) and use other equations?

These questions were discussed at the July 30, 1998 meeting. There were no minutes published for the July
30, 1998 meeting. However, a summary of the July 30, 1998 meeting was included in the minutes for the
august 27, 1998 meeting. Below are the comments related to the above four questions are from email
correspondence from Jim Norristo Troy Frever.

Q1. Using a common catchability coefficient for each stock is biologically acceptable, desirable, and
feasible. Ken thinks he can solve for more than one stock at the same time.

Q2. Any other adjustments to fishing mortalities (e.g., due to bag limits, size limits, drop-offs, etc) can be
incorporated into the instantaneous catch equations used by the SSM. However, they cannot be estimated
by the SSM ... they must come from outside the SSM (e.g., from the accepted values used by other models,
such as the Lawson and Sampson equations used in PM model). The key issue for our coding is that we
will have more parameters to deal with, but we knew we would have to deal with them anyway. |n many
cases these will be fixed parameters that will be constant across stocks, fisheries (or gear types), regions,
and timesteps (e.g., drop off rates, mark recognition rates, shaker mortality rates). The bigger issueis for
parameter estimation. If those additional parameters will be used with instantaneous rate equations, then
they must be input as parameters into the equations during the estimation process. This means that Ken will
need more than just catches and efforts to do his estimation. Someone (probably Jim Scott and/or Robert
Kope) will have to get these parameters together for Ken before he can go into production mode for
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parameter estimation. Jim Scott reported that he still doesn't have all the effort data yet, so this parameter
estimation process is getting even more complicated and time consuming.

Q3. Incidental mortalities will have to be handled like the other mortality adjustments discussed abovein
Q2. Again, these will have to be provided to Ken before he can do the estimations.

Q4. No problem converting g values estimated using instantaneous rate equations in the SSM to a discrete
model case. Jim Scott gave me a paper to read about the meaning of " catchability coefficient." This paper
deals with exactly the types of questions you were asking me about the definition of g at our last meeting.
I'm about half way through and will give you an update next week.

Cc.3.18 Final Thought

It seems that the theoretical model we seek is some combination of the detailed migration sub-model of the
SSM with the detailed harvesting sub-model proposed by Lawson and Sampson (1996). The questioniis: If
we include the detailed harvesting sub-model into the SSM, can the SSM estimate all the parameters? Can

we make some simplifying assumptions and use auxiliary data to make the problem tractable?

C.3.2 Shaker Algorithm

The following discussion is taken from the minutes of the April 19, 1999 meeting.

The PSC Chinook Model shaker algorithm was difficult to implement in the Coast Model becauseit relied
upon a subjective concept (preterminal vs terminal; ocean net fishery) of which stocks were considered
vulnerable to each fishery during atimestep. The new Coast Model shaker algorithm resolves this dilemma
by including a“vulnerability” table in each shaker object. Since shakers are computed for each fishery
independently, each fishery/region/timestep has a shaker object. There are essentially four different cases
(described in the following sections).

c.321 Non-ocean net fisheries with no terminal stocks

For these fisheries, all cohorts (ages) from all stocks are vulnerable only during the preterminal timestep
and region. In the 1998 mode configuration, all troll fisheries, most sport fisheries, and afew net fisheries
fall into this category. We call thisthe “ SimpleDrop” shaker method because it does not require a
vulnerability table. The input data file looks like this:

Fi shery 1 # Alaska T
Met hod Si npl eDr op
SubLegal Rel easeMort Rate 0. 255
DropOi f Rat e 0. 008
end Met hod
end Fishery

106



Fisheries that have different ratesin different yearslook like this:

Fi shery 5 # WORT
Years 1979: 1984
Met hod Si npl eDr op

SubLegal Rel easeMdrt Rate 0. 255
DropOi f Rat e 0.017
end Met hod
end Years
Years 1985: 1999
Met hod Si npl eDr op
SubLegal Rel easeMdrt Rate 0.220
Dr opOf f Rat e 0. 025
end Met hod
end Years
end Fishery
C322 Non-ocean net fisherieswith at least one terminal stock

For these fisheries, all agesfor all non-terminal stocks are vulnerable during the preterminal timestep and
region, and all agesfor all terminal stocks are vulnerable during the terminal timestep and region. We call
this (and cases 3 and 4) the “ CustomDrop” method, because it requires a vulnerability table. Here' sa
sample:
Fi shery 25 # Col
Met hod Cust onDr op
SubLegal Rel easeMort Rate 0.123
DropOi f Rat e 0. 069
Vul nerabi | i tyTabl e StockXageXti ne
TimeStep 1 # Preterm nal

RS

Ages 2:5 # non-term nal stocks
Stock 1 Vul nerable # Al aska South SE
Stock 2 Vul nerable # North/Centr
Stock 3 Vul nerable # Fraser Early
Stock 4 Vul nerable # Fraser Late
Stock 7 Vul nerable # Georgia St. Upper
Stock 8 Vulnerable # Georgia St. Lw Nat
Stock 9 Vulnerable # Georgia St. Lw Hat
Stock 10 Vul nerabl e # Nooksack Fall
Stock 11 Vul nerable # Pgt Sd Fing
Stock 12 Vul nerable # Pgt Sd NatF
Stock 13 Vul nerable # Pgt Sd Year
Stock 14 Vul nerabl e # Nooksack Spring
Stock 15 Vulnerable # Skagit WId
Stock 16 Vulnerable # Stillaguam sh Wld
Stock 17 Vul nerabl e # Snohom sh Wld
Stock 18 Vul nerable # WA Coastal Hat
Stock 28 Vul nerable # WA Coastal WId

end Ages

end Ti neStep
TimeStep 2 # Term nal

Ages 2:5 # terminal stocks
Stock 5 Vul nerable # WCVI Hat chery
Stock 6 Vul nerable # WCVI Nat ur al

Stock 19 Vul nerable # UpRi ver Brights
Stock 20 Vul nerable # Spring Creek Hat
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Stock 21 Vul nerable # Lw Bonnevill e Hat

Stock 22 Vulnerable # Fall Cow itz Hat

Stock 23 Vulnerable # Lewis RWId

Stock 24 Vulnerable # Wllanette R

Stock 25 Vulnerable # Spr Cow itz Hat

Stock 26 Vul nerable # Col R Summer

Stock 27 Vul nerable # Oregon Coast

Stock 29 Vul nerable # Lyons Ferry

Stock 30 Vulnerable # Md Col R Brights
end Ages

end Ti neStep
end Vul nerabilityTabl e
end Met hod
end Fishery

C.323 Ocean net fisherieswith no terminal stocks
For these fisheries all stocks have ages 2 and 3 vulnerable during the preterminal timestep and ages 4 and 5
vulnerable during the terminal timestep. For example:

Fi shery 7 # Al aska N
Met hod Cust onDr op
SubLegal Rel easeMort Rate 0.9
Dr opOrf f Rat e 0
Vul nerabi | i tyTabl e St ockXageXti me
TimeStep 1 # Preternmn nal
Ages 2:3
Vul nerabl e
end Ti neStep
TimeStep 2 # Term nal
Ages 4:5
Vul nerabl e
end Ti neStep
end Vul nerabilityTabl e
end Met hod
end Fishery

C.324 Ocean net fisherieswith at least one terminal stock

These fisheries have ages 2 and 3 from non-terminal stocks vulnerable during the preterminal timestep,
ages 4 and 5 from non-terminal stocks vulnerable during the terminal timestep, and all ages from terminal
stocks vulnerable during the terminal timestep.

Fi shery 12 # PgtNth N
Met hod Cust onDr op
SubLegal Rel easeMort Rate 0.9
Dr opOf f Rat e 0

Vul nerabi | i tyTabl e St ockXageXti me
TimeStep 1 # Preternm nal

Ages 2:3 # non-term nal stocks
Stock 1 Vul nerable # Al aska South SE
Stock 2 Vul nerable # North/Centr
Stock 3 Vul nerable # Fraser Early
Stock 4 Vul nerable # Fraser Late
Stock 5 Vul nerable # WCVI Hatchery
Stock 6 Vul nerable # WCVI Nat ural
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St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
end Ages
end Ti neSt

7 Vul nerable # Georgia St.
8 Vul nerable # Georgia St.
9 Vul nerable # Georgia St.

18
19
20
21
22
23
24
25
26
27
28
29
30

ep

Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e

TimeStep 2 # Term nal
Ages 4:5 # non-term

St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
end Ages

©O© 00O ~NO UL WNPRP

W NNDNDNNDNNDNNDNDNDNDNREP PP
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Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e

Ages 2:5 # term nal

St ock
St ock
St ock
St ock
St ock
St ock
St ock
St ock
end Ages

10
11
12
13
14
15
16
17

Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e
Vul ner abl e

HOH OHH H R HHHH H KR

na

#
#
#
#
#
#
#
#
#
#
#
#
#

st
#

#
#
#
#
#
#
#

Upper
Lwr  Nat

Lw Hat
WA Coastal Hat
UpRi ver Brights
Spring Creek Hat
Lwr Bonnevill e Hat
Fall Cowl itz Hat
Lewis RWId
Willamette R

Spr Cowl itz Hat
Col R Sunmer
Oregon Coast

WA Coastal WId
Lyons Ferry

Md Col R Brights

| stocks
Al aska South SE
Nort h/ Cent r
Fraser Early
Fraser Late
WCVI Hat chery
WCVI  Nat ur al
Ceorgia St.
Ceorgia St.
Ceorgia St. Lw Hat
WA Coastal Hat
UpRi ver Brights
Spring Creek Hat
Lwr Bonnevill e Hat
Fall Cowl itz Hat
Lewis RWId
Willamette R

Spr Cowl itz Hat
Col R Summer

O egon Coast

WA Coastal WId
Lyons Ferry

Md Col R Brights

Upper
Lwr Nat

ocks
Nooksack Fal |
Pgt Sd Fing
Pgt Sd Nat F
Pgt Sd Year
Nooksack Spring
Skagit Wld
Stillaguamish Wld
Snohom sh Wld
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end Ti neStep
end Vul nerabilityTabl e
end Met hod
end Fishery

C.3.3 Resultsof multi-phase catch ceiling algorithm test.

The following discussion is taken from the minutes of the January 19, 1999 meeting. Note that although
this discussion states that the Coast Model does not have an iteration capability to handle catch ceilings
over multiple timesteps, such an algorithm was developed shortly thereafter. We include this discussion
here because it is informative about how catch ceiling management can behave.

Some fisheriesin the PSC Chinook Model that are controlled by catch ceilings have harvests in both the
preterminal and terminal time steps (we call these multi-phase ceiling fisheries). The algorithm used to
compute catches for these fisheries assumes (1) a single catch ceiling that covers both time steps, and (2)
that the input fishing effort levelsin both time steps are adjusted by the same relative amountsin order to
meet the catch ceiling. There is no analytical solution for catches in multi-phase ceiling fisheries, because
any change in the preterminal effort changes the stock abundances vulnerable to terminal effort. Instead,
the algorithm iterates over both time steps, and on each iteration scales the effort levelsin the preterminal
and terminal timesteps by the same relative amount until the total catch from both timesteps equal s the
desired catch ceiling.

The NMFS Coast Model alows catch ceilings to be specified for individual timesteps and regions, but does
not have an algorithm to ensure equal relative effort levels across timesteps. Thus, the NMFS Coast Model
algorithm works fine for ceilinged fisheries that have catches only in one timestep/region (we call these
single-phase ceiling fisheries), but does not work for multi-phase ceiling fisheries (i.e., does not always
give the same catches as the PSC Chinook Modél).

We were interested in knowing the extent of the differences between the two algorithms. This report
describes a simple, but informative, experiment to gain insight into the differences.

We prepared a*.cei file that included 16 fisheries, four of which were multi-phase ceiling fisheries (Alaska
Net, Northern Net, Central Net, and WCV I Sport). The base period was defined to be 1979-1984. From
1985-1994, ceilings were forced (i.e., model catches were required to equal the ceiling exactly) for all but
two fisheries (North and South Puget Sound Sport), which were forced from 1985-1993. Catch ceilings
during the period 1995-1997 were unforced and set extremely high to simulate fishery policy (FP) control
(i.e., model catches were always below the ceiling and were not adjusted upward to equal the ceiling; thus,
the ceilings had no effect). For 1998 and beyond, ceilings were unforced and set to the average 1991-1994
catches.

Both the PSC Chinook Model and the NMFS Coast Model were run using the same *.cei file data. A catch

file (*cat.prn) and escapement file (*esc.prn) were printed for each model. The absolute values of the catch
and escapement differences between models were computed.
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Table 5 and 0 give the percentage change from the PSC Chinook Model to the NMFS Coast Model for
catches and escapements. The catch results are summarized below:

Both models gave the same results for the base period 1979-1984;
Catchesin al ceilinged fisheries were the same when the ceilings were forced,;

Catchesin all ceilinged fisheries were not the same when ceilings were unforced and set very
high (1995-1997);

Beyond 1997, catches in some ceilinged fisheries were the same, but in others were off by
small amounts (the primary exception was the WCV1 Sport fishery which had catches up to
10% off);

Catchesin all non-ceilinged fisheries were not the same for all years beyond the base period.
The escapement results are summarized below:

Escapements were different for all years beyond the base period;

The greatest differences were in the WCVI stocks (RBT and RBH), which were up to 14% off
during the period 1985-1993;

The GSQ stock also was off by up to 12% during the period 1985-1994.

When ceilings are forced, the PSC Chinook Model algorithm maintains a constant relative EFFORT level
between the preterminal and terminal timesteps, whereas the NMFS Coast Model algorithm maintains a
constant relative CATCH level between the preterminal and terminal timesteps. Thus, aslong as catch
ceilings are forced, both algorithms give the same total catch, even for the multi-phase ceiling fisheries
(e.g., 1985-1994 period in Table 5). However, each algorithm will distribute the total catch differently
between the preterminal and terminal timesteps for the multi-phase ceiling fisheries due to the different
assumptions. The difference in catch distribution in the multi-phase ceiling fisheries affects the relative
abundances of the stocks, leading to differences in catches in non-ceilinged fisheries and to differencesin
spawning escapements for individual stocks. The abundance and escapement differences are most
pronounced for stocks that are heavily harvested by a multi-phase ceiling fishery, such asthe RBH and
RBT stocksin the WCVI Sport fishery.

When ceilings are not forced, the effects on catches can be variable, depending on the level of the ceiling.
If the ceiling is very low such that the unconstrained model catch in a multi-phase ceiling fishery is aways
above both the associated preterminal and terminal ceilingsin the NMFS Coast Model, the net effect isthe
same as when ceilings are forced because the catches always have to be reduced to meet the ceiling. For
example, during the period 1998-2005 the catches for fisheries 1-3, 5-9, and 21 were identical for both
models. For the other ceilinged fisheries, the catches were generally different by a small amount (less than
one percent), except for the WCV I Sport fishery, which had differences up to 10%.

The WCVI Sport fishery is an interesting case that deserves further discussion. During the period of forced
ceilings (1985-1994), the total catch in the WCVI Sport fishery is the same under both algorithms, but the
distribution of the catch is probably very different. This large difference in distribution leads to the large
differences in escapements for the RBH and RBT stocks during this period. Once the ceilings become
unforced, the catch differences between the two algorithms are large due to the large differences in stock
abundances. One unexplained anomaly is that the catch differences are very small during the first three
years (1995-1997) of the unforced ceilings.

111



Table5

Percent changein ceilinged fishery catches by year between PSC and NM FS catch
ceiling algorithms. The four multi-phase ceiling fisheries (7, 8, 9, 20) arelisted at the far right side of

the table.

Year 1 2 3 4 18 19 21 22 23 24 7 8 9 20
1979

1980

1981

1982

1983

1984

1985

1986

1987

1988

1989

1990

1991

1992

1993

1994 04 03

1995 00 01 01 04 04 06 02 00 04 03 03 05 02 02 02 05
1996 02 02 02 02 04 04 04 01 03 01 02 03 04 04 04 03
1997 04 03 03 01 02 03 05 00 02 01 02 02 05 04 02 02
1998 0.1 02 00 01 02

1999 0.2 0.0 02 02

2000 0.3 01 00 02 02 03 0.3
2001 0.2 00 00 02 01

2002 0.2 01 01 02 02

2003 0.2 02 01 02 02

2004 0.2 01 01 02 01

2005 0.2 01 01 01 01

Min 00 00 00O 00 00 OO 00 00O OO 00 00O 0O 00 00 00 00
Avg 00 00 00 01 00 0O 01 0O OO 01 01 00 00 00 00 00
Max 04 03 03 04 04 06 05 01 04 04 03 05 05 04 04 05
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Table 6 Per cent change in non-ceilinged fishery catches by year between PSC and NMFS catch
ceiling algorithms.

Year 10 11 12 13 14 15 16 17 25

1979

1980

1981

1982

1983

1984

1985 0.1 0.0 0.0 00 01 0.0 0.2 0.0
1986 0.3 0.2 0.1 0.1 0.2 0.3 0.2 0.2 01
1987 04 01 0.1 0.2 04 03 0.2 0.3 0.1
1988 0.2 0.2 0.1 0.1 0.2 0.2 0.3 0.1 0.3
1989 0.2 0.2 0.1 0.2 0.1 0.2 0.1 05 0.2
1990 04 01 0.2 0.5 0.3 04 04 04 01
1991 0.8 0.0 0.4 0.9 0.7 0.7 0.1 05 0.0
1992 09 0.1 0.4 0.9 0.9 0.8 0.1 0.6 0.0
1993 0.8 0.2 0.5 0.8 10 07 0.2 0.9 0.0
1994 06 0.2 05 0.7 0.9 04 0.2 0.8 0.1
1995 0.1 0.2 04 0.3 0.6 0.3 0.1 0.7 01
1996 0.6 0.1 0.2 0.2 0.2 0.2 0.3 05 0.2
1997 0.6 0.2 0.1 0.1 01 0.0 0.2 0.5 01
1998 04 01 0.2 0.2 00 01 0.2 05 0.1
1999 00 02 0.3 0.3 0.1 0.2 0.1 05 0.1
2000 01 0.2 0.2 0.3 0.2 0.3 0.0 04 0.0
2001 00 01 0.2 0.3 0.3 0.3 0.0 0.4 0.1
2002 01 01 0.2 0.3 0.2 0.3 0.0 04 01
2003 0.2 0.1 0.2 0.3 0.2 0.3 0.1 0.4 0.1
2004 01 01 0.2 0.3 0.2 0.3 0.1 04 01
2005 0.2 01 0.2 0.3 0.2 0.3 0.0 0.3 01

Min 00 0.0 0.0 0.0 00 00 0.0 0.0 0.0
Avg 03 0.1 0.2 0.3 0.3 0.2 0.1 0.4 0.1
Max 0.9 0.2 0.5 0.9 10 08 04 0.9 0.3
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Table?7 Per cent change in stock escapements by year between PSC and NM FS catch ceiling
algorithms (fisheries 1-15).

Year 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15

1979

1980

1981

1982

1983

1984

1985 05 21 04 00 74 48 76 17 12 02 00 00 03 00 01
1986 11 36 07 00 127 79 111 22 29 05 00 00 05 01 03
1987 03 07 05 01 07 07 11 04 02 00 01 01 01 02 05
1988 08 10 06 01 77 59 58 14 15 02 01 00 02 01 04
1989 14 16 07 01 62 10536 21 37 01 02 01 03 01 04
1990 09 28 06 06 94 77 122 27 41 02 04 04 04 02 04
1991 06 01 07 10 136 123 76 07 11 11 09 08 07 03 10
1992 10 16 09 14 93 96 66 17 12 12 07 07 07 03 12
1993 10 02 10 12 125 136 39 20 13 09 07 07 05 04 10
1994 04 10 07 10 23 67 61 07 06 06 05 04 04 04 10
1995 01 11 05 09 04 25 37 02 01 03 02 02 07 04 10
199¢ 05 01 05 09 00 32 31 08 02 01 00 02 07 03 09
1997 05 01 03 07 00 31 34 07 07 0O 00O 01 05 03 07
1998 07 07 03 06 55 73 68 09 12 02 01 02 02 03 08
1999 05 04 04 07 52 62 73 07 07 00 02 02 06 05 10
2000 05 04 04 08 51 62 50 07 08 00 02 01 06 03 09
2001 05 04 04 07 51 69 45 07 06 00 02 01 04 04 09
2002 06 05 04 06 51 74 56 06 04 00 02 01 03 05 09
2003 06 05 04 06 50 73 75 05 04 00 02 02 05 04 10
2004 05 05 04 06 51 73 70 05 03 00 02 02 06 04 09
2005 06 05 04 06 51 75 55 05 04 00 02 02 04 04 09

Min 01 01 03 00 00O O7 11 02 01 00O 00 00 01 00 021
Avg 06 09 05 06 59 69 60 11 11 03 02 02 05 03 08
Max 14 36 10 14 136 136 122 27 41 12 09 08 07 05 12
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Table 7 Continued (fisheries 16-20).

Year 16 17 18 19 20 21 22 23 24 25 26 27 28 29 30

1979

1980

1981

1982

1983

1984

1985 02 01 12 06 00O 01 00 O6 00 00 01 27 32 00 05
1966 06 03 06 11 01 00 0O 09 02 01 04 04 00 00 0O
1987 08 05 03 01 00 01 01 0O 02 01 01 00O 02 00 O3
1988 07 04 14 09 00 01 01 O5 02 01 01 14 19 03 03
199 09 04 13 01 01 03 04 03 02 01 00 03 07 00 01
1990 25 05 02 01 03 11 11 03 02 01 03 03 23 00 09
1991 33 09 00O 02 06 26 18 03 02 02 01 01 04 18 01
1992 48 11 16 03 09 28 17 09 03 02 02 03 04 17 04
1993 47 11 05 01 08 22 18 03 03 02 01 02 22 13 02
1994 47 10 06 05 04 12 19 02 03 02 01 02 07 13 01
1995 37 09 05 03 03 06 18 01 02 01 01 02 05 16 0.2
199¢ 36 05 02 02 06 01 17 01 00 00 01 00 02 16 03
1997 35 04 00O 01 02 00 18 01 0O 0O 01 00 02 13 0.2
1998 36 06 07 05 01 02 20 04 00 0O 01 04 07 16 12
1999 41 07 06 04 01 04 20 03 01 01 0O 03 03 16 08
2000 41 06 05 03 02 04 20 03 01 01 00 02 03 17 06
2001 43 06 04 02 02 04 21 03 01 01 01 02 03 17 06
2002 43 07 05 03 01 04 22 03 01 01 01 03 03 19 06
2003 47 07 05 03 02 04 23 03 01 01 01 03 03 18 06
2004 50 07 04 03 01 04 23 03 01 01 00 03 02 19 06
2005 53 07 04 03 02 04 23 03 01 01 00 03 03 19 06

Min 02 01 00 01 00O 00 00 OO OO 00 0O 00O 00 0.0 00
Avg 33 06 06 03 03 07 15 03 01 01 01 04 07 12 04
Max 53 11 16 11 09 28 23 09 03 02 04 27 32 19 12

C.4 Maturation Process

Initially, we envisioned using the migration process to simulate maturation. At the November 6, 1997
meeting the model committee pointed out that this formulation would not work. Jim Norris posted the
following discussion on the web site on December 10, 1997.

First, | want to thank members of the Model Committee for pointing out our failure to properly code the

maturation process. Thiswas a significant oversight on our part. Fortunately, at this stage in development it
isfairly easily fixed. Below is a summary of our proposed changes.
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C.4.1 TheBiological Process

Our understanding is that for almost all salmon stocks, individuals within a cohort may or may not mature
and return in agiven year. At the individual fish level, the decision to return is determined by both genetic
factors and environmental factors. On the genetic side, each salmon species has afairly consistent
maturation process (e.g., chinook mature over several years; coho tend to mature all in same year). On the
environmental side, individual fitness (e.g., general body chemistry) during the spring or early summer may
determine which individual s actually decide to migrate home, and when.

C.4.2 Mathematical M odeling Problem

The above biological realitiesimply that at any given time and region a cohort may be divided into two
distinct components (immature and mature) that will have different migration patterns. The modeling
question is whether or not it is necessary to model each component of the cohort separately.

If we assume no fishing mortality, ignore mature and immature status, divide time and space into discrete
units, and track the movement of each individual fish, at any time step we could determine the fraction of
the fish that move from each cell to each other cell. From these data we could define transition matrices for
each time step that fully describe the movement of the entire cohort, regardless of maturation status. In this
perspective (no fishing), it does not seem necessary to track mature and immature fish separately.

However, the fishing process will ater the relative composition of immature/mature fish within atime/area
cell. Since these two components have different migration patterns, the migration pattern for the combined
cohort (immature and mature) can no longer be expressed by a single transition matrix.

C.43 New Main Engine

We will add a new maturation process to the main engine just before the migration process. Thus, the main
loop in the computation engine will ook something like this:

Year | nit(year);

Ti meSteplter tine(clock);
while (++tine) {
nat ural Mortal i tyManager.takeNatural Mortality(clock);
Fi sher yManager . t akeFi shi ngMortal i ty(cl ock);
spawni nghanager . spawnCohort s(cl ock) ;
NEW ==> mat ur at i onManager . mat ur at eCohort s(cl ock) ;
m grati onManager . m gr at eCohort s(cl ock);

}

for (i =0; i < Stocks.num(); ++i) {
Stocks[i].year_wapup();
}

It may seem odd to place the maturation process after the spawning process. We do this because for
modeling purposes the maturation process is most closely linked to the migration process rather than the
spawning process. | don't think the order matters much because the spawning process will only be activated
in certain time steps and/or regions. We are still evaluating this ordering and haven't made a firm decision
yet. Any comments?
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C.4.4 Cohort Objectsand Data Tracking

At the meeting we discussed two possible approaches to coding the maturation process. One was to treat
the immature and mature components as separate cohorts; the other was to keep separate abundance vectors
for immature and mature components within the same cohort.

We note that maturation is the only model process that transfers fish from one abundance vector
(immature) to another (mature) within the same time/area cell. We also note that the immature and mature
components share many characteristics (e.g., species, stock, brood year, age, mark status, tag status).
Despite these considerations that suggest keeping immature and mature vectors within the same cohort, we
decided to use the first alternative and treat immature and mature fish as separate cohorts. Our reasons are:

1. Fromabiological perspective, the immature and mature components are biologically separate
cohorts, in the sense that they have significantly different demographic characteristics, mainly
adifferent migration pattern. They also may have a different growth rate or size distribution.

2. From acoding perspective, tracking two components within the same cohort would be messy
(separate abundance vectors, separate transition matrices, maybe separate growth functions,
etc.) and would violate our basic concept of what a cohort is.

At config time, all the cohorts can still be created. Mature/lmmature will be a part of the CohortID. The
abundance vectors for mature cohorts will be initialized at zero, and will be filled in during the maturation
process at appropriate time steps.

This approach will reguire twice the number of cohorts as previously planned, and twice the data storage
requirements (assuming we need to track data for immature and mature cohorts separately).

C.45 Relationship to State Space M odel

An important consideration is how the maturation process will be estimated. As afirst step, I've added the
maturation process to the SSM. | have no idea whether or not the parameters in the new formulation can be
estimated, but the exercise helps clarify some of the modeling questions. I'm hoping that these ideas will
spark further ideas from those more familiar with the estimation procedures.

Recall that the SSM formulation (in matrix notation) is:

n(t) = M(t) S(t) n(t-1)
c(t) = H(t) n(t)
This formulation assumes that the cohort abundance being tracked is the mature cohort. Or stated another

way, this model assumes that the maturation process occurred prior to timet = 0. This may be areasonable
assumption for coho, but not for chinook.

Now consider tracking the mature and immature components separately. Let

n'(t) = immature abundance vector at timet;
n"(t) = mature abundance vector at timet;
M'(t) = transition matrix for immature fish;
M"(t) = transition matrix for mature fish;
m(t) = maturation matrix at timet,
where m(t) is a diagonal matrix with diagonal elements equal to the maturation rates by region for time step

t and all other elements = 0. In most cases | suspect that at any timet, the elements of m(t) will be assumed
identical, implying that the maturation process is the same over all regions.
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To simplify, assume that immature fish do not migrate during the modeling period, and thus M'(t) = | (the
identity matrix). If we further assume that mature and immature fish have the same survival and harvest
matrices (in practical terms this probably means assuming they have the same size, vulnerability to gear,
feeding behavior, etc), we can write the SSM as:

n'(t) = [1 - m(H)] () n'(t-1)
n"(t) = M"(t) [SE) n"(t) + m(t) S(t) ()]
c(t) = H() [n'(t) + n" ()]

In considering how to model the maturation process, | see three key parameters: (1) what isthe total
maturation rate for the given year--15% ? 75% ?; (2) when is the peak maturation date--the date on which
the most immature fish become mature fish--Julian day 1567, 275?; and (3) over what time range does the
maturation process continue--two weeks?, two months?.

If one assumes that the maturation process is independent of region (i.e., for any given timet, the diagonal
elements of m(t) areidentical) and fixes one or two of the parameters mentioned above (based on other
biological information), it seems that the maturation process could be modeled with only one or two
additional parametersto estimate.

C.5 Production Processes

C.5.1 Pre-Spawning Mortality And Production Functions
The following discussion is from the minutes of the October 6, 1998 meeting.

The PSC Chinook Model uses atruncated Ricker function for natural stocks. The Ricker A parameter and
an optimum escapement level are the input parameters. The Ricker B parameter is determined from the
Ricker A parameter using Hilborn's Approximation. If there is no additional mortality after all harvesting
(thisistruefor al but 3 stocks), the maximum escapement level at which to truncate the function is given
by RickerB/RickerA.

For three Columbia River stocks, the escapement from the fisheriesis adjusted by a pre-spawning survival
factor (called the IDL, or "inter-dam loss", factor). For these stocks, the maximum escapement level is
increased to account for pre-spawning mortality. Here's the code.

FUNCTI ON FRi cker (ESC, Stk% Yr%
A = Ri cker A( St k%
B = Optimum(Stk® / (.5 - .07 * A
FRi cker = ESC * EXP(A * (1 - ESC/ B))
. I f escapenent exceeds |evel produci ng maxi mum recruitnment,
. keep recruits at maxi num cf Ricker 1975, p. 347, eq. 10
MaxEsc! = B/ (A * IDLI(Stk% Yr%)
I F ESC > MaxEsc! THEN
FRicker = B * EXP(A - 1) / A
END | F
END Functi on

There was alot of discussion about this algorithm. The main point of contention was why the maximum
escapement value should be adjusted if the escapement value ("ESC") being passed into the function
already had been adjusted for pre-spawning escapement. My understanding (readers please correct me if
I'm wrong!) is the following.

The Ricker function parameters are estimated from observed spawners and observed recruitment to the

fisheries. Thus, the parameters do not incorporate any non-fishing mortality after fishing but before
spawning. Since the parameters do not incorporate pre-spawning survival, the computed maximum
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escapement doesn't incorporate it either. That is, the maximum escapement parameter assumes there is no
pre-spawning mortality. Thus, adjusting the maximum escapement level by pre-spawning mortality isto
correct the maximum escapement parameter value, not to correct the escapement passed into the function.

In the new model we treat the pre-spawning mortality as a form of non-fishing, or natural, mortality that
may occur during any timestep and in any region, depending on how the user configures the natural
mortality process. Thus, the new model may be configured to have pre-spawning mortality during several
timesteps and regions, depending on the model resolution. For example, separate "natural" mortalities could
be assessed as fish pass each dam.

To extend the concept of pre-spawning mortality to variable timesteps and regions, we need a parameter
that represents natural mortality of the escapement (all age classes) from the fisheries to the spawning
grounds. Currently, the stock/year specific IDL parameters serve this purpose. An analogous parameter for
the generalized case is the weighted average of the IDLs for each age class in the escapement, where the
weights are the relative contributions of each age class to the total escapement. The current algorithmisa
special case of the weighted average algorithm. Troy reported that he has already implemented this general
structure and it validates with the old code.

C.5.2 Variable Truncated Ricker Function

The following is from an email message from Jim Norris to the model committee dated March 18, 1999
describing the need to create a variable truncated Ricker production function. This discussion is closely
related to that presented above. No response from the model committee was received.

Hello All,

In the process of validating the new Coast Model (the preferred name for the model we have been working
on) Troy and | discovered a behavior in the Ricker function of the CTC model that we would like to have
clarified. The behavior only occurs for natural stocks that have variable IDLs. In the 1995 configuration we
have been using for validation, only the URB stock fallsinto this category. In the 1998 version, the LY F
stock also will bein this category.

In order to explain the problem, let's use the following definitions related to a Ricker function:
ESC = adult (ages 3, 4, 5) escapement arriving on the spawning grounds (i.e., after Inter-Dam
L osses have been removed);

OPT = optimum escapement level (i.e., number of spawners that produces the greatest difference
between the exact replacement line and recruitment line);

Smax = escapement level that produces the maximum number of recruits (i.e., the highest point on
the Ricker function and mathematically = RickerB/RickerA parameters);

MaxEsc = an intermediate variable used by the PSC chinook model function FRicker to adjust
Smax for inter-dam losses (= Smax/IDL). Note that since IDL isusually < 1, MaxEsc is

usually > Smax.
Here is the FRicker code from the CTC model:
SERRRRRERRR R AR R AR AR R AR R R AR R AR RN AR RRRRRERRREEEREEEEEES
FUNCTI ON FRi cker (ESC, Stk% Yr%
SARRRRRERR R AR RN AR AR R R AR R AR R AR ERRRRRRRERREEREEEIEEEE

° Purpose: Conputes the production, expressed in terns of °

° adult equivalents using a truncated formof a °
° Ri cker stock-recruitment function. Prior to °
° 1988, the nodel did not allow spawning escmts to°
° exceed escapenent goals. However, not all °
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° stocks have term nal fisheries capable of °

° controlling escapenents. Wile escapenents are °
° al lowed at any level, production is truncated at®
° the maxi num This fornulation thus prevents °
° production from decreasing at high | evels of °
° spawni ng escapenents. An optinistic view may °
° result, however, production response at high °
° escapenent levels is unknown for nearly all °
° st ocks. °
o o
° Arguments: Esc = Age 3+ spawni ng escapenent °
0 Stk% = Stock i ndex nunber 0
o o
° Inputs: IDL! () °
o Opt i mun() o
° Ri cker A() °
o o
° Called By: CatchTernFinal °
o o
° Qutput: Adul t equi val ent production °
o o
° Externals: None. °
o o
° Mbdul e CHSI MJL. DOC 0
o o
BRI i i i i rieireiriiiieiiiiiiiiyea

A = Ri cker A( St k%
B=Optinmun(Stk% / (.5 - .07 * A
FRi cker = ESC * EXP(A * (1 - ESC/ B))

R I f escapenment exceeds |evel producing maxi mum recruitment,
R keep recruits at maxi rum cf Ricker 1975, p. 347, eq. 10
MaxEsc! = B/ (A * IDLI(Stk% Yr%)
I F ESC > MaxEsc! THEN

FRicker = B* EXP(A- 1) / A
END | F

END FUNCTI ON

For all natural stocks, prior to passing ESC into FRicker, ESC is truncated to OPT if the SkipMSH variable
= 0. For the URB stock, SkipMSH = 1, so ESC is not truncated to OPT. Thus, ESC can be quite large when
passed into FRicker.

If ESC < MaxEsc, then ESC is used to compute recruits. Note that it is possible that Smax < ESC <
MaxEsc, in which case recruits are computed using the upper portion of the descending right limb of the
Ricker function.

However, if ESC > MaxEsc, then the number of recruits is computed using Smax. Thisis because the
variable B*EXP(A-1)/A is equivalent to computing the Ricker function using ESC = Smax = B/A.
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The net result is a production function that:

increases from zero to maximum recruitment as spawners increase from 0 to Smax;
then descends when spawners are between Smax and MaxEsc:
then jumps up to the maximum recruitment again whenever spawners > MaxEsc.

For IDL values > 0.8, it doesn't make too much difference. But when the IDL values get smaller, the gap
between Smax and MaxEsc gets bigger.

This seems like a strange function. Is this what was intended?

--Jm

C.5.3 Adult Equivalent FactorsIn Production Functions
The following discussion is from the minutes of the October 6, 1998 meeting.

The production functions in the PSC Chinook Model relate spawnersto ADULT recruitment. Adult
recruitment is converted back to "AgelFish" by afactor called "RectAtAgel". In essence, the RectAtAgel
factor defines the relationship between adult recruitment and AgelFish in the equilibrium condition with no
harvesting. Thus, the RectAtAgel factor is defined by the maturation and natural mortality schedules for
each stock. For the Coast Model, three situations need to be considered.

(2) If the maturation and natural mortality schedules do not change over time and space, each stock has a

unique RectAtAgel factor. About 2/3 of the stocks in the PSC Chinook Model fall in this category. Note

that the RectAtAgel factors could be computed before amodel run and passed in as input data along with
other production function parameters.

(2) If the schedules do change over time and space, then each stock will have a different RectAtAgel factor
for each year. About 1/3 of the stocks in the PSC Chinook model fall in this category. These stocks have
constant natural mortality schedules, but variable maturation schedules. At the start of each year, a new
RectAtAgel factor is computed for each stock. Aswith case (1), since al schedules are included with the
input data, the RectAtAgel factors could be computed before a model run and passed in asinput data along
with other production function parameters.

(3) Cases (1) and (2) can be generalized to variable timesteps and regions, provided the timestep and region
definitions and the maturation and natural mortality schedules for each stock are all defined during the
model configuration. We envision the Coast Model will have timesteps and regions defined during
configuration, but we would like to allow for the possibility that maturation and survival schedules may be
determined dynamically based on model predicted environmental conditions.

Jim and Troy proposed that for forward simulation runs RectAtAgel factors be considered as part of the
production parameters for each stock and should become part of input data. This should be the case even if
natural mortality and maturation schedules are determined dynamically. In other words, the model user
must have some previously estimated relationship between adult recruits and AgelFish for each stock and
year. If amodel dynamically computes natural mortality and maturation schedules, the model predicted
RectAtAgel factors could be stored and reported as output.
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C.6  Migration Process

C.6.1 Synthesizing Commonly Used Migration Algorithms

An important goal of this project was to synthesize commonly used migration algorithmsinto a common
mathematical framework. The following report was presented by Jim Norris at the June 19, 1998 meeting.
It concludes that the State Space Model migration matrix formulation can be used to represent all
commonly used migration algorithms.

c.6.11 Background

The two salmon management models currently used most extensively for fisheries that impact stocks listed
under the ESA are the Pacific Salmon Commission (PSC) Chinook Model and the Fishery Regulation
Analysis Model (FRAM). Neither of these models include specific migration algorithms to simulate the
movement of fish through a gauntlet fishery. Three new models have been proposed to simulate salmon
migration more accurately: a State Space Model (Newman, 1995), the PSC Selective Fishery Model (PSC
1995), and the Proportional Migration (PM) Model (Moore et al., 1996). The purpose of thisreport isto
describe the migration algorithms used in these five salmon management models.

The State Space Model isthe most general of the five models and has been proposed for use in a new
salmon life cycle model. Thus, this report describes the existing algorithms in terms common with the State
Space Model.

C.6.1.2 Notation

The notation used in this report follows that commonly used by the State Space Model. | describe the
migration algorithms with reference to a single cohort of fish. A cohort may be asingle age classfrom a
single stock, or it may be a marked/tagged sub-component of that age class. No stock or age subscripts are
used to make the notation easier to read. All of the models use discrete time steps and the notation is
defined with respect to time interval [t-1, t). Table 8 lists the notation and Figure 1 illustrates the notation

graphically.

Table8 Common notation used in thisreport (also see Figure 1).

Variable Definition

Index Variables

t Time index.

r Geographic region index. For models in which there is a one-to-one
correspondence between geographic region and fishery, r also indexes
fishery.

R The total number of geographic regions in the model.

State Variables

n, . Abundance of fishinregionr at the start of time interval [t, t+1).

C Observed catch in region r during the time interval [t,t+1).

ns ., , Abundance of fishinregion r that do not suffer natural mortality and/or

fishing mortality during the time interval [t-1,t). Equal to the abundance of
fishinregionr at the end of thetimeinterval [t-1,t) just prior to
instantaneous migration.
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Variable Definition

Natural Mortality and Survival Parameters

M., I nstantaneous natural mortality rate in region r during the time interval [t-
' 11).
u, Fraction of the cohort in region r killed by natural mortality during the
’ timeinterval [t-1,t).
S, Total surviva ratein region r during the time interval [t-1,t).

Fishing Mortality Parameters

E .. Amount of fishing effort in region r during the time interval [t-1,t).
h Regional harvest rate defined as the fraction of the cohort located in region
rt-1 . . . . .
r harvested as legal catch inregion r during the time interval [t-1,t).
F.. Instantaneous total fishing mortality rate in region r during the time
' interval [t-1,t).
nm Fraction of the available cohort in regionr killed by all types of fishing

mortality (including incidental mortalities) during the timeinterval [t-1,t).

Migration Parameters
D

A set of donor regions that contribute fish to region r at the end of time
period t-1 (e.g., used in the PM Model).

m . For agiven cohort and time, the fraction of the abundance in region j
K moving to regioni.

rt

Note that the total fishing mortality rate includes both legal and incidental mortalities. Thus, the legal
harvest rate is not necessarily equal to the total fishing mortality rate (i.e., hr 1 T'm )- Also note the

following relationships:

u, =1- e
m‘t :1_ e' Fria
(M, +F
Sr,t =) ( ret r,t-l)
nsr,t—l = nr,t—lsr,t

Thevariable NS, ;_; can be thought of as the number of fishinregionr at the end of time interval [t-1, t)

just before they are redistributed among the geographic regions for the start of the next time interval [t,
t+1).

C.6.13 State Space M odel

In matrix notation, the deterministic State Space Model consists of two eguations:
nt = M tSt nt- 1
Ct = H t nt

The abundance vectors N, and N,_, are composed of R elements (one abundance for each region). Each
migration matrix M isan Rx R square matrix of M ; elements, and the elements in each column must
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sum to one. Each survival matrix S, and each harvest matrix H, isadiagonal matrix with R elements
(g, Sy hr’t). In expanded form equations (1) and (2) look like this:

e-u—e: oue ) u
8qR,tH gT'R,l mR,R@ SR,t @R,t-la
e u—e e - u
8:R,t H 8 hR,R tﬁqR,t- 1H

Note that we can define anew vector NS, ; = S;N,_, that represents the fish that do not suffer natural or

fishing mortality during the interval [t-1,t). Thus, the migration matrix can be thought of as being applied to
the surviving cohort at the end of the time interval, and each element of the new abundance vector can be
written

R
[o]
n,=am;ns,,
=1

In Ken Newman’s application of the State space Model, he sets Mr’t =0 foradlrandt. Thus, in his
application we have

. Fr,t—l

S =¢€
u.,=0

rt
—_ 1 . Fr,l—l —_— 1
m,t-l_ - e - 'Sr,t-
Cc.6.14 PSC Chinook M odel

The PSC Chinook Model defines no specific geographic regions, and therefore has no specific fish
migration algorithm. However, by separating the 25 model fisheriesinto preterminal and terminal
categories, the model assumes a de facto concept of fish migration from the preterminal areato the terminal
area. The preterminal fisheries are generally offshore ocean fisheries (e.g., ocean troll fisheries), while
terminal fisheries are generally nearshore and river fisheries (e.g., ocean net and sport fisheries).

Once the preterminal fishery harvests and incidental mortalities have been taken, the model separates each
cohort into an ocean run (that stays in the ocean and is available for harvest the following year) and a
terminal run (that is available for harvest by terminal fisheries). Thus, what are termed maturation ratesin
the PSC Chinook Model can be thought of as migration rates from the ocean (preterminal area) to the
nearshore and river areas (collectively called the terminal area).

Some ocean net fisheries are considered to be terminal fisheries for older age classes, even though these
fisheries are not physically located near the natal stream. Theideaisthat at some point during the year the
older (mature) members of each cohort decide to start migrating down the coast. It is assumed that the older
fish captured by the nearshore net fisheries are part of the mature migrating portion of the stock.
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Using the mathematical notation of the PSC Chinook Model, the maturation rates are applied to each cohort
asfollows:

TermRun = (OcnRun - PreTermMort) > MatRt

where
TermRun = the abundance of fishin the terminal area at the start of the terminal time period;
OcnRun = the abundance of fish in the preterminal area during the preterminal time period

after natural mortalities have been removed,;
PreTermMort = total fishing mortalities (i.e., legal catches plusincidental mortalities) in the
preterminal area during the preterminal time period.

Theterm* OcnRun - PreTermMort” is the abundance of fish not suffering natural mortality and surviving
the fishing process during the preterminal time period. In the notation of the State Space Model, thisterm

is equivalent to the first element of the NS,_, vector. The second element of the NS,_; vector is zero
because it is assumed that no fish are located in the terminal area during the preterminal time period.

The term “TermRun” is equivalent to the second element of the N, vector (i.e., abundance in region 2 at

the start of time period 2). The first element of the N, vector is the number of fish from the cohort that
remain in the preterminal (or ocean) area.

In matrix notation the annual migration pattern for each cohort is expressed as follows (where 1 =
preterminal area and time step; 2 = terminal area and time step):

énl,z u em, m,u énsl,l u érnl,lnsl,l +M NS, U

A

§,.0" &, m, 06, 07 Gnns, +my,ns, !

YN

where
N, , = preterminal area (i.e., ocean) abundance at the start of the terminal time step
N, , =terminal area abundance at the start of the terminal time step
m, =1-MatRt
m,, =0(i.e,, no fish move from the terminal areato the preterminal area)
m, ; = MatRt
m, , =0 (i.e, there are no fish in the terminal areato keep in the terminal area)
NS, , = pretermina area (i.e., ocean) abundance at the end of the preterminal time step

ns,, =0(i.e, nofishintheterminal areaat the end of the preterminal time step)

These eguations are now in the same form as Equation (3) for the State Space Model. In terms of the
meaturation rate we have

n, =(1- MatRt)>ns,
n,, = MatRt>ns, .
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C.6.15 PSC Selective Fisheries M odel

This model can have any number of marine geographic areas, but in itsinitial application contains just five:

West Coast Vancouver Island (OCNN);
Washington/Oregon Ocean (OCNS);

Strait of Georgia (GEOS);

Strait of Juan de Fuca and San Juan Idlands (SIDF);
South Puget Sound (SSND).

Some stocks also have terminal areas (e.g., CRTM = Columbia River terminal area) and all stocks have a
generic escapement, or spawning, area (ESCP).

This model was designed primarily as a coho model in which all members of a cohort (or brood) mature
and return to the natal stream in the same year. The model is generally used to examine the potential effects
of selective fishery management on alimited number of stocks during a single year. Thus, this model is not
designed to simulate the effects of coastwide management regulations on all stock and fisheries.

This model can be run in either deterministic or stochastic mode. The model flow is as follows:

1. Computeinitial abundance of each stock;
2. Distributeinitial abundance to the five fishing areas;
3. Timeloop with:
a.  Natural mortality;
b. Fishing mortality;
c. Redistribute the fish (including escapement).
Several simplifying assumptions were made to estimate the proportion of each stock in each area migrating
in each time step:
1. No migration occurred between geographic regions during statistical weeks 1 through 32;
2. All migration was directed toward the river of origin;
3. Hatchery and wild fish had the same migration timing and pathway;
4

33% of InStk1 in the OCNN region migrated around the north end of Vancouver Island to the
GEOS region; and

5. Catch per unit effort in afishery provided an unbiased measure of stock abundance.

Mathematically, the migration component of this model is virtually identical in structure to the State Space

Model. During each time step, natural and fishing mortalities (including incidental mortalities) are removed
from the cohort first. The remaining fish in a given area are then redistributed among the areas by assigning
“dispersion” ratesto each area. In the notation of the PSC Selective Fishery Model, the new abundances are
computed by the following equation:

pd
1
Qos.

sat saa t

QD
1l
iy

where

sat = the abundance of stock sin areaa at timet;

sabit = the number of fish from stock sthat move from areaato areab at timet.
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In stochastic mode, the elements of the migration matrix are selected randomly from a multinomial
distribution with parameters:

Osant = probability that a fish from stock s moves from areaato areab at timet

These probabilities are estimated from catch and effort data using a “solver” routine in Microsoft Excel.
Table 9 lists the dispersion parameters. In deterministic mode, the probabilities are replaced by the fractions

moving from one region to another. Thus, in the PSC Selective Fishery Model the g ,,, are equivalent to

the m i elements of the migration matrix of the state space model.
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Table9 Dispersion parameter s by week for the PSC Selective Fishery M odel.

Stock Donor  Receiver 32 33 34 35 36 37 38 39 40 41 42
WCVI OCNN ESCP 0.00 0.01 0.03 0.06 0.07 0.17 0.14 0.38 0.26 040 047
WcCVI SJDF OCNN 0.17 0.19 0.6 0.17 013 0.13 0.10 0.12 0.16 0.24 0.35
LFGS OCNN SJDF 0.00 0.00 0.01 0.09 0.15 0.23 0.15 0.39 059 0.86 0.89
LFGS OCNS SJDF 0.00 0.12 0.12 0.28 0.30 056 0.40 0.26 0.00 0.00 0.00
LFGS SJDF GEOS 0.00 0.00 0.00 0.00 0.00 0.00 0.15 0.22 031 024 031
LFGS GEOS ESCP 0.00 0.00 0.00 0.05 0.05 0.11 0.112 0.16 0.16 0.29 0.29
NPSD OCNN  SJDF 0.01 0.00 0.02 0.13 0.22 033 0.22 047 034 0.36 0.03
NPSD OCNS SJDF 0.00 0.07 0.07 023 0.30 062 052 043 0.11 0.38 0.67
NPSD GEOS SJDF 0.00 0.00 0.00 0.00 0.00 0.01 0.05 0.05 0.06 0.07 0.18
NPSD SJDF NSND 0.00 0.01 0.01 0.02 0.01 005 0.09 020 0.28 035 0.34
NPSD NSND ESCP 0.00 0.00 0.00 0.00 0.00 0.00 0.33 0.67 1.00 1.00 1.00
SPSD OCNN SJDF 0.00 0.00 0.00 0.12 0.20 0.31 0.19 0.44 0.67 098 0.98
SPSD OCNS SJDF 0.00 0.07 0.07 023 0.30 063 071 0.79 0.79 0.89 1.00
SPSD GEOS SJDF 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.01 0.03 0.07 0.15
SPSD SJDF SSND 0.00 0.00 0.00 0.02 0.03 0.03 0.10 0.122 0.21 0.16 0.29
SPSD SSND ESCP 0.00 0.00 0.00 0.00 0.00 0.33 0.33 0.67 054 0.87 0.87
NWAC OCNN OCNS 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.24 040 040 0.50
NWAC OCNS WCTM 0.00 0.00 0.00 0.09 0.22 043 068 0.88 1.00 1.00 1.00
NWAC SJDF OCNS 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.06 0.14 0.27
NWAC WCTM ESCP 0.01 0.00 0.34 0.33 0.33 0.00 0.00 0.00 0.00 0.14 0.14
CRIV OCNS CRTM 0.00 0.06 0.10 0.21 042 0.38 0.60 0.65 099 099 1.00
CRIV SJDF OCNS 0.00 0.00 0.00 0.00 0.00 0.00 0.12 0.12 0.22 0.11 0.31
CRIV CRTM  ESCP 0.10 0.10 0.19 0.7 0.17 0.07 0.00 0.00 0.29 0.40 0.40
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Table9 Concluded.

Stock Donor  Receiver 43 44 45 46 47 48 49 50 51 52
WCVI OCNN ESCP 0.81 1.00 1.00 1.00 1.00

WcCVI SJDF OCNN 0.60 0.82 099 0.99 1.00

LFGS OCNN SJDF 0.94 1.00

LFGS OCNS SJDF 0.00 0.00 0.00 0.00 0.00 0.05 0.12 046 0.74 1.00
LFGS SJDF GEOS 0.39 031 0.28 0.13 014 0.03 0.11 0.11 044 1.00
LFGS GEOS ESCP 045 045 100 100 100 100 1.00 1.00 1.00 1.00
NPSD OCNN  SJDF 0.03 0.35 0.67 1.00

NPSD OCNS SJDF 1.00

NPSD GEOS SJDF 0.27 0.23 0.12 0.00 0.00 0.00 0.00 0.00 0.00 1.00
NPSD SJDF NSND 031 025 0.21 0.17 011 0.09 0.06 0.09 0.12 1.00
NPSD NSND ESCP 1.00 100 1.00 0.73 0.73 0.73 0.76 0.76 0.49 1.00
SPSD OCNN SJDF 0.98 1.00

SPSD OCNS SJDF

SPSD GEOS SJDF 0.29 0.25 0.16 0.00 0.00 0.00 0.00 0.00 0.33 1.00
SPSD SJDF SSND 0.32 041 032 020 0.07 0.02 015 0.15 0.46 1.00
SPSD SSND  ESCP 100 0.76 050 030 0.20 0.3 0.00 0.22 0.56 1.00
NWAC OCNN OCNS 0.67 1.00

NWAC OCNS WCTM 0.67 0.67 0.67 067 0.33 0.33 0.67 100 1.00 1.00
NWAC SJDF OCNS 021 024 023 0.23 012 0.03 0.07 0.17 0.47 1.00
NWAC WCTM ESCP 0.17 0.13 0.5 0.18 0.08 0.19 0.27 057 0.78 1.00
CRIV OCNS CRTM 1.00 1.00 1.00 1.00

CRIV SJDF OCNS 0.44 0.76 0.90 1.00

CRIV CRTM  ESCP 0.11 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.10 1.00

The following example illustrates the relationship between the g, , . and the M ;. Table 10 lists the
dispersion rate (and “ Non-Dispersion Rate”) parameters for the South Puget Sound stock during week 40.
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Table10 Dispersion and non-dispersion (= 1 - dispersion) rate parametersfor the South Puget
Sound stock during week 40 used in the PSC Selective Fishery Model.

Donor Region Receiving Region Dispersion Rate  Non-Dispersion Rate
Ocean North Strait Juan de Fuca 0.67 0.33
Ocean South Strait Juan de Fuca 0.79 0.21
Georgia Strait Strait Juan de Fuca 0.03 0.97
Strait Juan de Fuca South Puget Sound 0.21 0.79
South Puget Sound Escapement 0.54 0.46

It is assumed that fish that do not disperse from a donor region remain in the donor region. There are six
areas counting the “Escapement” area (1 = OCNN; 2 = OCNS; 3 = SIDF; 4 = GEOS; 5= SSND; and 6 =
ESCP). The corresponding State Space Model migration matrix representing this movement patterniis:

@38 0 0 0 0 0y

§0 021 0 0 0 0y

y .80 0 097 0 o0 o0
©~ 67 079 003 079 0 O 4
€0 0 0 021 046 00U

S0 0 0 0 054 100§

(¢

Note that values along the diagonal represent the non-dispersion rates (i.e., the fraction of the cohort that
remains in the region).

C.6.1.6 Proportional Migration (PM) M odel

The PM model does not have specific geographic objects. However, fishery definitions act as de facto
geographic objects. For example, the sport fisheries are generally defined by statistical reporting area, such
as“Area7”, " Area8’, “Buoy 10", etc. There are 45 fisheries/geographic areas in this model.

There are three gear types used to define fisheries and each gear type partitions the geographic range
differently. For example, within the troll gear group thereis a Northwest VVancouver Island and a Southwest
Vancouver Idand and within the sport gear group thereis only one fishery for all of the West Coast of
Vancouver Idand. This methodology assumes that fish available for the WCV1 sport fishery are not the
same fish that are also available for the two WCVI troll fisheries. In other words, the model tacitly assumes
that there are three distinct geographic regions off WCVI. In terms of the notation used in this report, the
subscript r indexes both geographic regions and their associated fisheries.

There is no explicit movement of fish between fishing regions. However, the fisheries are assumed to have
a geographic and temporal ordering such that the fish available in a given fishery and time are received

only from designated donor fishing regions (designated by the set D, +)- Note that several receiving

regions may share some of the donor regions. For example, region 2 may receive fish from regions 1 and 2
and region 3 may receive fish from regions 2 and 3.

The model expresses changes in fishery mortalities relative to a base year. For a given base year and stock,
the model begins with input data for three parameters (obtained from run reconstructions): C, ,, hr’t and
E, - The harvest rates ( hr’t ) are assumed to be fishery and time specific, but not stock specific. That is,

the same hr + termisapplied to al stocks harvested in region (fishery) r at timet.
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The region and time specific abundances at the start of time interval [t-1,t) are computed by

where EV is astock and year specific “Environmental Variability” scalar. For the base year EV = 1. For
years other than the base year, these initial abundances are adjusted by the EV scalars to reflect the brood
year strength relative to the base year. These scalars have the same effect as EV scalars in the PSC chinook
model.

Note that the regional abundances are determined solely from the input data for that region and time step.
Thus, it is possible for the total abundance for a stock to be greater at timet than at timet-1. That is,

o ? 0
a nr,t »>=< a nr,t—1 '
r r
The survivors after the fishing process during the period [t-1,t) are computed by

nsr,t—l = nr,t—l - Cr,t

The model simulates the impacts of changes in region specific harvest rates as follows (primesin the
notation indicate variables under the new harvest management scenario). Let Er'  bethe new effort level

inregionr at timet. Let the associated new harvest rate be some function of the base period effort, base
period harvest rate, and the new effort level. That is,

hr',t = f (hr,t J Er,t J Er‘,t)

This function may be asimple linear scaling, such as

In the first time step the new harvest rate is applied to the original abundance (I, ;) to get the new catch:
Cr,l = hr ,1nr,0
New survivorsin the first time step are computed by
NS 1Mo~ G
Thus, during the first time step we have
Cr,l = hr ,lnr,O
Cr,l = hr ,lnr,O
and we can write

Cr 1 Cr 1

hr,l h|",1 .

Solving for the new catch we get

131



Thus, the new regional catchesin the first time step are just the old regional catches scaled up or down by
the ratio of the new and old harvest rates. Note that the scaling is based on the relative harvest rates, not the
effort levels. If anon-linear relationship is used to relate effort and harvest rate, doubling the effort may not
necessarily double the harvest rate and the catch.

In subsequent time steps, the new harvest rate is not applied to the original local abundance. Instead, the
original local abundanceis scaled up or down to reflect the total changes in fishing mortality in the donor
regions during the previous time step. The scaling factor is the ratio of the new survivorsto original
survivors (from the donor areas) during the previous time step, and the new abundance is computed as
follows:

o) .
ans,,
_ rl D
t nr,t X5
ans,,

D,

n

r,

where the new survivors at time t-1 are computed by

nsr,t—l = nr,t-l - Cr,t :

If we separate the original (base) variables from the adjusted variables we can write

' _ nl’,t [} '
nr,t -8 xa nSr,t-l
a nS’,t-l il D,

1D,

Note that this equation is quite similar to the equation for the elements of the new abundance vector in the
State Space Model formulation, namely:

R
[o]
n,=am;ns,,
j=1

Recall that m; isthe fraction of the fish located in donor region j moving into region r. If one assumes a

constant migration rate during the interval [t-1,t) from all donor regionsj into region r (call the constant
K, =M for al j), the migration rate terms can be moved outside the summation sign:

R
]

nr,t = Kr,ta nsj,t—l
i=1

For the PM model, we can set

nr t

ans,,

r1 D,

K. =

rt

In the PM model the term Kr’t must be thought of as a migration index, rather than a migration rate. It is
theratio of the fish located in region r at the start of time period t to the total potential donor fish for region

132



r at the end of time period t-1. Since the abundances for different time periods are computed independently,
thisratio can be greater than one and does not represent a movement of fish from one area to another.

Regardless of the biological interpretation of the K,  terms, theimportant point is that the mathematical

computations of the PM Model can be conducted using the matrix formulation of the State Space Model by
substituting the Kr’t termsin the appropriate position of the migration matrix. For timet, each Kr,t term

is placed in each column of the r " vow that corresponds to a donor region for regionr.

The State Space Model formulation of the PM model is best explained with an example. Consider a case of
three fisheries (regions) and two time steps. Assume that for the second time step the donor regions are as

follows:

Receiving Region Donor Regions
1 1
2 land 2
3 2and 3

Then from the input data we have:

LY
12 ~
NS,
N,
K;z = +
NS, +Ns,,
N2
Ksz = +
NS, +NS;,

In terms of the matrix computations we have

3 gKl,z o 0 L,'?nsn i
U:e|<22 Kz,z 0 l:énsuu
H 8 Ksz  Kgp t@ﬁ% 1U

where the nS'1 abundance vector represents the fish surviving the new harvest regime during the first time

step. In practice nS'1 vector would be computed by multiplying a new survival matrix (with the diagonal
elements representing the new survivals determined from the original and new effort levels) times the
original abundance vector.

The specific element formulas for the n'2 vector are:

s
12 1,2

s,
S st
22~ 122

s, +15,
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S0 F NSy,
ns,; +NS;,

To compare these values with values determined from a migration matrix we rearrange terms to get:

n3,2 = n3,2

) n12 . .
n12 = ’ ms.l.l = I<11 ms.l.l
2= s, = KNS,
) n , n } , ,
N, =———ns, +—— 15, =K,, Ans,, +ns,,
ns, +ns,, ns,, +1s,,
: N;, . n;, . . .
Nz, = + ns,, + + ns,; =K, >(nsz,1 + nss,l)
ns,, +ns,, ns,, +ns,,

The corresponding values assuming a given migration matrix are:

nZ'L,Z = rrh,l >q’]S‘Ll

Ny, =My XS, +My, M5,

Ngp = My, XS, | + 1My, NSy,
If the terms in the transition matrix represent the true movement of fish between areas, then it is clear that
the new regional abundances (due to a different fishing regime) predicted by the PM model are correct only

under very limited circumstances. To see the relationship between the true migration rates and the K terms
we set the new abundance values equal and solving for the K terms to get:

K1,1:n‘1.l.,:l.

“nsy+nsy) ot (ns,tns,)
s, s,

B P L . I

The PM model will give correct predictions only when the above relationships are true.

In conclusion, it is possible to cast the PM model in the general matrix framework as follows:
Use the regional abundances at the start of the first time step for the initial abundance vector;
Use the input catch and harvest rate data to compute the K | terms;

Use the input and adjusted effort data to create new survival matrices;

Placethe K, + termsin the appropriate location in the migration matrices;

Perform the matrix computations in chronological order.

It is clear from the above formulae that the PM model makes the tacit assumption that for a given cohort
and time step, fish migrate from all donor regions at the same rate. Thisis very different from the PSC
Selective Fishery Model that estimates separate migration rates for each donor area. Recall from the PSC
example for week 40 for the SPSD stock that fish migrate into the SIDF area from four other areas at very
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different rates: OCCN = 0.67; OCNS = 0.79; GEOS = 0.03; and SIDF = 0.79. The PM model would
require that fish would enter the SIDF area at the same rate from each of the four areas.

To clearly see the relationship between the estimated abundances used by the PM model and those
determined

Assume the matrix M represents the true movement of a cohort between areas and let h

We also note that if the set of donor regions for each area and time step ( D, 1) istheentire set of possible

regions, the PM model is virtually identical to a single pool model in which the original regional harvest
rates are defined with respect to the total abundance of the cohort at any given time (instead of local

abundance within aregion). That is, under asingle pool model the pooled harvest rate ( phr ) isdefined

The catch equation is:
_ [¢]
Cr,t - phr,t a nr,t—l :
r

The base regional catches are the same under both formulations of the harvest rate (PM and Single Pool),
SO We can write;

o
phr,t a r]r,t—l = hr,tnr,t—l
r

and

nr,t—l

h,=h,s—
PN ¢ Tt a N s

Thus, the base harvest rate in a single pool model is equal to the base local harvest rate in the PM model
scaled by the fraction of the total cohort abundance located in the region.

Recall that during the first time step of the PM model, the local abundances are not adjusted before
applying the adjusted harvest rates and the adjusted catches are just scaled by the ratio of the new to the old
harvest rate:

h.
h

Cr,1 = Cr,1

For the single pool model, the same is true. Here we have

o
Cr,l = phr,la nr,O
r

. . 0
Cr,l = phr,la nr,O
r
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Thus, we can write

Cr 1 Cr,
phr,l phr,l
and
_ ph, 1
Cr 1 Cr 1 phr .

Thus, at the first time step the regional catches are scaled up and down to reflect the changes in the harvest
rates. If the set of donor regions for each area and time step is the entire set of possible regions, then the
same will be true for all time steps.

c.6.1.7 Fishery Resour ce Allocation Model (FRAM)

Thismodel is similar to the PSC Chinook Maodel in that it has no specific geographic areas, but does
partition the fisheries into preterminal and terminal categories, and also includes separate extreme terminal
areas. This model uses monthly time steps. At each time step the maturation algorithm is called, but it is
unclear whether or not a maturation cal culation actually occurs at each time step. Need further clarification
on this.

The Terminal Area Management Modules (TAMMSs) used in FRAM do not have any migration
components. The harvest rates in the extreme terminal areas are al defined with respect to the abundance
of fish entering the extreme terminal area.

C.6.2 Beta Advection-Diffusion Model
c.6.21 Background

Theinitial migration sub-model used in Ken Newman's State Space Model (SSM) was loosely caled a
Beta Advection-Diffusion model. The SSM estimates a single parameter (Move_Alpha) that completely
describes the movement of fish over all time periods and locations. At the August 27, 1998 model
committee meeting many members asked for an intuitive description of how this single parameter
characterized fish migration. The purpose of this note isto define the Beta Advection-Diffusion model and
describe its behavior. Another description is given in Ken's latest draft of his paper.

c.6.2.2 The Model

Let |t be the current location of afish (at timet). Then the next location of that fish (at timet + 1) is

described by aBeta(a,b) probability distribution where b is assumed constant (= 3.0) and a is afunction of
Move_Alpha, current location ( |t ), and current time (t) as follows:

a = (Move_ Alpha):(Dist_ Scalar)(Time_Scalar)
where the distance scalar (Dist_Scalar) represents how close the fish isto the natal stream and is given by
It

Dist Scalar = —
15— D

(D = maximum possible distance from the natal stream) and the time scalar (Time_Scalar) represents how
close the current timeis to the last time period (T) and is given by
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Time Scalar —H
— T OT+1

The"1" inthe numerator prevents a zero value for Time_Scalar and the "1" in the denominator roughly
offsetsthe "1" in the numerator. The net effect is that as a fish moves closer to the natal stream ( |t gets

smaller) and as time increases, both scalars get smaller and the a parameter of the Beta distribution gets
smaller.

c.6.23 Model Properties

The expected value of a Beta distributed random variableisa /(@ + b) . Thus, astime increases and the a
parameter gets smaller, the expected new location moves toward the natal stream.

The expected step size for afish located at |t andtimetis

E(Step) =1, - ¢

Since b isfixed and a is a function of Move_Alpha, |t , and t, expected step size can be computed for all

possible combinations of location and time. Or more generally, one can compute expected step sizeasa
function of Dist_Scalar and Time_Scalar.

To get abetter "feel" for this migration model, | created an Excel Spreadsheet to compute atable of
expected step sizes for combinations of Dist_Scalar (0to 1 in 0.1 increments) and Time_Scalar (also0to 1
in 0.1 increments) given Move Alphaand b (Table 11). | plotted the resulting expected step size surface as
a 3D plot (Figure 1) and also plotted expected step size as a function of current location for five relative
time values (0.1, 0.3, 0.5, 0.7, and 0.9;Figure 2). The table values and plots update automatically whenever
Move_Alpha and b are changed.

The general migration pattern isthe following: at any given time, thereis an "Attracting Location" at which
the expected step sizeis zero. Fish located to the right of thislocation (i.e., Current Location > Attracting
Location) have a negative expected step size (i.e., they move toward the Attracting Location); fish located
to the left of thislocation (i.e., Current Location < Attracting Location) have a positive expected step size
(i.e., they also move toward the Attracting Location). As the season progresses (i.e., time gets bigger), the
Attracting Location moves in the direction of the natal stream (i.e., the origin).

With b fixed at 3.0, increasing values of Move_Alpha move the initial Attracting Location further from the
origin. | created atable (Table 12) and graph (Figure 3) to illustrate the relationship between Attracting
Location and time for values of Move Alpha ranging from 3.0 to 15.0. When Move_Alpha is about 5.0, the
Attracting Location is near the origin for al times. When Move_Alpha = 9.0, the Attracting Location starts
out at about 0.67 and when current time reaches about 0.67 the Attracting Location is the origin. When
Move_Alpha = 15.0, the Attracting L ocation starts out at about 0.80 and when current time reaches 0.80 the
Attracting Location is the origin.

c.6.24 Discussion

What follows is a summary of email correspondence between Jim Norris and Ken Newman.

Norris: Although the Beta Advection-Diffusion model has some appealing properties (e.g., Attracting

L ocation moves toward the origin as time increases), | find the property of an Attracting Location early in

the season somewhat disturbing because it implies a directed movement toward a specific location other
than the natal stream. And for coastal stocks, such asthe Humptulips, it implies that fish located north and
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south of the natal stream during the first part of the modeling period have directed movement toward
different locations (i.e., there are two Attracting Locations, one north and one south of the natal stream).

Newman: Ken offered another interpretation. Early in the season, fish near the natal area are "free" to keep
moving away from the natal area ...they're closing enough that they've got time to "dawdle,” while fish
further away need to get moving home.

Norris: I'm having difficulty linking this type of movement model with my intuition about how salmon
behave in the ocean. | think theinitial fish distribution is determined by a combination of genetic factors
and physical and biological oceanographic conditions. The genetic factors seem to put limits on the range
of latitudes the fish are willing to inhabit, while oceanographic conditions determine the degree of
patchiness, or aggregations, within those limits (e.g., due to prey, predators, temperature, salinity, olfactory
cues, etc). Thus, | think it is possible for theinitial distribution of a stock to have one or more
concentrations. In our modeling effort | think we need a flexible distribution to account for skewed initial
distributions.

Newman: Ken noted that another factor affecting initial fish distribution is size and time of release for
hatchery fish. This also affects maturation rates for chinook. With the Humptulips stocks apparently
"turning" south and north--a bimodal initial distribution could make some sense.

Norris: Given the initial distribution of the fish, | think the migration model should be founded, as much as
possible, on what is known about individual fish behavior. Unfortunately, not much is known! And since
we all have our own ideas about what that behavior is, | think we'll have to try several types of models to
see which onesfit real data the best, and also make the most sense biologically. Asyou mentioned in one of
your emails, the fact that the Beta Advection-Diffusion model predicts some unrealistically high migration
rates late in the season may not be a problem because those unrealistic rates are only predicted for fish
residing outside the realistic domain of the fish at that time. The same istrue for the "Increasing” migration
model | used to generate synthetic data--by the time the last time steps are reached, the daily rate is pretty
high, but all the fish are already in theriver.

Newman: Your key statement is "not much is known" -- which has kept me pointed towards doing largely
data driven selection of models. If someone comes up with an alternative "module” for initial distribution,
survival/harvest, and/or migration and it fits better for arelatively large set of stocks and cohorts than does
acurrent configuration, then that's as good an argument as any to pick the alternative.

Table1l  Expected Step Sizefor values of relative location and time (Move Alpha =8.735; ? =
3.0).

Rel Relative Elapsed Time

Loc 0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1.0
0.0 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
0.1 0.13 0.11 0.09 0.07 0.05 0.03 000 -002 -004 -0.07 -0.10
0.2 0.17 0.14 0.12 0.09 0.06 003 -001 -005 -010 -014 -0.20
0.3 0.17 0.14 011 0.08 0.04 000 -004 -009 -015 -022 -0.30
0.4 0.14 0.11 0.08 0.05 001 -003 -008 -014 -021 -030 -040
05 0.09 0.07 0.04 000 -003 -008 -013 -020 -027 -0.37 -050
0.6 0.04 001 -002 -005 -009 -013 -019 -026 -034 -045 -0.60
07 -003 -005 -008 -011 -015 -020 -025 -032 -041 -053 -0.70
08 -010 -012 -015 -018 -022 -026 -032 -039 -048 -061 -0.80
09 -018 -020 -022 -025 -029 -033 -039 -046 -056 -069 -0.90
10 -026 -028 -030 -033 -036 -041 -046 -053 -063 -0.77 -1.00
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Table12  "Attraction Location" by Relative Time and Move_Alpha.

Move_Alpha
Rel Time 3.00 5.00 7.00 9.00 11.00 13.00 15.00

0 0.00 0.40 0.57 0.67 0.73 0.77 0.80
01 -0.11 0.33 0.52 0.63 0.70 0.74 0.78
0.2 -0.25 0.25 0.46 0.58 0.66 0.71 0.75
0.3 -0.43 0.14 0.39 0.52 0.61 0.67 0.71
04 -0.67 0.00 0.29 0.44 0.55 0.62 0.67
0.5 -1.00 -0.20 0.14 0.33 0.45 0.54 0.60
0.6 -1.50 -0.50 -0.07 0.17 0.32 0.42 0.50
0.7 -2.33 -1.00 -0.43 -0.11 0.09 0.23 0.33
0.8 -4.00 -2.00 -1.14 -0.67 -0.36 -0.15 0.00

0.9 -9.00 -5.00 -3.29 -2.33 -1.73 -1.31 -1.00
0.80
0.70
0.60 |
—e—3.00
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Figure3 " Attraction Location" asafunction of relativetimefor several values of
Move_Alpha.
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